STUDY R

67

B FSiEER R ER Sk
IR AEIFERE

ExcHE, XL, FRE
WHTIER AR A SRR AR, #HT. &4 321001

[

ENERDERMURDZE, BRI HEERELEMBRKAISHIDT R FMRE K. R, KIEHG
FERHBEANTGEEEEETABNTREGHL. A ITBRILODM, XERAETLZP10MPEESBENE
BEEEAMNKEEBRIEHIBPEEEREFENISHNL, FHITR. THNIEFHL X10MIEREFAER
AANHLAXRABE —TISHUNMEIN T EHRLUBIERME, WHE. NHBEES BUERKIS
HIPMERENETSHERMNEHIDATIEHBALINERE . KEFEENERIESRGHISVMEEHTH
R AT BREIEE OIS RERE, ZBRENREFRMNEHNIEHRIESRIEHRIEHIEEE/ 1 FEE, BRIS
AR EABEIAEI30% ~70%,

X
ELOEBERER; 6FHF; BFHRMNEEE; FHEERE; R4

PEDES: TP3N NEARMREE: A doi: 10.11959/j.issn.2096-0271.2021061

Algorithm of locality sensitive hashing bit
selection based on feature selection

ZHOU Wenhua, LIU Huawen, LI Enhui
College of Mathematics and Computer Science, Zhejiang Normal University, Jinhua 321001, China

Abstract

Locality sensitive hashing is one of the most popular information retrieval methods, which needs to generate long hashing
bits to meet the retrieval requirement. However, a long hashing bits requires huge storage space, and contains plenty of
redundant hashing bits. In order to solve this problem, ten simple and efficient selection algorithms in feature engineering
were adopted to extract the hashing bits which carry the largest amount of information from the long hashing bits which
were generated by locality sensitive hashing, and the redundant and useless hash bits were removed. Those ten algorithms
tried to capture the performance of each hashing bit or the correlation among bits, such as variance and hamming distance.
During selection process, the useless or high-correlated hashing bits were removed. Then the selected hashing bits were
compared with the original long hashing bits. The experimental results on four common datasets show that the selected

hashing bits works as well as the original hashing bits, and their reduction ratio can reach from 30% to 70%.
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