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A Chinese text sentiment analysis method
combining language knowledge and deep learning

XU Kangting, Song Wei
School of Information Science and Technology, North China University of Technology, Beijing 100144, China

Abstract

At present, in the research of Chinese text emotion analysis, the method based on semantic rules and emotion dictionary
usually needs to set the emotional threshold manually. However, the method based on deep learning can't fully extract
emotional features because it fails to use language knowledge such as semantic rules and emotional dictionary. As to
shortcomings of two methods, a text emotion analysis method combining language knowledge and deep learning was
proposed. Firstly, the key emotional segments in the text were extracted according to the semantic rules. Secondly, more
explicit emotion words were extracted from the key emotional segments according to the emotional dictionary to construct

the emotion set. Thirdly, the deep level features were extracted from the original text, key emotional segments and
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emotional set by using the deep learning model. Finally, the features were weighted and fused, and the classifier was used to

judge the emotional polarity. The experimental results show that compared with the deep learning model without language

knowledge, this method has significantly improved the ability of emotional polarity classification.
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WO B %L RelLU
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VARVS precision recall F1
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CLKDL 96.12%  95.53%  95.82%
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DARES precision recall F1
RETEFHMINMITY: 95.92%  82.96%  88.97%
TSI Y 95.30%  97.66%  96.47%
CLKDL 98.33%  98.12%  98.22%
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