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Abstract

With non-volatile memory becoming commercially available, the design and implementation of traditional storage systems
need a fundamental change since they can not fully utilize the performance of non-volatile memory. To build a high-
throughput, low-latency, large-scale storage system, there is an urgent need for efficient persistent index data structures that
adapt to the characteristics of non-volatile memory. In terms of persistent index data structures, the optimizations applied
for B+-Tree and Hash Table on non-volatile memory were summarized, and the pros and cons among these schemes were

compared. And the future research directions with the challenges and opportunities that need to be resolved were showed.
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