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Abstract

With the emergence of intelligent policing, the channels of mass to call police are widened, unstructured police records
increase immensely, and the difficulty of police entity recognition is magnified. For this pain point, BERT model was
introduced to generate the word vector, the self-attention mechanism was integrated to capture the long-distance
dependence between words, and the BERT-BiGRU-SelfAtt-CRF police entity recognition model was constructed. In
order to verify the performance and generalization ability of this model, experiments were carried out on public datasets.
And to prove the feasibility and efficiency of this model in the police field, experiments were run on the annotated police
dataset. Ultimately, the results showed that BERT-BiGRU-SelfAtt-CRF model outperformed other models on the police
dataset, with the precision of 82.45%, recall rate of 79.03%, and F1 value of 80.72%. It is concluded that this model can

meet the requirements of actual police work, and it is feasible and effective in the field of police entity recognition.
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