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Abstract

With the rapid increase in the number of preferential tax policies, taxpayers face a large number of preferential tax
policies, and it is difficult for taxpayers to quickly locate the preferential content related to them. As a result, many
taxpayers do not enjoy the preferential policies they should enjoy. Based on the combination of pre-training language
model BERT and rule processing, the visualization was realized of the characterization of preferential tax policies and

regulations, the extraction of key elements, and the visual query of tax incentives, so that taxpayers can intuitively
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and quickly locate tax incentives related to themselves, and visualize the results. The experimental results show that the

extraction performance of key elements is superior, and the query of preferential tax policies is quick and intuitive, which

can effectively alleviate the problem of massive tax preferential information overload.
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