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Abstract

With the rapid development of remote sensing technology, our country has established a relatively complete space remote
sensing and flexible and diverse aerial remote sensing data acquisition system. Remote sensing big data is mainly based
on massive remote sensing data, integrating other multi-source remote sensing data, using big data thinking and methods,
and discovering knowledge laws and high-value information in massive data. Firstly, the research work of information
extraction technology based on remote sensing big data was reviewed in recent years. Secondly, the development history
of remote sensing information extraction technology was expounded from three aspects: remote sensing target detection,
remote sensing surface object segmentation, and remote sensing change detection. Finally, the information extraction

technology based on remote sensing big data was sorted out, summarized and prospected.
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BV RAE LR AFAE T L b5 50F B
%, 1K SEHR G B T A AR R
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AR EIRRESE” #ase FRUS 794%

AR AN 90D ERR 2

2.5 hgs
BEE IR IR R 2, maS A4y PRie

JRE G UL T8 e i Fn o 2 A B e &
SUHAFEN T T IZ N o VE 8 R I B 20
BBy, UG BT Aok —ER s A
o BARZTT MO A H TR Z A, (B2
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W R K G G oy T, BT
SEF T 77 8 TR FH RO 7 1 K/ [
[, 27 LR RS2 3 R /INAS 5 1 [A) L, i
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T S5 A5 AR ARSI B RS2 1 SRV P
SRR G, 2048704848, %
S R H BN B T S AR B A BRI
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TN T SFIAN[E 4 HEER A i R G, Hp
B12 (a) &) R FEINT R X p
FRIR 2SR o R G 1%, B 12 (b)
A& TG AW 61 4 PR E RGUAR T ITE
KA, B12 (c) /& Lk
X e a3 [A] oy e 2 I E 5 . i 12mT A,
SR g Frp i@ EGg gAa ., masm
a3 PR IR G B R R R R R
&5 E A SO AT



TOPIC @&

43

IR A FR B IR

(o) HZ A FERBIEBH

HHTAELE I — L AR ARG I A 2 0
R R B AT I o SR AT A0
20004E9A5HA20024E11 H12H B A
HIAET A4 VRN B it X 1 1 o e g it
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