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Abstract

Massive data and artificial intelligence technology provide great convenience for communication research, which can
effectively solve the problem of communication effect measurement. Existing research in this field mainly focuses on the
research paradigm, scenario application and development path of computational communication, and lacks the sorting and
categorization of novel computational method in computational communication. This paper adopted the literature research
method, proposed a framework for categorizing computational method based on the 5W communication model, and
systematically compiled the new computational method in the communication process with the goal of improving the
communication effect, describing the ideas of the different computational method, the required data sets and the evaluation
methods. This paper analyzed the challenges faced by computational communication technology and looked forward to

possible future research directions.

2025020-1



140 | BIG DATA RESEARCH K#i#iE
Key words
computational communication, 5W communication model, computational communication technology,

computational method, social network

2025020-2

0 515

2Lk, W 2% b2 F K& e 1 3%
R AR R A ) 1o g 4 58 R 45 B A
I AT TS, SR, FEE 428 AR TR
MNTHE AW H 2R &, F5ES A
KEHFAT N R ERES R
X R RES T, BEFY . WERF
L R 2 B W L& OB 2 R —— 1 &
LR

Lazer S 71 FAL 2 B2 AL &
EE AL FRNE, BiREEZW
ARG MR IERXF ). Salganik™ ¥
RS 2EEYER 2 SHESRER
AlG, RGN T KBGO A A7
GE R BEFIFNALE . HLEEEVTE 2 H
K EAL SR AR E LR AR R .
T LR RE &2 ERUE B ISR T,
T EAE R IR RIS, (HB Tt E Ty
BTG R R, oA SR RIS
W U & T AL 1R, e e
P A o A A R kB =R A R
PageRank 53 Sk 2F £ty ) 10 P 4% #&  (E
B F, s8R TR EELE ., Van
M TIFEEREN A SYE: NE R
FIESLAT N . LIS B 5 3] B R4 22 IR
Bt MWNELER BN RHUE . R SR &
EWFFE . BT E S B85 T i AR5
TR+ E AP AR 5 T (1 2 ft B A% % 1L
B, HRETE TS, BRI RETEAG
T W EEAR R B E R 2 E T, Hik
FEMGERHIE, BUCETHEIT . KA @
ST R AT . WA BRI T 2008 4

T 2020 FF I HAELE AR R @S, IEE
FRE . EISHIIX M R SR AR A SCRR
LT B WA IE T+ 2 AR AT 9T
Ao B SRR R B AT T R R A R
RCREE Tl WD R Ry C NS = I
N R AT A, WIS ARAT A S
BRI AR, S MRS gy 4F
MHRIGICHATLRE, SHLEME, U5
WO B 2 4k e, It =&t
SRR 5 i U, B TR o R
FTEEN . REWHZ T . DI TTERR
o X BRARMO B T A% 4 25 AT SR ANME R
PR R RUCRAE ST ¥R B AR B BB
SCHLAH P s WA RS HEDC G, TR LT
WO . HBETHEFE T SAL R A PR .
— M EERE RSB Tas, H3E
=] %% B JN 32 K %% Winson Peng 4% 5% &
& B EE N R AR ER
2, MPEEEIZES, KEEN 28T
MR, 4 Th R 3R T AL R S AU
e 5RHT .

AEX T I R T SRS A R AN 45 43 AT
FN AR LI B AR RE 5 A T HAIG 56T 1
WrBL, SCUEWTRE, (B G R TT BT
FHE, AT R B #A MR
SRR AR T R R, E KA R
RGN 27 - S TP B oA R i
KT T AR = 28 BRI
). AR EE R R . BRI S
AR T B N LA Re A E ) R 43
AR AR AL TR R B 2R 22 3R
AR Larswell R, FFM 54N
ST AR . “Who?” “Says What?”
“In  Which Channel? 7 “To Whom? ”
“With What Effect?” "%, JixX 28 [ il rfy



STUDY %R

141

PR 5 S EARBE ML TR IE R,
R RGBS . NAE . RE. ZAM
R (5B HRE R GEERMIL, &
AREEE, 2R EdRETLRE,
EHLGEME, R AR —ME R
BRENER . S FiR, BEEAYLA
S SRR . D LA A 28 Rk
AT IR B0 A8 52 M 7 19 5 A ] 55 R
Wi 13 e KA R AT A5 JE A 48 35 AT 5%
Tl A — RN R LIRS 4R
EEAG. MRBELARELHESE
TERERZMINAIER, BHATEERZ
BENANEREmAMLE, FN0SZR
XNAEKNBEEMK, E5EBMEHEE
FEAT 2 RBEEREAT 00 AR,
K Rt o L REE A A R .
RN WEART JRITIE, 2R3
Ak 2 AR A B B R — N RO ST
i, BE AR A, AN
Zep ik sz AW R B CIREE B N
w, HEBEAITNEYCEE PG,
WEATHEE RS A A T IXPIIHE A
AT LLE e F P e AR TR B N AR A
BEMAE. RERSEEHRIREPREE
HI—3R, RN AL R ERIE I A R AT E
B e AR . ARSI R 2
R, CIHAGHIUNEEEZARN, 25
THUVNMEEFHREE, RNt HRZTr
T PRI 2R AL [ 2 R

N T LR RHZSUR R A e, CA
FEF L T T LR R K T AL R AR 5%
TAEFFIE ik, (X Lhgaik 2 E R T
FALTENIBT IS, s AR Rk AL
IV G5 KA N A 2 B 25 o
BT, BT LA ETRE, A
A R RETH ST Bl AL R I R A
ZIN M TAERAT T REM AL, Wi
AR AR SRR R, MRS

T OW ML AL T FAL R RO R (W
B 1fR), et eEARKIHIETT 1A .

1 EXEHHHFIR

R ALIEEARMER, AR IAL
IR S NUERE, 73 B A 4E JEE e B
WHoc R, DARTHERACR b HAr A
BT I AR BUIR, AR RS TAE,
8o SCHR A T SR SR T 58 H A M =B TS
HHFRL

1.1 FREEE

KTEEHF I EN R B E A,
HRAEHTFE H AT LR B AL 1855 20 o an{e]
TR S B 2 $78 3 A0 T ] (o4 938 52 1 ) e K
o AT s JIXTA T5 TE AR ER A S AT 5
TArE,

5 ER 1S 2 — M mE RN It i,
FEALZZ Mg, A R AR R E B
s o A AR 215 B AL 1 T KBl R
EMESERHRE, FEd XN EREEE
o JFL AL 498 114 DY 2 190 2% P SE M A e R A A2
EHFBLAIFETT o REME L%
HFHRARMANMHT, XS
B T TRz MG I EE T EEAT
MEZE 25 53HT o

1.1.1 XBHSIRA

(1) LTI

BN A KA E G=0LE), A
VA5 SR E |40 0 — el AR B0 e 2
SUM AL ay TR R, B A, R
W, ay=0 o F v, B A, T
ay= 1T v, B9 v, ATHEL . 7T DR
O 60 4 4 R 2 RS 22 T4 P TSR

2025020-3



142

BIG DATA RESEARCH K

WL R AR R
5Bk 15 B 2 {5 22 P AT RSO R
S AR O e et R % HHESE
W SEAR BT WA | Smmtrm $ g% WA PN . .
P SRR RAHHIUR | g5 | 23 P2 o | IR R
STy B At o | TP FEL P 14 e A
15
SOLTENE R A AR AR £ O AR MR SO R bRk R
FH P bR AR
& BMEHE FA P2
B EEERALR
7E 20 A AR AT RL A R AR I T £ A0 be() - K 0
— N w N - n—1
PEFEBR, 0 A R A B
ST O ROV T BT RO, K=2.a (2)
RWAVRNAS . EROMEAR =T 3, KRR, 0 WG AT
MAPEMZ, Higm sk, BT AR EH
T (1 R 28 H A TR EEAE A AN TF 58 e o, — AR EA B R SR,
FBEE ST p v, A — A B O an =t (1) (HZ EAURTFFEAG ., R g A H
A (2) FiR. IR R MO — e AN %L
R I EEEARENRERAT %
W4 BIEMEE W
o S FEE FCV AN A B T B OO BCHE E RO R O D) | K R A R B
é—;é% PEPRIE e 2R Tallis 522 545 s RE(RISRHERAEY 25 e O A ] SRR 77 1
YN AEAML  CELE® CELF+29 Degree Discount® iz HE AR B IRIEP) o™ MTIM®
NEDW FEHR BRI SR SEHIAN A U 457 LA BB 0T (T 45 P43 2
POSEIERIL  SSEECY SCEEGE RN IR R AT RO | EE R B[ SimBEEP (45 45 M |
RV G o
W7
TERATEER RSO B0 R BT YRS ST Ty 052
i N THHERE | RS I 2T, 22 S M 2 R0 TR 470 M R R 440500 2 A8 43 11 2h 4
(BT o
i s
FIPER LT PR U 5000 BRI 0 Sy
WHRG RO AR P TR0 P P SRR O T AT i e
i THEPIE SR AT SRS
\ KR EETRURE LR
AR - o B i
WRUMT TR SIS ST

2025020-4



STUDY %R

143

HG i, AT RSB IR ) KN ET DL
T2 T A B B AR AR R
BT SR ERARERE, TN
SO TR . BRSO R T
BAWEG, HNSEENRIERER,
FESEBR M 28 e DL o 79 A0 w, 20 T
D=L (3) FrR.

d=—-S 4 (3)

n—1

Horfr, n& WS HUET L, d T Ry E
TRy, IR o

FEUT HOO RN Dy — AN R S AT T
AT SIS B AR, Y AU I A,
X R e T T B R 4 R A R
(745 B B SRl R R B A 4R
XA TR R AT B (B R 2 = 4
Bo BT UL EEARIEIR, REMFRENH
BEAT R

A A H T R AT AT
JER R T, T R O 4 R B
AR, R B BEAIR T iF S 22 ¥ . Chen
G AT S O R g, s
ST AR R B A — W SE R AN Z
A B A BOOR AN BE AL O PR R RS R
DB RE . JEREAR TR R E
Kitsak SF "2 H 5T AU EAF B K-
shell i, BEETEPLOENSE, #
BIANEEHE/NN T R, NEMT SMA
WO EE M, Nie 2944 3% Mapping
Entropy, M5 &Y fURE R s 40 JE 1)
BER Y RE BN . Yang SFPE B 45
PR A2, SR R T REE B e &
Bk BRAT SR KR Tsallis fJ7
W, AT R SRR K 52 D
M, FER T AR T S E R, BT
RIS 2% B . Ruan 462905 o 99 % 42 JEL A8
T —F BT AR BN ES N
R OGS R AR R o AR A

T 3 2 R AR AR I [R] F I 46 4 4 B
R, RS AR O R S [
A8 JE %= ) DCN (degree centrality and
neighbor) TG #EIR. R 2 NHKIEIR .
HHEXZSEHE L.

(2) Hum

— g, FFE ARG C A B
L8 ECE N LAl W 45 kA7 1 B B R
HEXM BT, BRI FLEE [
%H B L E R E M4 . Slavko fE
Facebook [ i) i A 18 W 2% . A HFIE e K
4% . WM LG . REERGIENS . ARE
H R Z (AR BE Y Yeast W 2% 1 K 4
2 45 G X ) 45 (1 5 A R AR R 1
(P28 BT ORI 4 R R (AT
LR M R ER. MgHRE
RE PR RAKE ., M&ERZ. KW
WA kT e RER BT R
BEY) FAMEE . 8T ERIEIR B T R
TR E N, WS GO S ik i A
W28 AT ST, TR DR AN [ ) 4% 1) 48 T 4REAIE
B H A A A Bl R 285 4R 35 AN
[ [ S5 A 2B A 430 3T, ER BaL I 48E
A9 (erdds—renyi random graph model)
W —HETUR AL R, AH AR YR
ME R R B & W . BA  (barabasi-
albert) 551 (it Bt RS 4G A 2 7 0 28 R ) K
T R SR s, AR
T R SRR 20T SR, M R
(small-world model) &—~H K& TS
MR R, H R B AU (A2 B AR
KEB TSR /NG Z . RI MM
AR

(3) T TT I

H BT IR BT R D HE TR AR
B o — 25T W45 10 & i
SRR, B E T N R L)
FERER k. FEEEEE T

2025020-5



144 | BIG DATA RESEARCH K#4iz
K2 FEHTIRAIAN
FEFRATR 2k BHE N
B D)= 24 K I R A
ot . 2 gl g M v E v, B@Fﬁﬁ?ﬁﬁ%@%%{ﬁ
I BC()= — = L=
ARROE O (n=D01=2) ;. 218 gL RMTT v B v, 1 g, SRR G AR R AT A v IR A R AR AL H
cc(i) = n—1
BT O V= Sd, d R R, B AT A R e
W(i)= =
B 7S w T A ST 2 A
:zN(w) N A B — AT L L
O wel(u) N (w) B 5V, — AR EF AT E A2 i
R =S o) I () 555 5 v, 14
uel(v)
Cnc (i z IC(i) . RN
. jert Cne (i) 77 fv, AR O Ao
Tsallis f#
TSM(i)= > Cnc(i TR v, AR RS
jer(i
) TR v, AR RS S
LR DSHC,= ((— + —)* ) ! !
i 2, s, NG 5 R £, AR
LNp Gl ME, =—DCf210gch DC, T i, AR JE AR FLOE
_[NonNG)|
T S REEANSS Yk ok e, 5 v, B
HEBE: . v ()1 v, P
DWT,= 2(?+%q
ient) i i
A BEFFUOMEEART TR A, AL RS
ALY ceil(log’) v AT S R Ay (AR R AT R
B — peNg- S (S 1 ) S(v,,v,)jjﬁm\/,ff v, I A 4R R
. ST = () w TSR
Trik
K &7 m i 4L
H VA QuaE=sR Sy oS J K1Y
BOREATR TR A R & TR AR TETT V8 W 45 1 8 PR e 59 VRS, 8
Jazz 198 2742 27.70 0618 4 R PR J5k T T T ) 91 T 19 4 2 2 K
Dolphins 62 159 5.12 0.259 B ) 2% 8 2 T iﬁ il ﬁ‘cfﬁ 4] 2% 3 T fﬁ {1
Infectious 410 2765 13.48 0.456
| N
Email 1133 5 451 9.62 0.220 %} ORI, RPREIR R ME, TR
NetScience 379 914 4.82 0.694 TR IR . FERS BT R AR R S R
Yeast 2375 11 693 9.84 0.306 — NS LRGP 28 R, R R
powergrid 4941 6 594 2.66 0.080 ] 2% [ (A o I 2% [ L T I 4%
B T A S I 45 T A BRI
At REE I T T H A
T X 2% 5 1) R AR A ok A T AHE R

2025020-6

45 R o

S= (4)

IS |t



STUDY %R

145

Hop, SHRMIBR— &7 sS4 B AT
REL, n A RS A

W0 28 200K DAY i 22 [ A A2 A R Al
W ZEm IRy, MER—ET RE, S
TR Z A A R A R IOk ENE, [
T2 i, sl (5) Fram.

1
¢:mzi.jeV¢v (5)

. . 1

ij
N R v, B v, R AR RE Y

@ BT W24 % 1 5l 1 - B Y 77 v

BT W 2% ) R sl ) A R U5 i R 2
B LY ST (susceptible infected) |
SIS (susceptible infected susceptible)
F1SIR (susceptible infected recovered)
I 5 AR A B AL T AT 3 Tl ] i
HPRAE: BIEE (susceptible, S) . Jdiy
& (infected, 1) . ¥ L (recovered,
R) o FESIEI A, DLEANYY (O SR,
DL p A9 SR S AR Y A, il A [H]
I AR e A £, AT DA 57 A%
R, R HAR % A L R 5B
fE SIS B, — A5 LR B 1 &1
FRASHAMT T IZTT R R I . SIR #8
TR0 D g8 3o T B — A R S A R Y LR
e HAL 1k s

112 HaEFmMhmzXt

T KR M 7 e KA TA] 78 AT 4 348 O 7E I
R BUR E R/ M T RS, %
A — I A A AL R BT 5 SE 2 077 A
E—NMEIHINE G= (VEW)H, VR
TR, EREARAE, wREFRK
XN AUELES, W (uv) T A u S
Moy IBER . X THEME G, 2k, ¥
i 73 e RAC RS B AR A 4R Sc v B

|S| =k, [F-F4S TR RN, G
T RURZEGEH o(s)o

TR W ) B KR B B
Domingos S 5] A 4 22 ¥ %% 45 55 Ji -
55. WIS EMIEA 2T T RO H
2, BJa kA, B EE AT
BB B IR & vk . XA H
EACUE ] T 2R e iy, Tk
AL A M2, E BB FE ARAE — & B S I
O A R, 248 0 S B AT N ]

(1) FEHL

1 Domingos S8 H S2 0 7 fe K AL 5
%25, Kempe SF7 i R A0 k4
RGN T B KA AL, SR A O R) R AR
AN TR & P AU TR 3 J& — 4~ NP~hard [A] i
b AT SR FH — b B0 B30 A 5 M 1 61 0k 3] e
MR 63% . (A TRIIERITHEAZ
i 7 719 e # BN AR T 7 AR T R I
THE, BRI, MEDAR T A R
% . Leskovec S H @k 5 M L4617
B R, > TU R T S CELF (cost
effective lazy forward) &y, o OHE
AEAERE AT 520 BN B AT I ) 42
700 %, Goyal %"f£ CELF Sk ALt
WA AR RN CELF++ 53, HAAR
LR HAACE:, (EB T I
/NI, Chen &P S22l o 200 FVE
Fe i —H Newgreedy 53, BT H I
CELF H 4558 T 15%~34%, FH3%&H EH
B EABRERN . TRMAMTES T —F
BRREERKE, BERERGIFER
B, T A R S5 WA 98 BB AN 2 50 o 7 I
fitt b, Ik git 7TETYAEN
Degree Discount 3%, X R WAL T
AOERETOAG, DASEBLTE = R0 AT K 5
e KA o Bk B AR BAR 2 2719 v 46
e R A MR EI IR B 57671 s,
T R v I RE AT AT AL, S 2 SR 9t

2025020-7



146

BIG DATA RESEARCH K

2025020-8

O R HORSE B B2 JRs AT I [ D> 24
o Chen SEP0R] J 7 f Y JR w0 A0 45 44 1T
AR 20, ik T Degree Discount 5
AR ST A T 1 S BRI, R HY
— P ET SR bR B R R A SRS, FE RS
STHMR 7 g BRBE ALY L R AR 4 1 s 17
I A AN AL 38 52 W Y5 1 o Jung SFP 2 T
— Tl B IR M ) HE P R RS W A T IRIE
(influence
estimation) F¥5, ZHEEE M TR
IC) A LA
A 4% BT R WAE R ) IC-N 8L, AH T
T HTER AR bR e R A R 5%, IRIE 5%k
d T EADNERE, JFEHELEE T
T KA 45 [, LIz A7 38 EE AT S HE
B3 d5e K W B A SRR B T A B g, i
Hb, IRIE S¥EE AT AR 2 AT 5P
Gk, =S RA AR, IR
FEWRETRZENESE, B —MZESER
¥ (core covering algorithm) , Ji i 3|
N5 I S d R 7 SRR — IR
B, M STk ES B S R, HEiEE
A7 I TRLRA 52 Wi 95 B 75 T S8 00 T oAt JE & =X
Bk, HYORSEN R R EEM SO R
WA EE G, TSR A U i gk ik
FFI RS, SR 00 Ak
BAUR . BRX—RIE 7B 7 B (R A
PR AR T BN B 2, (AR TS
Gt 1) B0 BV B LUK S i o S I
[, U3A SFRTT . N EE e Rk
&, T BT A A kB, T
REJE T8 0 s R 2%, 6 4h
Borgs &L T [z 6] 57 Wi SR AFE AR 9 5
BEAT O %, BEJ 456 200 BRI R
N RF 5. fEER F, Tang
FEH] N Y] RE K L AUEUR AL T SRR IR
H, FREBEERE . S, EREECIRH
MTIM

ranking and influence

Bt (independent cascade,

(mixed three—stage influence

maximization) Sk, ZREEREG T T A
G e R W . T LR L SO T B A
FWE, JT BB TR 1C 1% 175 15 B F0 2 1 1 6
(linear threshold, LT) f&ZREAAL | [F] B
BT o T I G A W45 3R 1 45 H F SR AR L
Ao MTIMBEHEANU GG T RN, &
PR T MO, JoHE T R 4%
BT IR o B AR I 4 4 22 ) 45 il
FNFHSEFIE,

T ARG W T R R AN [A]SE b k5%
B — P, X — RN
U ISR AU R B ARA S, DA
A B4 TR Eg M R, TR
TH o HE B 7O A B A% TR B SR A AR R R
XN 2T 1R 1 07 R SR T AN
PR FE IR T R ), RS RO &
R B UG I TR, TP R A n%
PR S5 VO E N R AR AR I B 45 Fr o

TE SRR A 500 ) fe KAL [RLEURY T8
e B0 BRI W 2 P S A Y
R G e B IR o B SR T[] b Al LR
— WY R 2 AL AW 4, SRR E S
F LR A E M4 2 AR . [,
WA TR ETERMHELZ WS 2 %G
RS RE T RAMGEm S, i, %
WAL S M S RN SIS E L
FE R AL I P IS 18 52 Wi g e KK [RD AR
DR IX — 403 Ok R 1Y B A 4 R IR N
Py

(2) Hl

N T RIE S e 25 SR s e, KR —
i 35 B 22 /1> 25 K A [] 1 L ST P 288 3 ) U
LR . AT SCHE 3 10 F 50 W 28 £ dm 41 ]
P75 jE N 7 e KA T BRI 5

(3) TFIT

TETT RS 7 5 R A AR A0 46 A
H: OF FGCmTEE R, RIFEHE R
FEHN, THRAEIT S8 EHN; Q&



STUDY %R

147

HWIBTINA T, BRSO Rk mislT
NI o ST 0638 5 5% ) 22 A [ LA 11 255 4
%, BT RABRZ AL BB AR %
FBMER T XA [ AT R AT
X AN [ 5325 9 52 i VB B A s AT I 1R o 2
RAh TR MIVE L), BT A,
W 5 1k e AT

1.1.3 Mg

AT BB T IR ORI R
SO T B AL TR 58 77 5 o XN
MAEREN . ABRAN. HL, AM%E
o N R 5 v O BT i R, A
FIIX 28 B 1 BT R AL i A B v A3
BRI, TR RSS2 Rl
ESIPALFENHIE - E Rt SR 5 A1
T3 B RAC TR E Y T AR %, 283515
[l i R ARk, 2 5 T RO YO L
AEIBATIS IR . HATRE, BFX 7 A2
T35 —[RIEU W 24 2544 £ FERIE 9 B e 7
R T R E B AR (A Aok E
REEL AR EES) oirEd.
XS LR T SR R A AT 5 IR Y
) AL (R S A S R AR AL S RO B
TG — N LARARBL

1.2 A%

WNREL IR TARA RN LS
M5 o BEAE WA BEA R P A g, AT
BEMG 28 FARIM A fE R, AL
BRI P RO R RITIERT, AL
W &SGR . B ChatGPT &5 A4l A
RIS A e, (BUHT [ thdok i 22 o Ky
e U RO B L R R AT B T A B
B E A 3 A T3 T 3 I8 X R B 1K e
AR o

1.21 #HEEHERM
(1) TR

PR F RS F R Z R
. WUE RS . 5IRMmERW, K
AT R A I (R A S . RS R
A2 AR B B TR AR U 5 B B (topic
detection and tracking, TDT) fRZEHH
E T N |
NED) #iR, —BRk AL H 55
AR R, AR AR T Y 5 56
L S T Z A A T T

T [ 9 B A R B R AT ELH
TDT R ZH I NED £ ARMERH#, A
BT R, PR gk A, NED
HARKEFR TR E AllanP 42 H A0 FE 2R
ARG RS R IR, &
ARSI B FH 5 A AR
FEACLRE , AR 91 41 6 (] () Bl 2 75 9 37
o MT R KIOAR, FEERL.
FEIRTE T VO RT E o, ) R
b 23 (][] S A TR R AR AL SCAS B 4 B
[ 4341, X8k HEAT Single-pass 2 K15
FIHMHIZ, R ESERERE . F
{0 R RN S S B AR LR
FRIETH RS R

(new event detection,

n df;
zjzlij
pr=— & (6)

W =TR,xDR,xF, (7)

B AV EPIRHE TE-1DF JEAE 4 i g
PR FERFAE, R AR, EE R
G 38 F P TR R AR, 42 HY BE TR G
VEFER P R FE AT et LR R R
R ETRE. RERFEMET R EMAI
& 4y A7 (latent Dirichlet allocation,
LDA) @B, i s B Es SR, 14
I SRR R AR B R RIE

2025020-9



148

BIG DATA RESEARCH K

2025020-10

JE R BEE T HERF AL B 1%
2, NESIHEIOR, BRI,
& 58 75 ¥ IF AN TE R AL s 7 10 SO 2
F T SR 1 3 SCRPAE & Bl I [R] 4 7% T A2
16, JT DUBT SO SR AN BB A2 7E B0
A2 TR R B B . A s SRR
15 R A T mﬁ% , I HE AR 4B I BEE
RO AR F R 22 Y U7 R R BB
(S Bai“““ﬁﬁ?-ﬁlﬂﬁé?ﬁﬁﬂm\
o) AL 2R U A AT, I R BE 3]
A — BEI (B P9 S BTSRRI Hoizdd
AR A 5 ] AT 6 A RAE A0 A, 35t

& BT B R (R SRR IR U7k
456 37 TF-IDF s it 77 I8 ile — 4~ I
H5, IFFE— A FEN A EE
RO, R —F 2 ESE SR RE
Sk, s E SR 2z A AR R kAT
oy, DASCHLFARER2E . 3Bk SO
Feoran=t (8), =X (9). X (10) Frw.
20 (8) DA RIE ZE,  FH S (] [ st P9 6 2
Rl 7 BT Y 4 ST A AR BT A SRy R
BMRE X (9) IMAREEZ, HN
() 1] BEd PR 4 S B3] H R ) 50 £ B3] 7
SCRG IR . =X (10) #F R T AER

BB T — 4. B I P MR R P 1 1
HO A R U BSOS, B RN AR
HRAE FEF) B Bisecting K—means B8 285 3%
B, R A 2 SR R K 81kow)="05 g 2 ﬁk” (8)
BB SR S A B i — A CXLN G-
FITEALAL, FIAR LRSI, NN
W, MR T HGAE A B A9 . Nikolaos 9,00 0 tog D ?ko )
091 7l T R MK 1 B 75 M B S -
N(k) N(k=j) I h_
Mk)z 20, (01, 00 K) S S bl k=) piy (k=) o)

S pL k) p, (k)

For, N TS B RIS & YRS 3R] w3 S
g, N IE WA A B & NI HESCE L, G,
T8 BF I (R] B & PN T AT S am] &S, C0 4 B
(] 5] B8 & 3R] w B A L&, (k) PR AE I
(] k NS5 m S HE SO 2258, r, (k) FRAE RS
(F) ke PNERS m S5 SC 36 80

Liu P R R AE LS, i
SRR E A SR A RO S R, R T
Association Link Network Cluster [ 28
HBIT B AL, Shen &1 H —Fh
R T MESRI 7 e 07 %, i ide Hife ik
TR, PR R T ER IR S
Z 5 MR A WA R R, XIS S
2 BMgE e 1 R e SR AR R RE N, 2 —E
W AEE TR AR A, Tong

z/ 12:( 1j)pm(k —))-ph(k=j)-i,,(w, k—j)

U R T A N BB AT, AR
S VT R A A — B I [R) P A A A R
LISy %Iﬂ@ﬂl*ﬁﬂ\%*ﬁﬂf@ﬁ%@ﬁi
N E R AT RE o Ma FEU' R
SImBEEP (%44 % ﬁ&“,@ﬁ%ﬁ$ﬁﬁ
VISR RS | BRI &K
I SO 198 4 BRI B AT I 2% TR A A XU
LT DU 7 A B 0 4 g . Nie S50
HE B, JFET M ARRIES
(web ontology language, OWL) J5 %)
T TR, W — B[R] P B 1 AL
HRFRER A F, S  REE
W2, IR T 0 E i S A
ERERE . Liv FEWRA RS I/RA LTy
2 Hf IR A B B LA A ALLIR UIR v AR i



STUDY %R

149

R, EESFRINEORAL,  Gd Ai a] AE ER
IS T T — 25 W] BB AR S ATAR 5 S =
i,

(2) #

BT 0T [ A 2R R A B ] R 2 T B
AN T 00 sl v A (] 0 ) T 1, i T
ek 2 BB A ) A R AL I R 2 TR BT TR
Wi E Twitter RS, JFEd AT
X R SRR R

(3) P TTE

BT AR EETR, AR
[ DY T 3 AT 43 D T 2 2 R A7
T7 BRI T 3 R PPN T 9

@ HT R LM A TN TT

A5 B B s R H i i —Eit
NMI (normalization mutual information)
B R E ST ESHIRECTHIREZ
MEAS R, FEK0 bR K AT GRS A
SEHMEEFTIH—1E . V-measure {# 5T
SN 3 A T SR I R R e B A F A R
PR, AT S I ) S5 R R0 S s A A A
M. sEeRBRMRERENMRELLGR
TR —RR BRI EE IR, e
2R e T | — 2B A BT A R a3 2
B[R —AZR I,

@ HT 3 K TN TT

SRV TR R MRS, HH TP E/RH
IERA 43 9 IEB S E, TN FRoRBIE
R4 R S EL, PP 7Rt AR sk 45
NIEGIRIANEL, FN RSB IR 430 4
BT

1.2.2 HERITERD

MM AE B IR A%, I AT
SR FINFFRGAR AT TS, T Bl
MNATTINAR S 2P W 55 v e i o o 91 R
TRAT BE T A 53 Dy HE 4R AL 2 BT 3%
ETRdE T % BT HREESI R

1T BEFUN J7 1

(1) FETRAEFREUTT 14T B Y
IRES

BEPEAT BE T Al ik Sy — A [l )3 5 4326
[, et N T s . s, i
FFA SRR R AT IO o H 2 X LUARAE
&R R BRE, AR
T M B8 SRR R R I 2 RE AR 1 T R
Szabo S5 IS B 58 Digg b 4T ] AU A
Youtube WIS ELG , &30 A 25 540 19 o
A EAN N 25 5 3 B B A7 P A7 A N L Ze ik ok
o Pinto SR AT B B K AIE N
SPAIE L 50 22 JT et [m] A AR R T B S 1
HRmATE ., mafF g 7 —MET
RO B AT BE W0 75 v, H e A
LDA = U Y 6 7R 45 T 9 2. j 1 1% 3 A
A, SRJE G s B B R = 1 KT
B, B KAERRDL [y 5838 2 AEIZ N [B] A=)
AT RTINS T8 S5 AT N TB) A T
X RENE B R R I EA T
PISRIE IR, AR W R THRAT FE TR

(2) FET AU AT AT B
W7

HEHFHATEEESNER,
T A O 1 PR S R R B I TR
TACHI AL, S ERFEREA, N
T . Shen SFWIHE HY T — b s yE A4 1 2
HJ RPP (reinforced poisson process) 1
B, (RPN T HER S K

&4 DEEFINTSE

b E T SR i
W Accuracy %
e Precision %
FEIE Recall %

F1{& F1 score I;:zz#m

2025020-11



150

BIG DATA RESEARCH K

2025020-12

WET1 A7 R R AN A AL
Gao FE"E RPP 1 R BL At b F I 7] % 80
BREL, R SRIAMA R . Mishara 51
T B WU s B, (A FR R R
R AT 20U R T A AR AT R . (H
P18 R RS OB Sk, fE LS
WU H A REICUEIX Lo koL o

(3) FETIRIE A>T HYRAT FETIN U5 3%

% I8 77 ¥ T I R JEE A 5 MY 3 A AT
BEAT RS ME AU o X FICRA R, B
F 1 R A 2R 2 N 25 R0 G IR &
) 28 Sl P S SO P B, X T SE R
SCAR T TR 22 00 265 TC HE 0 18 R SO S5 ) e
P, Liao ZEPON A B G & A HLHI X A
T AN [R] ] B BCER DL R A SCARAN [R] A 7
BUE AT 22 3], A %0\ SR Z5 4
SR o Zhang S8PV4R H —Fh T 5]
S BEEESME, FARL L SOR
AU A5 20 B SR AL 4 3] 5 3 47 8 T 4%
FE—MEME, XuFEPRE—fE G

LS. SCAC L PRI I R 25 4 A 0
FREFIAE SR, A S BAE 15 U 47 B 45

KA, FFGIANKRENA, FEHEE R By
T R A o C B R Y B

1.2.3 (R¥EFEED

(1) W8I

BT VR 00 R 300 2 T 3T ] ST AR PR A 2
SEMERHEREAT AT, BEAnAR RAF S A
f T R ) &5 . Castillo 285 EH 4 4E 43 M
fFRE R, FEEAERE S, FIA
J48 T SR B 43 2 e W PR A S
(0T TR 75 2240 27 K i I (R R R H A AL
Mo JE RIS E 1 AR B A i A H
FyEie . AP RSO L m i FHE R
Giachanou SEPY 42 Hi 7 5 T & 52 1 10 12
(long short—term memory, LSTM) ¥
%19 Emocred J7 %, B 455 SORN A

S5 HIWHE NS B . 9T R
HERIE B, RATE AR SUR N A A B
IO R G S Tin S5 A8 E]
R AT 55 Hh 2R e R R R AR AR, JF 42 HY
5 P AR AN 7 FP SETH AR HE TSI . e
LA T g o SR e R R S I
%, BE R R ELE R TR S
KR, SRR R 2R H B s kA
T ] L . QI SFO MR H —Fh 2 B h 2
W %%
network, MVNN), @ EEMEEIETR
MEM 45 (convolutional neural network,
CNN) FEIAHEEM %S (recurrent neural
network, RNN) #2 Bl & 5 22 SR E A
SRR AL, I AT = S WL AT 25
9T IR BT H B EORT [E], Wang SE0OR
HE 7 — Bl = R 50 & W 4% (event
adversarial neural network, EANN) ,
HoAD B — A IR TRDAS W00 &5 AR R AS I, 32
ARNEER R A E R, FIH CNN A2
BOCRHER R, EGFRAEM ImageNet Tl
21 VGG (visual geometry group) —19
TR FR AR B o JH o 728 0 55 4 A A2 1 AR AIE T
T B BT ] . Khattar P42 H1 T
Z R s A gl AR A,
LSTM+VGG-19 B AL, 456
B4 B B gn 1 g ok AT R AR 55 .
Tahmasebi 5"V 1o 40 4 19 58 19 77 =X 4
T8 R B A A Lk AR R A B F 1 2 4K BB
Dun &4 1 T BT R G R I 77 v
FIE T — NIRRT M HESE ,
SEAR R SR BT SCHIR A

(2) ol

FEABCHT A U &0UIs, A A8 vz (i
MEIRE, WS, —4 & MediaEval
U6 IE 2 W OR AR A 53 FP ) Twitter 0 38
£, HAHE SURBAE RN A7 19 B R R A
B B2 dh =L mm A

(multi—domain visual neural



STUDY %R

151

Tl Tl P R 2R 46 e E A BT 1R 2L Y L
/g

1.2.4 &g

AR IZ IR A R AT BT b
S ABET A, B 5 T A K 24T DA
I8 SCAREAE BEAT 4 VI, 2 % i
FERGANC P9 A0, R ST H 3043 28 1 A,
WA LI 58 TF-IDF (term frequency —
inverse document frequency) 5 ¥ #E 17 2L
B, FEEZYEE RN IOR, EE
ZRSTIR B E MR R RE, 05
T2 08 E G R ARRAE , X A
AN RIS A HEA T4 07 o JE AL 43 H7 o

1.3 B

52 e G R R T I B — T
FERXANIAC,  Hod 1E DU KR il s
A NATAE R T IEIA W AR 2o 28T, X
(R EPSNEURPRE RIS £ RNV EPSPuR- 8
N TENNTERS MR WE R, EERS
BT B B 5 ) B A 2L A5 ok ek
AR HEFERGBARRRG £ A
M Rz OB I H s P B &
BRSO BE RHAEC TR, BT
FUNEE AL, MRS TR, &5
FHF 38 e AN R o

1.3.1 RAPE&

P BaE — i R R AT
242 Cooper™ ™M HIHT, ABLIATNH A IHEA
e/ SRR, T KL IR 2 T HUA R A
& ZIRRIERNE W 5eE T X,
I P G — /S AT DA P 7K
fmiFABrH A EREREG . — 1 5EBM
P TG ASE LA AT O = R AR U

RS REENNGURPR 2 ERIVEIES

ik oA 46 EOOE R4 RS/
Twitter 4 7 898 6 026 514
P IESE 4749 4779 9528

BLIE P B BRI R | R
SRHORFIH PR SESR R

(1) FARS(E EEEA EEFAR

R ISR AR AL T B R (0 B AR T I
T P WL gy R R, AR B
PSR R SN iibri i N= B ol = 7 NI
W P AE R, IR 55 T 5 bR 250
S R T N DR S (T i §
SEEE 22 % Lainé—cruze B ST,
TR P AR A R D P
ARG BEAH G 4 R R0, H A P A
KA AR B R B e B . DO B
MY BRI REE . FH
FEE, BERMEXEEHAPVERR
A5 5K 2O A7 B AH O 48 2R b SR AT SR R
FwEEONHEL . B2 5%
FP RS BT R RS 4 A T7 A
BTSN E XA EG . BRiER
LUK G M B E N &, TR A B
PR T R, WA EAREE. H
FHAT R R AE S 1 R R T R R i 34
T R4y, IF RS BT AN [ A A G AR 1
PR B 3 AN T TH P REAE .

(2) HHEREHA

Bt R AR A PR HARTAZ
TR AR, & FOREH AN 43R R
TERUEE . SRS =07 A 2R App 2L
Wo MRETLLELTHCRE MCRREF
WECAHCEREF (/) , FREGEE
MIEHE . 2 T REEHAR AT 43 [R5
FAETTk, (B 7R RO & T K i e
RS IEATT

2025020-13



152

BIG DATA RESEARCH K

(3) P FREFEIEAR

EDRE X NS S B SR NN
MR v . AT 5 v . AT
TR T IR EE T R TT I,

© FT A TT

AR g T B A D B T R B IR A A
H, T AR ITIENE 2 7R . N
KELECEE T EAGFE . ATNER.
A RS B T R B A T
WG . AR 5T M AT IR
RES, NAEENE, AR
TR ReTeRE | R H P

@ ET N 9 5E SLT7H5

BT AU AT € SCT7 v T B Bl 1
AR SE A LS #EAT F 2 AR BUR SR
TR . LI EI R T F AT R
FER P 2L e FE A i AR, LT P
T TR AR P A 1 T IBAT N MR S L
TR P 4B . Tahar S0
#E TF-IDF J5 & 3+ 5 0 7 pr S A = S0
o T R BCERL AT T O SR AR I A A 2 AL
H, PR R T AL A A R B4R
FP BB T

@ HTEB T

BT E BT R AT R

HEEEM =
Pl | Lo || || 2] % |}l y“ l 3

oml [ RoE |[ww
was || || mz

@ W} | % | [ | [F7|

A1 |70 R

oo | pe— B
R (| Wi || < (| R B ]

2025020-14

2 BEFAFEIRTSE

NG UE BAAEURH 2R E, (R
HEREgEEmEE, REEY 2
LDA U 7, &5 R s b R H
EEE DUR O SCAR SR HEAT 4047, A3
FH P A [R] 25 R ) S AR AAE ) T A
TR P IS 15 . 3 0 AR S5 4R —
L-LDA A BB mF B, £ B G
TSI RR I RHIFAT I B 3R AT T, 15
FIRMIF G G FR A AL AR I (] s 1 43 A
B A R S AR A AL

@ BT HRIEMITE

BT R T R0 R B I TR
FRAE, BT T AP S, AT
PR IRAFAN FH P (RFAE o 5 = 2559 (1
K—-Medoids 227574, XI5 AR
BAPEGE TGRS, IEHSA
4AFERZERY . K-Medoids %358 i 46 %
22N R AN 5 22 X R AR
FX G Z AIRE 5 B SRR S i/

E: zj:lzpccj\'p_o.f'

Hrr, EREARES AN G4 5%
ZEZ M, prEife, M—NEENN S, oh
PRRIHD R, kR A AR R H

HI P 5 RT LR 3R BT 58 ST ) 4 A
5816 0l 55 A2 LA RB 9 B B kA i
BIEILERE, A AS TR I 24 R A 32 1Y Ry
AER B AT . VRt m e, AT
AR, FL b, XEIHEEAREHE
AR ARG 27 L Geyu =N Z R AR A 22
S, AR RGO R AT 1 A R T
WA — B BT R

(11)

1.3.2 WEERS

(1) EEH%

HETEGRSER TS . FEER.
AW % GLEIRSS T K S 2 A4
A RN AnETEEIRESDN



STUDY %R

153

BREAMR . SZ AR H BRI PR A HT H 91
XA, AR S 5T A

8 58 [ e 7 J7 B £ B AR R T
. ETAANMEE T EMR GG T
B, BIBTRR T AR R B R A, T
AP A Tk R B R T AR 2 R (s 4
FHT B 2 . rE . SR DTS 1 (7]
W AR SRS T AR [
SRR (RN WMECHEARAT ) ,
TR TR - R SRR S ESR, WE 2
FR , BB KB R 2 ST A P
FHIE, RSB HEEIRSS . Zhu FEPE
HE T P AT D AT DR AT R I B A A
WR P BT, %07 AR H - B 5 3
TR N 2 OB AR, TR s
FrE AN R RE, R AT A
[F) 37 e 28 2T (M R T S PR & o [
T IT BN 3] G AR 0 A 380 s e
FRAIE, i o — S0 JT P i e 25 B Bl I (1] B A
(MRl . Darvishy &P H T —HFHE & 46
RS, ZERES TETHP AT
MLEE | P = DL g F P O 22 S0 = 1 1
PRI 3AFHER) O [ g TT e 5 AT
PN A 3 i 44 SRR Y B T R AR T
By HBHHmRER A FRE, @i
AL T [ AR AL AN 2 B 3247 D kd 3 0 A
FREAT IR . IR B T AR L 3 A
HITS (hyperlink—induced topic search)
SOk, ARSI AR TR ST PR AL
B, RO R P 2R AT e . X
Tk a 7 P B S50 A RHE, £
BHREZ ANETE 7 — N4, B T e
HERIZ . Okura FHEH —F R T MY
Tk, AT TEBURRIE . AR B g 1
RO R AR, SRS R 0T b s
TERENFE], 1B RNN R4 5 P 2%
i, fJa R A R R T3 20K SO R B ERR
MR PRI R A EES . De 500

T I HrH RS
Gig u
| ] '
B 14
OO D)
Rk | mpdmes

T Rlikrig
AN &A ,

B2 #HE—BPERTFIER

& —FP T % 5 3] 19 Chameleon T2
MEE RS, BHECENAERMEBIM
TR RS, I A DR
[P R i E R RE k E , DAAFR O7 kAT S
€5 B85 1E Chameleon JCA A4 2k fili_E A ]
RS S HOR LIS 3] CERAE, HHFH
FH P2 18 T 4217 o X AR SO0
ORIl DR 7N EIPAS il -tk
SONR , O R e R A, HR e T
B P B AZ R I T o 5k A SER0 @
Tt PR 4R I 2 ER P R R T SR
RV R iSRS IV Y U vive E 1 s N s ST 6|
Transformer Xf H P75 B DG B A1, i ok
LSTME{GRU (gate recurrent unit) Jyi
NN BN E RS EE A, Chen F
& T — R EA IR S AT L RN
A AT B A T ¥ X R T N
TR P 2L  Hon A AL B B X — Rk,
FERI IR B o 2 W 2 R BUH 25 SR 1 . T4
M. RZER . AR R E AR AR
FRIERIR . MR GEIEIE 522 > 5 8
V] AT 55, S K R T R S8R AT T
R H AR FEC I R I 2R

H RT3 TR B 25 S 4 B AP U
TIEGWNIEE T, ——REIEETHEE

2025020-15



154

BIG DATA RESEARCH K

2025020-16

ZR VRFAEACRR N TR BURFAE,  DAFRE S s 1
Mz AGRE T, 02 R D VR B 25 > I F A
1122 X 24 P 25 R 5 AR L BB TR e A A P
HEZ WA EER, (2R mEEi
RIS IR, o A K T O R 2 A R T 1
(] 75

(2) Hom

TR R R U T A FF I E o S A A
LT [ TP Do 3l B3 2 A 2 o] 3l T B 3 2%
Lk,

NIFER A 3R 2 1 EIESE .
M Globe.com ¥ #2445 . Globe.com 42 B 7Y
MRS T], Z WA i 8 000 J7 & Mt
SR, BARAAEE 10 5 CE
@ SmartMedia Adressa 5 E M &K H
R IR T W ol 9 249 2 000 J7 1K R 3238
35 @MIND £ £ i fl 3T ] W) ol 5% £
9100 J3 I B3 [ H B

E B ) W 28 B AR SR W MR R . IR E .
T PR B BORF SO EE A H A
WA R34 Y P BBl RN R e SCE I
%R, W T AR e mE, ol DA
ST HR BT [T ST EE 1 W ik R EORT G, B
HANSTI~10T74%, H 2 000 A4 1
PG R o X T TCHA 77 ¥ 25 77 A= AL 4
BHIR ARG, RS veEE, N
N S IE R 2 o

(3) PHMITEE

FrEEE RGN TR E S N E L
AL 2 b pFAd

BVl AR SR T e 5 a0 T
o AR O S SRR BEATPEAS I PR A
RFE PR G Ik i R AL, Rk
PROF M4 A A S 2, AR
BEHEF IR S5 o BRTT LTS A FE IR LR 6.

2 bV AT I i A R B B 2 B ARt
TS IR ST JE PGl o B R e iR
& AT DO AR, ANEE &R A

WL, AR | AU YOROR A
i #a,

B A 8 SR 07 263 334034 R
KEEAR T FEROR | 16 Y 4 BT 0P
SRS T BRI (R
B HE B2 T SRR R, AR
I 7 25 5 SR T RE BRI

1.3.3 /&g

AT EEPHE T AL S BRI
A B A AN T [ R R 7 R B8 o BT B
PR R A A, AT EAAR AL
R, o0 AT 5 T AT 0 AR AN RO 1
FINRHE, 753 R LB w51 2 o #fE
7 R GO B AT AL 78 1 2 vh TR 1 M 4
FIM P ATRERCA BRI AR, EHIERE Y E
SERUFEM . EERGETEEMN N
ARG 75, (0 P AR BUR S B
MfEE, LIAR IR,

1.4 Ei#

REREMREREENFB, AT
WARARME RGP, T2 R
o E NS E R EA S B
MEMEENE | NZLH . RIP AR X 5 MR
- HATHEE Rt E AR
MZe G R BER, BT E R,
AP ER, ARSI A, B
[ N R A &, E M A 37 #fE
£, MRz hER NN BWBER &
BACNR T ZE 290, A U P ik o7
JTE MR AT 2 o M a2 [
BRI 6, BT R, K0
RIS T RO T A R R R
U gAML . N F R
MOFEHOCHAER ., B, £&. 2k,
il U S A 2 B AL AF A9 — A DA 1k



STUDY %R

155

®6 EERFIUSER

FEbRATR YELATR e AN
PV, . N TN, . TP
LIRS Precision D2 5 BB = A Ho ) ]
N i S e . TP
It Recall DI LSS R ) TP+FN
FLH F1 score RSB 2R AR Precision x Recall
Precision + Recall
TP,
JYESIT S /i/) z i
ﬁtﬁz)ﬂ;'[ Micro Averaged Precision A P R e
RS NTP, + DFP,
i=1 i=1
TP,
T2 2 i
éﬁiﬁ Micro Averaged Recall PEAEA P B2 e
3=
- ZTP, + ZFN,.
T35 . . Micro Averaged Precision x Micro Averaged Recall
T ANFH P
F1/E Micro Averaged F1 Score VA FLE Micro Averaged Precision + Micro Averaged Recall
RIS Z ..
- j_ﬂ: 3 Macro Averaged Precision FH PRSI TS ZPrecmoni
i =
TN N
~ Jbi/j Macro Averaged Recall JH FORSRfG R [ R Zrecalli
PEGIE S -

T Macro Averaged F1 Score SRR B (B Macro Averaged Precision x Macro Averaged Recall
F1/E verag JHP AL Macro Averaged Precision + Macro Averaged Recall
HlH _— N v 2 .

P Diversity (News) WG N R D T) o e Do a1 = ST ))
k
z( P, Frel, )
SAEEE . PHETER N PR mAP, = =
Mean Average Precision ) min ( k, Nu)
i1 SR A .
—— > mAP
‘ v | uezé” !

NEMR, BRIt A,
02 B N R R Uk 22 B, TR
R R TN ESRE, HRBUTHK,
R HARE B HAE G N AL

by b, AP EER N A 2 DAL
RS, AT PUE A5 B
MY HELS, B EE S EEN A,
BEEN—AFEIHE S~ Fa. |
THEETHEERTHANT N, 28T
ME M P AT ARG W25, B
PABR D S 3 5 2 - 2 1T oe . BRIz T4
[F F 465 22 1 2 0 AR B A 7 TR A LA

MR, PRk B WL 5 15 B A 5
B, HRTIRE M EZEM RS R0/
BRT MG, HAFE e a5,
WEFa P g Tk 6 B E
SR EYHCEURE B TR U RS R
R RF G R A A BR300 72 AR i
FIE B3 B AR AR AT I gE . BB — 4%
JEL B Gl e 7 FLAL 6 I A ol — BRAE T I
B, ER—MARME, TRO8HE, b
MR KF . WA NET RHAF 75 5,
A BIB T o A AN BET mORTHE BET RO
RET R, WAHETSNET TR, —

2025020-17



156

BIG DATA RESEARCH K

e, PUHOREL . B RE ATREE
EARFAR . PR EMY R ERE R
HUM AR R . T ONE S HUR AR
KGRI E Lo

TEZFEHRH A B A FZE URL BB T
IR R BOWAR (9 B AN R AR AT HEAT
XHE AT, RS e RO e i Oy vk
HLE A L — P B - 6 B2 57
RIR BB RS L GO, G
=5 FUHTRHT [ A5 SRS BUR FE AU I
H L HA AR B A

AR, BEUIIRS, AR AE
JEATHUR B 7 35 7T DL BB X A [R] SR B
EEBARRE Y HUGRR, KEREER
R 23 00 P SR AEE B SS

1.5 {EEMR

2 18 25 R 5E A9 A% D o2 18 Bl B9
NI A . B K AT S8 Rl e
BRI 2 i AR SCRT A, 3 O
1 B B 5 T O AT TS A B R LA, A
I H AT IR R 6 B4 M) I SUR B B vk
BRI AR 2 Y o 20 3o 49 2 1) 2 it P A
TR IR R

R7 ERYBPMEREIRRENX

bz 3%
N, IS ERENC iy
N, W R
N, R A
N I HHIIN=N+N,+N,
ko B g
. R N—]\]/Cfv—kfu(
2 A=
N-N,
", HERFER =,
d PR

§ROE

2025020-18

s AEFETN IR RS B
LA A i BT 5 AR AR . B ik
B, dRE. EAL . BRYETE AR A B GH
HREEMMESY BEE, fiukEm
i B WU A7 B 2 RAE FE BB Ak
Fe e BB 4 o sl OB AT O, HEh R A
i B WU AT B AE RIS 2 KRR JE
A 5 AT R, AR b B
FL T T S AL AR B S5 A AL, T AL 35 B A
B UE S R U AE o AR R B
SEUONPLEE AR A B MU LR O SR AL, A
JUREEL B SREE . K AN IR
BAAAHBICR, JFTICL KR 4 MR
WY R, JT IR AR R %
AR AR BRI s S AR L 1 1 R
FrRE, BT A A B R RIS f 52 T 5
XL AR i 32 AN A R A AL T AME T 47
N, BURTFTZ AN AWK ST . 12T
ZREHES . BAAARMHIIN AA AR
EE R AR AN <y R (EPRRE U NS PN RN
g . WA BiE. R4/ T7H LR
TEPRVE NP HIROCR W 7 %, 456
G HTEGR AR S R R e T 2 0T R 4
bR, G IS R A R M fE b, LB
BB R R I LEIR A IERL . S5 0h, Hi%
T RCR 7 R R B AR E AL
S A3 X B P B YAUAS JE T 17 K
AR AR08 16
32 PPV SO 2 AR ADLRE 0 8 1 22 TR K g
SRR RE R I e 2 4RV R
RRRAUR, $ETHE R A AN S T
I EUNGE =573 8

2 HHESFERS

2.1 RS TERAR B A RS

FEBA IR TAET, AR ARG M



STUDY %R

157

AT EEH — A T ST R A AR
B rptss S, miEEERE . RiEMm
RO T ST IR B0 5 N A4k e
H=R.

BRI A WS 45 B AR M 4%
BTN W e o R RRE TS R
BT MBI AT, BAREA 2 W %%
AR IS, AR N E &
Rk, 0 AT O A AN R SO AR AL
AT 0 28 55 P R I T AP S AN [ ) 4 T
MEEMERTT I, W R SRR AT
PN A ARFALE T AR 00 K1) o 400 7 e R
Pho AT S5 6 B 2RI N 24 30 1 27 7
TR A 00 26 S AT R AT 2 ] 2 57 52 i )
AEARTFEN G LIRSS 7 T8 o

RIETT H AT H R ESs, X A
MBI EHE SRR L, Toikx At
frrais, b ERE R ICGREL TS
FEA SRR AR, IR HAL %
Mfes 3, EEERtRE, ETHRERE
E KL R T RE S B AT TSN IR AR R )
—/NEET I, B A AN R ERE
Fiat, BhEZREHTERE. G044 c
RIS AL ZE W S R TT 520 1 e RALHIE 5,
(EX RIS ENEES e A Ve S Bl iR i

FRBRUR T ISR IR . Z 4L,
BN E LR T RE S AL R RUR o W LU
R TR B HT 4 4 BT (E BL
AL 32 ARANERIE 75 30 20 1 50 T S T2 18
ROR, AT LA TR e L, A
AL IERR R G B
WRMTCRIE R, ) Eotse 1T
HRAREH

22 XEBS5HHEERFHESHA
RHLiE

HET, KEoois ARk REF AL
BEARN M Tk A, EAmNAER

Zery, BURF AL SE WA SR AT
g8, WAL O 5807 ¥ BT IR 1R R R
T BEESE . FAOME®RNET, K
RERLEH iz, B AR
MRS B H A ol 2R 2 T — &R A T 3
55 ThU, HETRBIRAE B 2R TE 5 A8
RPN 2 B TT A A B, X
W ARSI T E 2 T RE .
T P AR ) SR SE A A 2 W 2 B
FEUERY I PR, 5800 ) T A 22 o 2% v S
AL RPN 2 B AR ik P B
FEREAT I, S ST N IR R T R A
Jol R B A, T R R P A R B 1
Ho LA, R ARETHE T & TEMK

A, SR TR A o R 1 R
MER, EERERE ., #3ua, HR

IS TSR, BENE
A HUBLA ChatGPT — £ i 2y 1 [ R,
ARV AT DUE I SRR TR T v,
EZJE JUE B — R E KA B R, BB
% Bl e o N T AR A 45

3 &g

THRERE R R EESAREE 20 4,
FERE G A HESI T, B AN TR gB 4
ARANE R A FIR B 24k, W B
fEANSI A AREI . PR B A A 5 s 5
HAAEENESME . EHEKRBRA R
Z g wtge i AR R X i, (B
e NZEM g e, IR
A tge . R AR e 12 T
BT ERR Y, T2 NI LB Ay
AT, BEdfECARHERIE, %8
RHEBRO SN, BAGHNAT R
TR YERE TR 3k, B T AN
710 R RN T R SR AR A5 R

2025020-19



158

BIG DATA RESEARCH K

2025020-20

HBIPHN T, R T — M R BRI
RO . AL ST RALTR R U SR ik i
REAFEAETRETRAEIE T AR
T, AR e BT . RN
R JRHAZIRER,, 45 & R AGE TR
B FR T R TTIE BRI R B R A
GURTHIRT B O A TS LA SR -, 72
N F AR R R T R T IR S T i,
SRR, S A AR T R LBORTE
FARAHIN T o

BE :

[1] LAZER D, PENTLAND A, ADAMIC L,

et al. Computational social sciencelJ].
Science, 2009, 323(5915): 721-723.

[2] SALGANIK M J. Bit by bit: social re-
search in the digital age[M]. Princeton:
Princeton University Press, 2019.

(31 Blate, WA, B, % EES R
WE LR T R . BHHE B A S
M, 2014, 5(2): 3-13.

ZHU J H, PENG T Q, LIANG H, et al.
Computational social science in commu -
nication research[J]. E-science Tech -

nology & Application, 2014, 5(2): 3-13.
4] FRE . R AR A ] 4

HEET], 2016(3): 59-64

WANG CJ.Origins, concepts and applica -

tions of computational communication|[J].

Editors Bimonthly, 2016(3): 59-64.

[5] VAN ATTEVELDT W, PENG T Q. When
communication meets computation: op -
portunities, challenges, and pitfalls in
computational communication sciencelJ].
Communication Methods and Measures,
2018, 12(2/3): 81-92.

(6] TGN, Z2e, IR, . RAL TR AR
FEIURS AT BUE [J]. A ERIE AT, 2022,
9(1): 19-40.

CHAO NP, WU X T, HUANG W S, et al.

[7

[10]

[11]

Research status and frontier issues of
computational communication researchlJ].
Global Journal of Media Studies, 2022, 9
(1): 19-40.

A . SO AT VRS R e R R EUIR
R ARk K S B (D). P42 BEPE T K
#, 2021

ZHANG J W. Reflections on the current
situation and future development trend
of computational communication from the
perspective of bibliometrics[D]. Xi’an:
Shaanxi Normal University, 2021.

R, AUNE . 2022 S RAETR AT TR ]
YA BERT S, 2021(1): 41-45.

WU Y, LI X J. 2022 Review of research in
computational communication[J]. Journal
of Education and Media studies, 2021(1):
41-45.

Afe, M, BRIESE, & ALK PR LUE
SR ERC R —2023 15
AR AT IS LRE ). HOE RIS, 2024(1):
44-49.

LI H, WUY, CHEN Y P, et al. Review -
issues, and

ing ontologies, expanding

innovating methods: towards “discipli -
narisation” — a review of computational
communication research in 2023[J].
Journal of Education and Media studies,

2024(1): 44-49.

K PEgR . T AL B R BRI B T &3 2
WE I HE= ). AR5, 2018(6):

21-25.

LIU Q Z. Computational communication:
a new paradigm of communication re -
search from the perspective of intelli -
gent medialJ]. Journal of Education and
Media Studies, 2018(6): 21-25.

BT . T R R IS A M R S SR RE
W ——HF 12991 [ 40 STRR X B2
AT L) L5 i 5E, 2023, 30(3): 40—
59, 126-127.

ZHAO T F. Knowledge map and empiri -

cal framework of computational commu -



STUDY %R

159

=
oo

[13]

(14]

(17]

(18]

[19]

nication research — a comparative
analysis based on 12991 Chinese and
Journalism

30(3): 40—

foreign core Literatures[J].
and Communication, 2023,
59, 126-127.

g, BTN . SR EE ] TR
KA ] T R A 2 B, 2024(3):
109-122.

HAN S Q, CHAO N P. The complexity
turn: the generative logic of computa -
tional communication science[J]. Nanjing
Journal of Social 2024(3):
109-122.

LASWELL H D. The structure and func -

Sciences,

tion of communication in society[J]. The
communication of ideas, 1948.
BONACICH P. Factoring and weighting
approaches to status scores and clique
identification[J]. The Journal of Math -
ematical Sociology, 1972, 2(1): 113-120.
FREEMAN L C. A set of measures of
centrality based on betweenness[J]. So -
ciometry, 1977, 40(1): 35.

BAVELAS A. Communication patterns in
task—oriented groups[J]. The Journal of
Society of America,
1950, 22(6): 725-730.

TR, RAH, FRAM. —F TR AR AR AE
B 44T B M R TT A (], RO TR
FR, 2010(5): 822-826.

WANG J W, RONG L L, GUO T Z. A new

the Acoustical

measure method of network node impor -
tance based on local characteristics[J].
Journal of Dalian University of Technol -
ogy, 2010(5): 822-826.

CHEN D B, LYV LY, SHANG M S, et al.
Identifying influential nodes in complex
networks[J]. Physica A: Statistical Me -
chanics and Its Applications, 2012, 391
(4): 1777-1787.

KITSAK M, GALLOS L K, HAVLIN S,
influential

et al. Identification of

spreaders in complex networks[J]. Na -

[20]

[21]

[22]

(23]

[24]

[25]

[26]

[27]

ture Physics, 2010, 6: 888-893.
NIE T Y, GUO Z, ZHAO K, et al. Using
mapping entropy to identify node cen -
trality in complex networks[J]. Physica
A: Statistical Mechanics and Its Appli-
cations, 2016, 453: 290-297.

YANG H H, AN S. Critical nodes identi -
fication in complex networks[J]. Sym -
metry, 2020, 12(1): 123.

AT, ¥, MRS, F. T Tsallis
M52 2 o 2 705 i E LA PR 07 W (0. B e
fiz, 2021, 70(21): 273-284.

YANG S Q, JIANG Y, TONG T C, et al.
A method of evaluating importance of
node in complex network based on Tsal -
lis entropy[J]. Acta Physica Sinica,
2021, 70(21): 273-284.

RUAN Y R, TANGJ, HU Y L, et al. Ef -
ficient algorithm for the identification of
node significance in complex network[J].
[EEE Access, 2020, 8: 28947-28955.
KM, KD, EE3L, . BT WERIES
JE ) BT ROR B T B ). AL A,
2021, 38(12): 3581-3585.

ZHU G C, LIU H, WANG L W, et al
Method for identifying key modes based
on overlap of network topology[J]. Ap -
plication Research of Computers, 2021,
38(12): 3581-3585.

LESKOVECJ, KRAUSE A, GUESTRIN C,
et al. Cost—effective outbreak detection
in networks[C]//Proceedings of the 13th
ACM SIGKDD international conference
on Knowledge discovery and data min -
ing. New York: ACM, 2007: 420-429.
GOYAL A, LU W, LAKSHMANAN L V S.
CELF++ : optimizing the greedy algo -
rithm for influence maximization in so -
cial networks[C]//Proceedings of the
20th Conference Compa-—
nion on World Wide Web. New York:
ACM, 2011: 47-48.

CHEN W, WANG Y J, YANG S Y. Effi-

International

2025020-21



160

BIG DATA RESEARCH K

2025020-22

(28]

[29

[30]

[32

[33

]

in social

15th

cient influence maximization

networks[C]//Proceedings of the

ACM SIGKDD international conference
on Knowledge discovery and data min -
ing. New York: ACM, 2009: 199-208.

CHEN W, WANG C, WANG Y J. Scal -
able influence maximization for preva -
lent viral marketing in large—scale so -
the

cial networks[C]//Proceedings of

16th ACM SIGKDD International Con -
ference on Knowledge Discovery and
Data Mining. New York: ACM, 2010:
1029-1038.

JUNG K, HEO W, CHEN W. IRIE: scal -
able and robust influence maximization
in social networks[C]//Proceedings of
the 2012 IEEE 12th International Con -
ference on Data Mining. Piscataway:
[EEE Press, 2012: 918-923.

WP, ', W, . T k- AL

2 W 45 50 Wi de R0 S O] 3 LA 4,
2015, 38(2): 238-248.

CAO J X, DONG D, XU S, et al. A k-
core based algorithm for influence
maximization in social networks[J]. Chi -
nese Journal of Computers, 2015, 38(2):
238-248.

FH, K, REE, % AT N
WA BIAFE . BFEFAR, 2022, 43(8):
151-163.

WANG X, ZHANG Y, ZHOU J F, et al.
Influence maximization algorithm based
on social network[J]. Journal on Commu -
nications, 2022, 43(8): 151-163.

ALLAN J. Introduction to topic detection
and tracking[M]. Boston: Springer, 2002:
1-16.

MRE, s, 8%, %W
RG] PIF R
80-85.

LIU X X, HE T T, GONG H J, et al. De -

LR R A
fit, 2008, 22(6):

sign of hot web event detection system[J].

Journal of Chinese Information Process -

[34

[35]

[36]

[37]

[38]

[39]

[40]

ing, 2008, 22(6): 80-85.

BT, EN, FIER . FET R O
R AL [C/ /585 B Jiw T SCf5 AL T [ B
BOABSCEE . T EPSUFE RS, 2007.
LUO Y P,WANG C,ZHOU Y Q. Study on
hot topic discovery model based on at -
tention degree[C]//Proceedings of Sev -
enth International Conference on Chi-
nese Language Information Processing.
Wuhan: Chinese Information Processing
Society of China, 2007.

NIE X C, ZHANG W S, ZHANG Y, et al.
Method to predict bursty hot events on
twitter based on user relationship network
[J1.IEEE Access, 2020, 8: 44031-44040.
BAIJ L, GUO J, CHEN G, et al. An effi-
cient algorithm of hot events detection
in text streams[C]//Proceedings of the

2010 International Conference on Cyber—

Enabled Distributed Computing and
Knowledge Discovery. Piscataway: IEEE
Press, 2010: 321-326.

T, T2, M % BRTEELHESR
F A ol A 3T R B DT R 7). AR A

2013, 34(S1): 256-262.

HE M, WANG L H, DU P, et al. Microblog
hot topic detection method based on
meaningful string clustering[J]. Journal on
Communications, 2013, 34(S1): 256-262.
DOULAMIS N D, DOULAMIS A D,
KOKKINOS P, Event detection in
IEEE Transac -

2016, 46(12):

et al.
twitter microblogging[J].
tions on Cybernetics,
2810-2824.

LIU Y, LUO X F. A framework for on -
line hot event discovery on the web[C]//
Proceedings of the 2013 IEEE 16th In-
ternational Conference on Computational
Science and Engineering. Piscataway:
IEEE Press, 2013: 989-996.

SHEN P, ZHOU Y, CHEN K. A prob-
ability based subnet selection method

for hot event detection in Sina Weibo



STUDY %R

161

[41]

[42]

[43]

[44

[46]

microblogging[C]//Proceedings of the

2013 IEEE/ACM International Confer -

ence on Advances in Social Networks
Analysis and Mining. New York: ACM,
2013: 1410-1413.

TONG H Q, LIU Y, PENG H, et al. In-
psychosocial attention

ternet users'

prediction: web hot topic prediction
based on adaptive AR model[C]//Pro -
ceedings of the 2008 International Con -
ference on Computer Science and Infor -
mation Technology. Piscataway: IEEE
Press, 2008: 458-462.

MA X, GAO X F, CHEN G H. BEEP: a
Bayesian perspective early stage event
prediction model for online social net -
works[C]//Proceedings of the 2017 IEEE

International Conference on Data Mining

(ICDM). Piscataway: IEEE Press, 2017:
973-978.
LIU R F, WANG J, ZHANG M. A

HMM_based hot topic lifecycle predic -
tion model[C]//Proceedings of the 2011
International Conference on Electric In -
formation and Control Engineering. Pis -
cataway: IEEE Press, 2011: 2881-2884.
SZABO G, HUBERMAN B A. Predicting
the popularity of online content[J]. Com -
munications of the ACM, 2010, 53(8):
80-88.

PINTO H, ALMEIDA J M, GONCALVES
M A. Using early view patterns to predict
videos[C]//

the popularity of youtube

Proceedings of the 6th ACM Interna -

tional Conference on Web Search and
Data Mining. New York: ACM, 2013:
365-374.

=y

VoA, R, % ETHEOEE
B AT RE TR 77 ¥ 0], /R SCf5 B 2441, 2018,
32(11): 79-85.
GAO J H, SHEN H W, CHENG X Q, et al.

e e

Popularity prediction based on similar
Journal of Chinese

2018, 32(11):

historical tweets[J].

Information Processing,

[47]

(48]

[49

[50]

[51]

[52]

[£

3

79-85.

SHEN HW, WANG D S, SONG C M, et al.
Modeling and predicting popularity dy -
namics via reinforced Poisson processes
[J]. Proceedings of the AAAI Conference
on Artificial Intelligence, 2014, 28(1).
GAO S, MA J, CHEN Z M. Modeling and
predicting retweeting dynamics on mi -
croblogging platforms[C]//Proceedings
of the Eighth ACM International Con -
ference on Web Search and Data Mining.
New York: ACM, 2015: 107-116.
MISHRA S, RIZOIU M A, XIE L X. Fea -
ture driven and point process ap -
proaches for popularity prediction[C]//
Proceedings of the 25th ACM Interna -
tional on Conference on Information and
Knowledge Management. New York:
ACM, 2016: 1069-1078.

LIAODVL, XUJ, LI GF, et al. Popularity
prediction on online articles with deep

fusion of temporal process and content

features[J]. Proceedings of the AAAI
Conference on Artificial Intelligence,
2019, 33(1): 200-207.

ZHANG W, WANG W, WANG J, et al.
User—guided hierarchical attention net -
work for multi—-modal social image
popularity prediction[C]//Proceedings of
the 2018 World Wide Web Conference on
World Wide Web - WWW '18.
York: ACM, 2018: 1277-1286.

XUKL, LINZM, ZHAOJ Q, etal. Multi -

New

modal deep learning for social media

popularity prediction with attention
mechanism[C]//Proceedings of the 28th
ACM International Conference on Multi -
media. New York: ACM, 2020: 4580-4584.
CASTILLOC, MENDOZA M, POBLETE B.
twitter[C]//

Information credibility on

Proceedings of the 20th International
Conference on World Wide Web. New

York: ACM, 2011: 675-684.

[64] GIACHANOU A, ROSSO P, CRESTANIF.

2025020-23



162

BIG DATA RESEARCH K

2025020-24

[68

[59]

(60]

Leveraging emotional signals for cred -
ibility detection[C]//Proceedings of the
42nd International ACM SIGIR Confer -
ence on Research and Development in
Information Retrieval. New York: ACM,
2019: 877-880.

QI P, CAOJ, YANG T Y, et al. Exploit -
ing multi—domain visual information for
fake news detection[C]//Proceedings of
the 2019 IEEE International Conference
on Data (ICDM).
IEEE Press, 2019: 518-527.
WANG Y Q, MA F L, JIN Z W,
EANN:

Mining Piscataway:
et al.

event adversarial neural net -
works for multi-modal fake news detec -
tion[C]//Proceedings of the 24th ACM
SIGKDD International Conference on
Knowledge Discovery & Data Mining.
New York: ACM, 2018: 849-857.
KHATTARD, GOUDIJS, GUPTA M, etal.
MVAE: multimodal variational autoen -
coder for fake news detection[C]//Pro -
ceedings of the World Wide Web Con -
ference. New York: ACM, 2019: 2915-
2921.

KRG, NG TREER, . BT P E S
B IR W R B HERZ IR ST SE 101, FiEie 5 s
I, 2018, 41(10): 87-92.
LIU H O, SUN JJ, SUY Y, et al. Re-
search on the tourism situational recom -
mendation service based on personalJ].
Information Studies (Theory & Applica -
tion), 2018, 41(10): 87-92.

s, EAE . T FBIT AW L
PP 2B B G A 3 R (T, P S A
2019(2): 114-119, 132.

WANG Q B, ZHANG C Z. Construction
and application of user interest profile in
social networks based on gesture beha-—
vior[J]. Library & Information, 2019(2):
114-119, 132.

TAHAR R, SAMIR K. A geo—social user
information

2016

profile for a personalized

retrieval[C]//Proceedings of the

[61

[62]

[63]

[64]

8th International Conference on Infor -
mation Management and Engineering.
New York: ACM, 2016: 62-66.

PRFEET, WA . BT A A F S A RO
FFTEAZR ], WHRIIE 5508k, 2018, 41(3):
142-148.

LIN Y X, XIE X S. User portrait of di-
versified groups in micro—blog based on

Information

2018,

social identity theoryl[J].
Studies (Theory & Application),
41(3): 142-148.

SKRICAE, BEREE. EN. R RSB R
HIRHHE N ARVIFAT 2 S2 AR e B G I 77 v ().
T4, 2019, 38(10): 1012-1021.
ZHANG Y N, HUANG J L, WANG G. A
method considering local and global in -
formation for constructing stereoscopic
and accurate portraits of scientific re -
searchers[J]. Journal of the China Soci -
ety for Scientific and Technical Infor -
mation, 2019, 38(10): 1012-1021.
W, WAL, XEK, SRS T
T gl At 22 B pfs @ R SLIERT 5 BT
SSO HiE iy B Ak R WA U] H A4,
2019, 38(10): 1092-1101.

ZHANG Y F, PENG L H, LIU J C, et al.
An empirical study on mobile social me -
dia fatigue user portraits in the new
media environment: a causality per -
spective based on SSO theory[J]. Journal
of the China Society for Scientific and
Technical 2019, 38(10):
1092-1101.

DARVISHY A, IBRAHIM H, SIDIF, et al.

HYPNER:

Information,

a hybrid approach for per -
sonalized news recommendation[J]. IEEE
Access, 2020, 8: 46877-46894.

FUEVK, TRLTHe, S5, . TR
HITS B 5l 2 H#E SR 5 1T). WX fF B
2E4%, 2019, 33(7): 128-135.

WANG R B, XUH Y, FENGY, et al. Mi-
croblog user recommendation algorithm
and HITSI[J].

based on similar topics



STUDY %R

163

[66]

(67]

[68

[69]

[70]

[71]

Journal of Chinese Information Process -
ing, 2019, 33(7): 128-135.
OKURA S, TAGAMI Y, ONO S, et al.
Embedding—based news recommendation
for millions of users[C]//Proceedings of
the 23rd ACM SIGKDD International
Conference on Knowledge Discovery and
Data Mining. New York: ACM, 2017:
1933-1942.

DE S P M G. Chameleon: a deep learning
meta—architecture for news recom -
mender systems|[C]//Proceedings of the
12th ACM Conference on Recommender
Systems. New York: ACM, 2018: 578-583.
XIREHR, SKTT, BRIL. BT 2 4k 20l =
PP A (i 4 O (A 72 (0] T SO R
i, 2022, 36(9): 102-111.

LIU S D, ZHANG K, CHEN X. Multi-
dimensional interest—attention—based

news recommendation with long and

short—term user preferences[J]. Journal
of Chinese Information Processing,
2022, 36(9): 102-111.

CHEN C, MENG X W, XU Z H, et al.
Location—aware personalized news rec -
ommendation with deep semantic analy -
sis[J]. IEEE Access, 2017, 5: 1624-1638.
FE, Vit . AR ST A
FEY B R LB, LR g 5E R
2, 2022, 19(4): 7-16.

WANG Y, XUN N, HU H B. Characteris -
tics and mechanisms of cross—platform
information diffusion in social medialJ].

Complex Systems and Complexity Sci-

ence, 2022, 19(4): 7-16.

R, R BiRESRORE: 2

WK P2 16 B SR B 256 PRI (], BULARAE 1
(PEEERREFER), 2022, 44(4): 37-46.

TANG J T, XU M L. Index construction
and core process: comprehensive evalu -
ation of social media content communi -
Modern Communication

cation effect[J].

(Journal of Communication University of

[72]

[73

[74]

[75

[76]

(771

China), 2022, 44(4). 37-46.

ADDIS B, ARINGHIERI R, GROSSO A,
et al. Hybrid constructive heuristics for
Annals of

238(1):

the critical node probleml[J].
Operations 2016,
637-649.

LI, BRAE, XUSZ, S AR WL AEE
J1 43 HE AT SE 10). B4, 2017, 28(1):
84-104.

HAN Z M,

Research,

CHEN Y, LIU W, et al. Re-
search on node influence analysis in so -
networks[J]. Journal of Software,
2017, 28(1): 84-104.

DOMINGOS P, RICHARDSON M. Mining

cial

the network value of customers[C]//

Proceedings of the Seventh ACM

SIGKDD International Conference on
Knowledge Discovery and Data Mining.
New York: ACM, 2001: 57-66.

KEMPE D, KLEINBERG J, TARDOS E.
Maximizing the spread of influence
through a social network[C]//Proceed -
ings of the Ninth ACM SIGKDD Interna -
tional Conference on Knowledge Discovery
and Data Mining — KDD '03. New York:
ACM, 2003: 137-146.

YR, W, IR, % . BT R kM8

O B A7 [ 24 SN S A SR ). R R

i (B %R 22 R, 2016, 46(5):
950-956.
CAO J X, MIN H Y, XU S, et al. Mixed

heuristic and greedy strategies based
algorithm for influence maximization in

social networks[J]. Journal of Southeast

University (Natural Science Edition),
2016, 46(5): 950-956.
BORGS C, BRAUTBAR M, CHAYES ]J,

et al. Maximizing social influence in
time[C]//Proceedings of

ACM-SIAM

nearly optimal
the Twenty—Fifth Annual
Symposium on Discrete Algorithms.
Philadelphia,

and Applied Mathematics, 2014: 946-957.

PA: Society for Industrial

2025020-25



164

BIG DATA RESEARCH K

2025020-26

[78]

[79

(80]

[81

[82

[83

[84]

TANG Y Z, XIAO X K, SHI'Y C. Influence
maximization: near—optimal time com -
plexity meets practical efficiency[C]//
Proceedings of the 2014 ACM SIGMOD
Conference on Manage -

2014:

International
ment of Data. New York: ACM,
75-86.

R, BB, FER, F.ENFE Y
Wil 773 e R AL 19 5 2 o 58 U1 o LR R,
2019, 42(12): 2647-2664.

WU A B, YUAN Y, QIAO B Y,
The

et al.

influence maximization problem
based on large—scale temporal graphl[J].
Chinese Journal of Computers, 2019, 42
(12): 2647-2664.

VRANET, WAV, Bk(E, . AR Lk
FAAREIM]. dbnt: @HEH MR, 2016:
71-72.

iR, e, BERWT, . FET LDA KR
I B ROE BRI FLIE B2 (7], P OC(E I AR
2016, 30(1): 43-49.

XU JJ, YANG Y, YAO T F, et al. LDA
based hot topic detection and tracking
for the forum/[J]. Journal of Chinese Infor -
mation Processing, 2016, 30(1): 43-49.
Wrst, BRIE, ARPSTR . BT R A0 I e
MR PO0FE R, 2012, 26(1):
84-90, 109.

YANG L, LIN Y, LIN H F. Micro-blog
hotevents detection based onemotion dis -
tribution[J]. Journal of Chinese Informa -
tion Processing, 2012, 26(1): 84-90, 109.
ROSENBERG A, HIRSCHBERG J. V-
entropy—based

Measure: a conditional

external cluster evaluation measurel[J].
EMNLP-CoNLL 2007 - Proceedings of
the 2007 Joint Conference on Empirical
Methods in Natural Language Process -
ing and Computational Natural Language
Learning, 2007: 410-420.

JIN Z W, CAO J, ZHANG Y D, et al.
Novel visual and statistical image fea -

tures for microblogs news verification[J].

[35]

[36]

[87]

[38]

[39]

IEEE Transactions on Multimedia, 2017,
19(3): 598-608.

TAHMASEBIS, HAKIMOVS, EWERTHR,
et al. Improving generalization for multi -
modal fake news detection[C]//Proceed -

ings of the 2023 ACM International Con -

ference on Multimedia Retrieval. New
York: ACM, 2023: 581-585.
DUN Y Q, TU K F, CHEN C, et al

KAN: knowledge—aware attention net -
work for fake news detection[J]. Pro -
ceedings of the AAAI Conference on Ar -
tificial Intelligence, 2021, 35(1): 81-89.
COOPER A. The inmates are running the
asylum[M]. Indianapolis: Sams, 1999.
AR, XTyRE, BHk. REEE ST
EG LA ARRR SRR B
THEETES, 2019(24): 13-24.

ZHAO Y H, LIU F L, LUO L. A review
of user profile in the context of big
data: knowledge system and research
prospect[J]. Research on Library Sci-
ence, 2019(24): 13-24.

LAINE-CRUZEL S, LAFOUGE T, LARDY
J P,

et al. Improving information re -

trieval by combining user profile and
Information

1996, 32(3):

document segmentation[J].
Processing & Management,

305-316.

[90] Ew T, Thul, ZFH0 . k2 () At DO P

[91

BT, R EIE 5L, 2018, 41(1):
129-134.

WANG L X, SHEN Z, LI Y. User profil -
ing of social Q & A community[J]. Infor -
mation Studies (Theory & Application),
2018, 41(1): 129-134.
WIES, WiE, BUIER, .

FEZZ AR
T (5 (PR I e DR A AR 5 [0, 5 T i
TAE, 2019, 63(9): 109-115.

XU H L, ZHANG H T, WEI M Z, et al.
Research on the construction of social
media user portrait and resource aggre -

gation model[J]. Library and Information



STUDY %R

165

[94

[95

[96

[97

|

|

Service, 2019, 63(9): 109-115.

X pegR, Tk, AERL. TR RR L R RE
PRI AR FF P 5B E U M. JEat: AR
B AL, 2019: 79-82.

FOREAR, RELLEN, SR, S SRR R
WG R UL W ENR SRR,
2023, 17(12): 2840-2860.

MENG X F, HUO H J, ZHANG X Y, et al.
Survey of research on personalized news
recommendation approaches[J]. Journal
of Frontiers of Computer Science and
Technology, 2023, 17(12): 2840-2860.
ZHU Z L, LIDY, LIANG J, et al. A dy -
namic personalized news recommenda -
tion system based on BAP user profiling
method[J]. IEEE Access, 2018, 6: 41068—
41078.

MOREIRA G D S P.

CUNHA A M D.

JANNACH D,
Contextual hybrid

session—based news recommendation
with recurrent neural networks[J]. IEEE
Access, 2019, 7: 169185-169203.
WEM, FEFH, =8, F. T Trans-
former 5 57 5T R4 22 [0 2% 119 [ 4 5 A TR ).
fe AR Al 5 N T B, 2022, 35(9):
839-848.

ZHANG Y P, LI X J, LI C, et al. News
recommendation model based on trans -
former and heterogenous graph neural
network[J]. Pattern Recognition and Arti -
ficial Intelligence, 2022, 35(9): 839-848.
HRAE, MR, RIERE, % ETRMEH
SRR TR T 4 0 PR A A TR S22 3Y T ¥R (). T
FHLER, 2023, 46(10): 2161-2177.
HUANG Z H, LIN W, WU Z Y, et al. In-
cremental news recommendation method
based on OptimalTransport and knowledge
replay[J]. Chinese Journal of Computers,
2023, 46(10): 2161-2177.

YRS . RS ITAR] HETTE, 2018(5):
34-36.

XIA H B. Global branding project[J].

China Advertising, 2018(5): 34-36.

[99] VALKENBURGPM, PETERJ, WALTHER

J B. Media effects: theory and researchl[J].
Annual Review of Psychology, 2016, 67:
315-338.

(1001 8RR 53, HEFHue, B4l BEA 5200 1 PP 15 b

PRZREFE ). BrE R, 2010 (1): 121-126.
ZHENG LY, ZHENG D N, ZHAO C. Re -
search on media influence evaluation in -
dicator system[J]. Journalism Research,

2010 (1): 121-126.

MONEHRRK, K7, HFHR, & MEHESHLE

WL AN TR SR, 2022, 44(1):
165-175.

WANG C D, ZHANG H, MO X L, et al.
Overview on sentiment analysis of mi -
croblog[J]. Computer Engineering & Sci -
ence, 2022, 44(1): 165-175.

(102 EBE, B, BXCOR. J7TH P SCANE BT

ZERT). PFRMLA. 2022, 42(S2): 1-9.

WANG L, MA H W, LYU H H. A sum -
mary of aspect—level text emotion
analysis[J]. Journal of Computer Appli-

cations, 2022, 42(S2): 1-9.

[I03]LIANG H. Coevolution of political dis -

cussion and common ground in web dis -
cussion forum[J]. Social Science Com -

puter Review, 2014, 32(2): 155-169.

(1041 FE K, M, B, 8 ZHA MR

TR AR, 2016, 39(4):
643-656.

LI G L, CHUY P, FENG J H, et al. In-
fluence maximization on multiple social
networks[J]. Chinese Journal of Comput -

ers, 2016, 39(4): 643-656.

[T06]BOMMASANIR, HUDSOND A, ADELIE,

et al. On the opportunities and risks of
foundation models[EB]. arXiv preprint,

2021, arXiv: 2108.07258.

[106]LIU J W, YANG C, LU Z Y, et al. To-

wards graph foundation models: a sur -
vey and beyond[EB].
2023, arXiv: 2310.11829.

arXiv preprint,

2025020-27



166

BIG DATA RESEARCH K

i B ER: 2024-09-12

FEE (1998-), 55, PEFBLABE AL LS B PO By TR, SR 1 O B s . AL
|

TR (1970-), 53, PEFEBEHENUMZE St m B LR, B W, EZHETT O G
BORR] S BRSO 248 A S A7 .

FER (1976-), F, PEREABEHENIMGE SO IEmP TR, FA AR SRR R, 1%
WEATT AR AR S BB BOR. BT RSB A IS .

BIE1EE: T4, xpwang@cnic.cn
EHEWB: TERSBEN L2 2AE LT (No.CAS-WX2022GC-030402)
Foundation Item: Cyber Security and Informatization Project, Chinese Academy of Sciences (No.CAS—WX2022GC-030402)

2025020-28



