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Abstract

Behavioral representations of the patients with depression reflect the clinical features and condition of the patients,
therefore it is beneficial for disease diagnosis. However, in the construction of current depression lexicon, the correlation
between the behavioral features and the condition of patients in depression texts is overlooked, resulting in incompleteness
of the lexicon information. To address this problem, a domain lexicon construction, oriented to behavioral features in
depression. was proposed which aimed to extend the domain lexicon's coverage of emotional expressions. Firstly, the seed
word sets of sentiment and behavior were constructed by the TF-IDF algorithm respectively, the word set of sentiment was
obtained by calculating PMI similarity between the seed word set of sentiment and the existing sentiment lexicon Secondly,

the seed words of behavioral were labeled based on correspondence between behavioral features and the condition of
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patients, and further inputted into WoBERT with depression texts to separately generate dynamic word vectors. In addition,
the candidate word set was acquired by calculating the similarity between the seed word set of behavioral and depression
texts In addition,based on the similarity between words, the semantic graph was constructed to obtain the word set of
behavioral features by label propagation algorithm. Finally, the emoticons with negative emotions on Weibo were collected to
build the word set of emoticons. The word set of sentiment, the word set of behavioral features and the word set of emoticons

were integrated into the Chinese Depression Domain Lexicon. Experimental results show that the constructed lexicon can

improve the effect of depression text classification.
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IRANE, A B TR S FARAE A S 4 2
FIFT AR, AT DASE A5G T A8 BOR 28
M2 2R, M o 2R R P A e o VY
Rl ST 56t 3E — 25 HIE A, 3% 3R BT DAES B S

®o6 HELHER

TSR 4r2T5 P R F1
17 L RoBERTa+L, 85.94% 84.01% 84.76%
135 I RoBERTa+L 86.18% 84.07% 84.88%
T IRARFALE RoBERTa+L+L, 86.36% 84.13% 85.03%
T RE+ R A5 RoBERTa+L,+L, 86.77% 84.50% 85.47%
AT AL+ TRk RoBERTa+L,+Lj 87.12% 85.18% 86.25%
1T FRHAE+ 75 AR AE RoBERTa+L,+L+L (CDDL) 87.43% 85.37% 86.59%
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