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Abstract

Firstly, the basic principles of graph database and graph algorithms are introduced, including the data model of graph
database, query language, and common graph algorithms. Then, the method of constructing the graph model of the power
system is elaborated, where system components are represented as nodes and component relationships are represented as
edges. Finally, the graph algorithm process of carbon flow calculation is designed, using the AtlasGraph graph database
and graph computing components to perform carbon flow iterative calculation. This method makes full use of the
advantages of graph database and graph algorithms, achieving accurate and efficient calculation of power system carbon
flow. This research provides strong support for monitoring, analyzing, and optimizing carbon emissions in power systems,

and is of great significance for promoting the green and low-carbon development of power systems.
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