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Abstract

Entity extraction is an essential task in information extraction. In recent years, under the trend of training model with big
data, deep learning has achieved success in entity extraction. However, in the fields such as natural environment, there are
very few entity samples or labeled samples of terrain, disasters and other types, and labeling those unlabeled samples is
time-consuming and laborious. Therefore, entity extraction for low-resource scenarios has gradually attracted more and
more attention, which is called low-resource entity extraction or few-shot entity extraction. This paper systematically combs
the current approaches of low-resource entity extraction. It introduces the research status of three types of methods: meta-

learning based, multi-task learning based, and prompt learning based. Next, the paper summarizes the low-resource entity
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extraction datasets and the experimental results of the representative models on these datasets. In the following, the current

low-resource entity extraction approaches are analysed. Finally, this paper summarizes the challenges of low-resource

entity extraction and discusses the future research direction in this field.
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DecomMetaNER!! 46.09% 17.54% 25.14% 34.13% 30.73%
SpanProto!® 47.70% 19.92% 28.31% 36.41% 33.09%
5-shot L-TapNet+CDT'®! 45.35% 11.65% 23.30% 20.95% 25.31%
DecomMetaNER!! 58.18% 31.36% 31.02% 45.55% 41.53%
SpanProtol® 61.88% 35.12% 33.94% 48.21% 44.79%
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T AEIZ AL B AR 09 TR R kBRI L
AETY | 4Proto. NNShot, StructShot,
CONTaiNER., ESDfiDecomMetaNER
&, DA 4 HTESEdE SpanProtoBi Y,
TR T IX B E Few - NERD % 5 42 _Fi&
EN1~2—-shot PEREXT T, TLEE3, A4k sL
06 25 A, SpanProtofd b T & F- AL
SRS BUE B Proto, R4 MES L
M HE TS 30%~35% , B JULARAR &
VAR B R BUS TR #ED . 164,
SpanProtolE BIFEIZ AL e I 5256
S T SNIP SE s S8 e it 5 22, 33 1]
ZHAR AR R S PR SR BT 55 58 4,
SIS A5 IR R 23]

X FewBERUH AL, ALY —
3G /NS AR S (A R B P TR A B 0 17 3k SR
PEM, WProto. NNShot. StructShot.
DecomMetaNERFIESDAE, F445H{ 7 ixX Lk

FERIE FewBE-INTRAfIFewBE-INTER
PRI PR 45 i BN 3—way 1-shot
f5-way l-shotfyPEgEXS L, E i 4L
] 0 L6 AT DLE H IR R I S 4R 3R Iy
B FRBUE TR 2D, Z85ie 5
Few—-NERD# L Erygiie 2, @t
T A AT LA H, [F—REAYEINTR AR
INTERFh &8 4 0] 4377 20 Bk aE 2=
SREGA, LW TR F . ML A FOHOIE SL RS
B2 AR R Z A

5 HiikSRE

T LS4 RE A TR S P R A
R AR D, TR REA AT R 2
FEA R B A ST AL, 0T 4R SRAE S 1
PBOER AR IR 0T B3]

#& 3 Few-NERD HUBEMFZFRMAKEER

B IRy INTRA(5—way) INTRA(10—way) INTER(b—way) INTER(10—way)
Proto!” 20.76% 15.05% 38.83% 32.45%
NNShot! 25.78% 18.27% 47.24% 38.87%
StructShot! 30.21% 21.03% 51.88% 43.34%
L-TapNet+CDT®"! 25.81% 18.02% 41.44% 36.80%
DFS-NER! 35.41% 20.31% 48.03% 34.38%
CONTaiNERM 40.43% 33.84% 55.95% 48.35%
ESD!I 36.08% 30.00% 59.29% 52.16%
DecomMetaNER!%! 49.48% 42.84% 64.75% 58.65%
SpanProto!® 54.49% 45.39% 73.36% 66.26%

x4 FewBE HIESEMBARERIMER

i INTRA(3-way) INTRA(G-way) INTER(3-way) INTER(5-way)
Proto!® 20.50% 9.91% 50.55% 48.23%
NNshot!¥ 17.99% 7.26% 67.97% 65.44%
StructShot® 19.46% 16.25% 67.94% 63.90%
DecomMetaNER!! 21.31% 17.90% 75.32% 66.67%
ESD!1! 25.48% 20.65% 74.21% 69.04%
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