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Abstract

Text watermarking can determine the copyright ownership of text data, facilitating secure circulation and sharing of
data. Existing text watermarking algorithms typically pre-mark words and employ word substitution methods to embed
watermarks. However, these algorithms only mark candidate words based on the hash value of the previous word,
limiting the robustness of the watermarking algorithm. To address this issue, SRTW algorithm was proposed.
Specifically, semantic embeddings of the text were obtained using existing embedding models. Then, these embeddings
were converted into word markers (-1 or 1) through a trained word marking model. Finally, words marked as 1 were
selected to replace the original words to construct the watermark. Compared with existing more advanced benchmark
algorithms, the proposed SRTW algorithm improves the AUC metric by 2.08%, 5.17%, and 3.09% in three different

attack scenarios, respectively, demonstrating the effectiveness of the SRTW algorithm.
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CEISCAR  Salt is used on highways to aid melt ice and snow and improve traction during the winter months.

There are other options for melting ice and snow on roads, such as using chemicals like calcium chloride or mag -

JRUE SR . . . . .
nesium chloride, or using mechanical methods like plows or sand.
KEICA There are other options for melting ice and snow on highways, such as utilizing compounds like calcium chloride or
7
magnesium chloride, or utilizing mechanical technologies like plows or sand.
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