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Abstract

According to the actual needs of the task of “legal judgment prediction” in the field of intelligent judicial services, the
research ideas and implementation ways were discussed, and the overall framework and the specific process of this task
were introduced. Based on the massive real cases obtained by China Judgments Online and the evaluation dataset of
CAIL2018, the categories were sorted out. The format of the experimental dataset was standardized. And the prediction

dataset of legal judgment prediction based on legal judgment documents was built. For the judgment prediction model,
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the high-quality sentences by using the method of decision elements extraction were extracted. Then refer to the judge’s

judgment ideas, the whole task of legal judgment prediction was transform into three subtasks, namely the law articles

prediction, the charge prediction, and the penalty prediction. Meanwhile, construct the prediction models based on the

judgment elements respectively. The experimental results show that the proposed methods achieves excellent results on the

criminal law judgment prediction dataset.

Key words

legal judgment prediction, decision elements extraction, law articles prediction, charge prediction, penalty prediction

1 8I8

FENTE S REIREORHEST T,
M20134F 42, 8 E & Z R E A Rtk A
T AR AL AR RN IS5 O B <]
B BRI E20144E 520164, b5
N BV B AH 4K 4 HY TN R e B B SR R
HHPFESEREENEEARS, IFET
HR A S N S R A Y R R 4%
M55 FG. 20174E7H, ER A TR G
Cir— RN LR g8 & R ) A A T4 88
BRIG . F AR Al H AT S A SR, RERF AN
o N T R A SV | (G EFN AL 25 (Rt
FCo [FIIN, IZ RIS e i, it
fEdE N T R AE LR PR W SR . =1 3T L ¥
FESCAEBEISE 5 AT . o

TEE—B, KREE S5 AN TR REHEOR
FEREATANES SR T = B A, 53]
TN A, N A BB AR AU A
HE & Ak EE A TER AT D —
HB 4o TRICRIEE | A IE 2 AR,
== B AR IR &S R I (E 5 .
R ERAN FEEEEE A TR REEOR,
FRAEERIE =S40 (natural language
processing, NLP) 3 AN BT A0 bk
ey SRTTINED ~ =i | RO S N FiSS
EHEARTE T Zr H R e 10 1 AR 42 ARG
B T TR A A RSS9,

ER LT CniiAE ) 122
&, RE A I A AR 2 S T
R, B TR CAERER R,
N TR RERASRTHERAR ST A
Rt — 2R, AT IE SRR R
P HORT A, ERAHA TR RBEOARE
THEFSS AT ARt Rt e B

tPACE PRIRT S TR IE S = S W= Dol &2 N
AT E W 5L 55, AR A4
M A2 B2 9k . HAR S0 B iR
W AT RAHERAEE, B
PRI 2 B R AR o JRTT, RET AR Rl 58 ik
AR TAE 55 X — (AL, A G0
JUA SRR PR

o LA R TIIATE: 55 O 58 KA
FLSHE A SRR B R A, T LS ik A S8 A
FEMIRBERER Nz, By
WE NSRS HI, gt—% 85
(AR 2 P e T B B i S P
FARTIE 55 O EAE 55

o VU R HR I R 2 s 4 g i
BUENFN ABFE NS T W EL R R
FEH, F Pk G R B R TR0 18
RIE, SRS AR 2 B AT A1
Pl EE R L EL /N, HRETT RN R b 2
FLEE S W B 25 (PR TN S5 R o R, 45
ZRP PR BT T 1 $ TR R T
SR EENE L

o AT AL 55 TR AR tH i T3 ¥
AT LA O TN SRR P R 2R

2021055-2



166

BIG DATA RESEARCH A#ifE

T, Z&AFH e 25 R w5 T S
FEAOSC (DU %) TR & SR 2
TR NS, K2 £ G R TG v [m] I 75000 H
ZFPE IR o DRI, A g e o 00 A8 TR v o
HO IO 56 5 1 SR A H R 25 AL A
TR 55 1 BN A5

ST X G S G R, {5 AR
I A S A 2 B i e EL S SR R AT
2018 “HIEVEMIAR” FE A TR APk Ik ¢
(AP 0 P A R S BG R B AR, A ATk
(ERINPEIRE SN NE AT LE S PR e S EPN
A A R AR O R R S U v SR A
A A Al B P LR A, SR
A e T H Pk S T L A T A A
BHTINAT: 55 43 B S 37 g T A A,
Ja &5 G A AR5 45 RIE R S R e
T EsE R, BARRGIInE LT 7R,

2 HXIfE

FE201HE 8, anfn] B shARAS R %)
REGRBIE T AW E R TE . X—
B oE EEDRAE BRI =T, iz

ARG Bk 0 BUA B ) U AT 4y
BTo Kort Fz ARG B w4 s
HEAT 4T, (8 A B AR YO0 T e ey
BEr R IR, ITRT “BRITAERL” SR T
TE RSN, Nagel SPHESHT R EHEAESC
PREHRHTT B R MG, Tk E]
P IRSS BB AR S T (RS R
I E . Ulmer S SV LI A 77 32243
BT TR SR, Bl E X R
PR EE TAF. Ringquist E JHEREEREEE
M RFFYFIAZE, X a] kAP TIR AT
5T. Lauderdale B E&¢ A\ B 7528
R BRI AR U BRI AR R FR 2k
FEROFRIRE o L IRAIF IT #0772 A A
A5 R SR R TR B S S
AiF o X — B BT I 8 AN 5 B K
LA A 12 555, I H XA [H
FEILERMFZARE T A 5 22
TAESR , 7 B ph 2 28 1] LAAT 3800, A
TNLPIES MR R, 258 R R
TS5 R T RFFE . Luo B FEEA
P TR TIER I E ML, IS —
PR HEE 28 FROF R A T 55 5 2R (R AE K 1k 4%
HATEE G 2R, B AR T T 58 4 B0 E 55

—————————————————————————————

12 B BN R BER 1% .
2014451 44 H, #WEASBREE!
FEEEX 2 MARELMEUR | |
EASEEE vivo P88 &1 ! kppikh:
e, RFHUMER 750 oo 2|
WEE A BRA BIENGER ) R T |
VRIEII s TR HHA |

i | (T HEMEAHT,
VERRIY . MAREER LTS :

_____________

(et ) (Hisedn ) 2oL

FIR BRI A

S I e

__________________________________________________________________________

. : D NERER AL TR IR (P ARSHIER
R SRERR TS o R NI, SR + ) SoEAHIR. B , Fhote, HAI0000, oy
Dk, bR, B ZE\HERE,

___________________________________________________________

FIREE R

FIGRANT « |
IIWEASBELLAGHAE |

ZIG00TE N AR, G |
A RIRAHIGE, ARG |
lr’ ‘\\ %ﬁzﬁﬂ‘f‘ﬂﬁmrﬁ]ZK :
, Beib e Epike !

!
! \

1 ik

HAT TSI

1 FIRFUERZER]

2021055-3



STUDY %R

167

MR . Jiang XS AR HY T2 T FEAC R
BRAIG) - 28, A R T T IR AT
K, Chen H JEEANBERNH A A =2
TUHRATINRIE, $8H T—Fh T SR e iy
AIE 126 B AN R AL IR JFE 19 N 2%, A R T
TR T AR R, SR TSR A T AT A
BEME, Hu 7 KEEAW A ZEH10FM A 51 =
T, AT E A SR E A R AR T
ES5HIHERRSE . Zhang HEEA DO H T4
P BB T7 1, 10T P Ao o T T A
TUSGT G400 | AP 18 S B0 A5 S R T R RAIG
ATRIRR, BE— 3R TH T 2 S O A 2 g
AE. Long S BEEAMGAT 7L 3RS
EHEZ BTE AR HR R, WNEE LA |
SR KRS A SR Z A E e R AT
JRL, HE— AR T T HI O A R 1 o
Yang W M AL B A P00 i 7 55
(B PR 22 2200 18] T I A AR S, JF At it [A]
T B TR A E AR R LA, )
HE T —Fh 3 T FAE 55 (AR F D 45 A4 1 Z2 A0 £
PRI M4 Yang ZEE R H T—Fiogr
I U R M 4%, i T — A R
SRR R SO AR A S 2 Al A AL,
B 380 5 B T R O A T 55

[N, D77k — 20 i 3 ) e O i 5
AR LY, —28pt 58 A G 0f S T 4 ik
TR A St ot B, IR T AR T Ao
Zhong H X&EAMHE H T—Fh Tl 7>
A TR G R AT A A AR, A R e i T AR
FI PO AT R E . Zhong H X&E A
RN GE T AR A P o () £ 55, FIH
TAES RIS RME T A TG, #2
H TN AL S A SER, Li J JEEANS
P TR T IR AT 5K B X 4% 11 K
T7E, AEARER R R S T I A Ak
FFREL, AR d 7, YR E R ] K 2 4
LI T RO, S E RIS ER SR
UERN T3Z J7 406 0 45 S 5L A AT fid e ik
Liu Y HEEAUEH T—F T 3ORIZ 3

(755, T8I AT 5 Tl R AR [ R A
DN AT AR AL P 58 v R AR S i A S
Zhong H XEEANSUELE T AN TR REN
WEFEI L IR S AR AR IBTFE 7 17, IF
IR T SR N TR R AR
B, RN AT B AR IC Bk i, R
AR A R TT 1] o

AR, BUE WSR2 BER A e Tl
MR AL 55 IT e, X se iy P
T5 AR R WSS N 82 RN, BA T7
HRZ LU R L IR BT N
T S5 SR TP IE A S e 2 2 SR A O ke
SERSO M/ A, X TR A) S R
WA IR PR AR I 2 3], DT L 436 S IR ASE TR )
FAPRTF R o

3 FIRFMHE

AR SR P R R A R S R A
FA) 35 A A R T R 2 PR A R AR L AL
T AL 3 5 ) e 5 RO = F 4 A e,
PR AN E2FT 7R

(1) #aR e

8 S R RE ¥ A | B NG € N RPN E S IRN
TR ATF 2 114 S 5050 4 43331 F 3 S0 IR
T RHHITE R OC F] 0 2P 0 B 5 =%
Gy SL[FA R o AR SCAE R A S R e
Y 3 E AN TRV TR 248 S8 A v A ) 53,
FEE AR ZE H R BT 9 4 R0 w1 A RE 5
HE, fE 2018 “HENAHIAR” Bl A T
REPE B FE AR T AH N I £ AR A, (]
I, I 2T R 1 R PEIAE 55 & LT 58
06 H e 1 G — e 2o AR SOl FH I S BG K
PRI 5150 000% A28 A H
24 0607 &M BB . Hr, il
PSP A R TE 4520245, FHKEE
Z183Fh, SOERI23638, BSif s ST
PN AH R 55485%, Hluegh 22k, BT

2021055-4



168

BIG DATA RESEARCH A#ifE

S

________________________________________________________________________________________________

HRHAIIREE

g |+ Cieg)Crpmgs) |
B .
L + (PRt ) ~-(RamuEdE)
) v Cremmm)--Crm s s )

Bai'&'EE

5% 715 2P R :

2021055-5

B2 SEERFIRTNRIE

ANFESEBCH AU ENZER, Hit, 5
B AR O IR S R B 3 A AT TR AR
R A AR TR, X g 4 2 SR 01 R )
PRI AT T FIPR AR (B BA
BT ) T

(2) e st s

WG PARBCH 3OS AN R 2R e
YO EI AT AR =X, S
FREE NSRS BLA 2R S IA L A IR 5%
WRARA NS EE R . BRI R

% S5 R U AN [R] Fh 28 28 R B S0 4 ik vh
N EREE, BRI
R SN oI EE S R TIPS
R ABGEERAETH A F IR ORI

ERpe e S PSP AP RPSE NPS
SRS, AR A A R 0 A T 1 B A\
o ARSI o EE A HUBE U X 2R 12
Sl R T B R AT AT, IR AR
PRI EZRE B Bl S R AR 2%

WRARE R G, 1358k



STUDY %R

169

T34 255 R L o

(3) Hl PG5 R T

ARSCR AL B O R AR I 4
BT R3] J7 W03 BRI T 3k 25 T A
TR S A YA R R TR S S0 A R,
SR AT 73 B SAFHEAT IR AT L JR44
FIIRT TR S TR0, e 26 45 2 45 )P R T
MR

4 ARBNGE

TG, ARSCES F R B AR 22 5
P i 2 6] S e S Rl R SR 52 i AR X —
[, SR HI2E T Mask 77 kA P 22 il B
I3k, PR T RG] R IR A E Bl il
ROR o PRJE WL ATk 45 ARA AT IS4
THAE 55 R AL, 3 A6 3AME 55 181 T 1k
SEH TR, £ 3 2 AT 55 Hh A7 A2
KGRI A R, 7 H T R TR
Rl G5 R A ST AR TN A R 5 B AR
P PIAE 55 AN R 5B A4 HO TR TR 2= e
[l 45 G HRIESE IR TR TSRS
T M2 e I Y R A T TR 5 B0 2 S 4
s R EE PR R X RIS AT 55 O 52 i
SLEE TR R BB, 4 T BT R
JE S 2R B S AT T AR T s
X SFI R FEAT IR 5 I 25, LB T RAT
PP

4.1 ETFRETHIREFRERHHN

AR S E B R 2R, F5
IR RO P R AR 4 el o Hor, Hask
M2 — DN ERERMND, s B
R G SN S EOp SIPSEZSORNE TS
W R T AR RN S A S A X e B 1
R, X L5 E R R T A EE 2L AR A
— RN SR R AR R R DAL ST

PRI AR R N A TR 2 5 2 S Stk
TENFIN, iE— A e BB . —T7
T, RAFRIF G AL R M E T — L
HEMFE, Bk R RN %
PEFIR TR U, B A
i 2 IR AR B S L IR AR A Y T3
MZER F5—T7 T, SEAA e rp i EEEL[A]
B — SN, (AAEBL S R, e ]
IR A AR I Bl BRI, PR A2
ROEN A R TR A3 J7 ] fE AR
S IR A ST R R I, AR A AR R
WK I, ARSCHRYEA R S04
EENES ISR LSRN E LRSS il 2N
FREE, J 92 IR B Z bR 25 I e SR i v il Y
WA, B AR iR A e T A AR
M N BB, BRI BE3T 7R o A
PELZRATHEAT PP A AT DA S B
FRLR s i R SR R AE R, —

E Dai i

RN IR, JoAAF AT RE.

SRS : REGWHEANN BB FR, T
199SAEAE PR 7 RBUR) M BRES WS B T 28, 19984E2H 42
— LR L, 20054E4 1S H AL 3R, 20074E11H
LB T SRR RIEAE A R AT,
KW EM2013485 4o 25 BFE, REGPEIIRIE

<

TR

W5 WSJE o e
A¥x Wi

RIEITR
JiE XL 55

L

HIRER A

| 1998MEDH &AL, 2005441 1SH R AERE, !
| 20074E11H AL ZEHT . !

S e e e e e e e e e e e e e e e e e e e e S e e e e e e e o ey

e

B3 HREBRYHERE

2021055-6



170

BIG DATA RESEARCH A#ifE

SE R R O R T E R L, ARIIE T
FIPE NP, ]IS A A8 R 25 HY R ) e 2
SRR AT AR

AE ) P B 2%l B A Y i ok i R
o, RSOOSR SO AR Ay 2R g JUAR, 2
THETFBERT (bidirectional encoder
representations from transformers) 5
AU A e B A F EOT . AR, BT
LA R P ERAKEZERIRR, SE—
SORG R ) B ZE A A A [ B2 AR 2 045
IO, X U5 e 2 B EL S R .
FET M, g — A Bl BB Y A g N R T
MaskJ7 ¥ EERZ LS, LggH A A
B 5T

4.2 BETHRERAMFIRTM

ESURIDPERSE S e ot s ESCR R P SFS
W ARA SR =8 H k. A
KL B HAH R AR R AE LG T S5
IR T A REE R A . I,
AR IR SR E IR B, K ikl
PRI E 55 53 B vk A€ T . 44 15000 577
ST 34 FAE 550 DAZE Sl I Hh fil B HY
I P B AN N, FE TR A ST T

Hs R
[ ] o =
r r r
ARA R Ly e TRUIbH4) e
i i i
A A, BWHE
______________ S
COBRA D OMEMD )0 MRG3 ) L[ MR

2021055-7

4 SREFIRFUNRE

W5 SRS S AR iR S5 T L R A4 T
TR S AT 55 53 1 AG e 7 F) - 2R A
W, AR R E 4R

(1) 267

A E O N RBE AT I,
B ] T A R BRIAN LSS, #CE TR
T RHERE R, fE— MR R R IR
AR, HERE S AT AR ARG . A3
ST R EBELR S5 EE RN, R
PR Rk 45 HPARAE — SR A HE X 43 1k 4%
WETL . WRSZ | i HE B I SR A
HAEEFFAERINERNAE S HINKZHE
LI TR, JK B0k 25 10 0 B PR N S0 TR G ¥
o, ENTHTE SR AL B e, X o9 ME B 4%
K, o GE IR S IR R 1 £ A T 2 SR
I FE o FFRHZIE, AR SCAR A S5 A5G
FEMRE, IR TR E R A 5K
EAZ AR R, TR TR TR G55
B IR ST T o % 0T R I BRI
AT,

O HIETA LT EE R, £50H
PP 183 Mk A, K136 >
R B K435k, AT R B IRIE R 5%

@ i FHEE TR B A 1k 4 o 2k
an S A R A TR B FEAT 4 2R, T
BN ERm 5. AR & kAR
ZH G ZE M4 (convolutional
neural network, CNN ) FAG IR 22 %4 4%

(recurrent neural network, RNN) , &t
SR E A SoftmaxsrdEds.

@ ZiEOhRI5r 185258, FIE i
HY IV S5 25 8 T4 X Tk A5 i 2 B TR R
%ok

@ FEEBETHIXK ik, WH B
IR SR o SR AR O T 25 21

& BB THIRE SR, WitE—F
R SR P T 2 A A\ R B 1 2 TR
B SIRIE R SR R AR AT kg 26, IF
O A A4 2R AR



STUDY %R

171

LR AR S5 A A B BT 7 o 1% 07 ¥
AT Z PSRBT, fE— R g
T ORGSR, BRURSE T
R AT AR o

(2) R T

SR N 45 8 1 AT R A AL SR R S
F1 31 T 4 4 1 e 48 4R 440 A0 Gl
3R AR X A R 4R 44 i, HaE
B R AR AL AN 7 57 8RS TR
FAE, MLFEHMRE, Ba ML H
SO E| R R SR PN 7 N =X ik
SEEMA RGN B 24, I,
ALHR B I8 S XA FR A N AU . 24
IR R A0 88 H R AR 5 A A A0
PIES, MICEETF-BOk A, PR R4 0 58
F-Bor AR A g BUS 27 L ha
J72, EI A0 R R B3 B X4 SR 1
KT o T IUA I J7 VK 2 208 T X P
SO ZE S, DT T 5 45 T (A 2 SR 7 A= 5
Mo [FE, V4%, AlVE MRS A2 A
FEPVE T R P S BRI, BIN AN TR
FREEMRU TR 42 W00 LA B N, £
XEL A, ASCHEH TR TR S U E
SR RIFR AT Ty v, BRI AR,

O o J4) P AT Kk & 43 A 4
ABERT 5 [y 4 i i v, 7521 4H B 119 1)
TRESR RS TRa,

@ [ S B AT B —
MHREZ A s SH— A a2 A 4%
A Ha s

@ fd B L AR 2 EHUHT B
— AP E A s (1 R e,

@ TR SR e TR
FEEM TR B A s ] R R

® jlE it Sigmoid s Zeas LI TEA
10/1 =584,

BRI 6T 7 o SEEIERT,
Bz o7 N T AR A IS5 I, JEA T
AR REAS 2 T 32 Tt

i
g
h

=
I
T
X
a

SIS
A Logis, | + [ _Logits, 1,
- T
e ) o [ B
o B SR A H
([ Togits, ]+ Logits, | + [ Logis, |
i 1 ¥ '
W Cmewn ) [ gEma | o [ B ]
HIPER A

B5 ETFERUMEGSOEFINEFRTINEE

| 4 B R

T TR

| gmEan || wko
. 3 £

\[HgEEAn [ kA

____________________________

Bo6 BT EFSBXNEFUNFIINER

(3) JI I Fm

T S48 5300 308 e S SRR S e 2R A L AR
KL G AR 3 TR 5 B 2T 4
G AR AT TR IR 2R E I, R
O~254F AT R 43 20 TR X ], AR AT
Rz T A PR B KR B A, DA [FTR
W SO E TR s 22, AE— AR 48

2021055-8



172

BIG DATA RESEARCH A#ifE

INT T AR S B R R 2 . RN, 7R
SR N H A AT T IR AONAE 55, K BIAESE
ST IR H A A — B RN e 25 TR EE A
=, XEEEEE AP R R A+
STERELME o EERZ A, AR SCIE gy
Wit RS S IR SRR 4528, 1R
TR IR JE 2 R 5 B A TR T
T, BRI,

O DUFFR AR e B AR 2 Ak
fith, S5 AHELAREE 4% IRERE LI N A TR A
Toomis v @ (AR B8R =
TEEZRRE VR AL | ORI A
HHEAMJEMESAEH]) , FFRIEAE 2=
FRBIBNRI 3 N2 AR RN,

@ ff HBER T #4350 H| e B 22 4]
SEMEEHE T, KR E R A
T KA E A5 2 HAS TE AR, IR
FILAR Y 77 20K TR i AP S 22 AT 1
[ RN, AR E ERHIE

@ i FHZePE P82 1 7y =K (R AR
5EMRERG

@ ¥at e s R Rl ACNN |
K53 #1327 (long short—term memory,
LSTM) MZFTEIEERH5T (gated

-

/

i

TLAITRINZG S

"""" [emssie | mbesrie]
HHEDEE

Bttt \ ‘ VERESI B \,

mpmgn ||

wHEE |

B7

2021055-9

ETHHEMN SZREUS EOVRIF TN R

recurrent unit, GRU) 3PS 3Ef TRFIESE
B, PR 3SR 1) AR BN, A 2L
S AEE 1R 5 R A SPEA RN W Y 2R R R T
TR0, BARSEH S R an B 7R

4.3 TRER5HH

KSR AR P B EZERFIF (HiX
3T AR SR A A5t L 22 by B ) e T
RS T, KR P. BEZFERFF,
AR (1) = (2) A=t (3) fr
7N, HH TPRIRIE T %I 5 %I
FEARS B TNFRRIEA W 1% HAE
TAZEHIREA L B FNERIRE W4 513%
FAEJETIZISFEARE & FPRRH ]
ZBENE T IZ L FEARL & BTG
ML 45 R R IFNR 2,

TP+ TN

= (1)
TP + FN + FP + TN
ro_ TP (2)
TP + FP
2PR
F = 3
" P+R (3)
(1) BEEZIHI

TEEZMEUESS b, ARSCH G 1:11
Feil & 43 il 25 L SRS S R, I
FES T FE Ze A5 R | 43 Ji] R A7 ) ok BE 22 4l
s, 28R IER1, L 25 R 7R, CNN
BRI 5 B T LS TMBE Y, [ERE, 225
BER TYEN Ik A J7 2%, BERT—
CN NI 4 485 SR AN T T JE A T
AT Mask Ty 23 AR 22 il U Y
IS T df A5, 5 BERT-CNNAEAUAH
te, HAEF (E EA3E]T0.01%1 T

(2) YT

X T HRITMAE: 55, AR SCHE HE 38 HE
HR AL I8 1 1 i Le ) 4 I 2046 | 55
RSB, i EECNN S LS T MR
TFERFEZAR, BARSLE 25 R 52, SL5:



STUDY R

173

SR 7R, CNNAE AR 34 A R 0 A 55
HREE AR C T LS TMAR AL, AXSCHE IR
TS MES TSR TIRIFHIAIR, 5
P B2 AR A AR A I A2 T

AR, AT H A e B Al U 1
LS5 qR4 L AT 7 500 A b i
THT PR T ) fie 2458058

5 &FiE

ARSI A R EHCGAISCAS L R
JA 5 FH O 9 2 T I K A SR A TR T T TR
T 95 AP PR T AL A R, WA T
BT R BOH A R E U i A AR R TR
M7 B AT BER T AR I (g ) pe 5 2%
‘) A EBURSE B S ) e 930 00 4 0 BE AT T AL
M, RE AR T E T RS S5
ST AT T i HE TR A SR L
72 e A AR 4 T 5 R 3 T R e 1
5 2 1T A5 B R Y 0 O v, R
T RS AU HEAT 7 SE 56 56 o AN SO R R AT
GE IR R TN A 55 32247 T A 3R AR
2, NN T REER & A vA U b I 42
T HEENZH N E,

SE:

[1] KORT F. Predicting Supreme court
decisions mathematically: a quantitative
analysis of the “right to counsel” cases[J].
American Political Science Review, 1957,
51(1): 1-12.

[2] NAGEL S. Applying correlation analysis
to case prediction[J]. Texas Law Review,
1964, 42(7): 1006-1017.

[3] ULMER S S. Quantitative analysis
of judicial processes: Some practical
and theoretical applications[J]. Law
and Contemporary Problems, 1963,
28(1): 164.

®1 BERHNESILHNER

et P R F,
CNN 0.680 0.694 0.687
LSTM 0.554 0.616 0.583
BERT 0.733 0.739 0.736
BERT-LSTM 0.719 0.724 0.721
BERT-CNN 0.754 0.757 0.755
ARICAEE 0.771 0.759 0.765

R®2 HRFMESILHLER

f£55 il P R F,

VR ST CNN 0.83 0.84 0.83
LSTM 0.80 0.82 0.81

ARSCHEY 0.88 0.85 0.86

e T CNN 0.72 0.76 0.73
LSTM 0.69 0.71 0.70

ARSCHGAY 0.77 0.79 0.78

TR T CNN 0.68 0.72 0.70
LSTM 0.66 0.69 0.67

RIS 0.70 0.73 0.71

[4]

[5]

[6]

(71

RINGQUIST E J, EMMERT C E. Judicial
policymaking in published and unpublished
decisions: the case of environmental civil
ligaton[J]. Political Research Quarterly,
1999, 52(1): 7-37.

LAUDERDALE B E, CLARK T S. The
supreme court’s many Median justices[J].
American Political Science Review, 2012,
106(4): 847-866.

LUO B F, FENG Y S, XU J B, et al.
Learning to predict charges for criminal
cases with legal basis[C]// Proceedings
of the 2017 Conference on Empirical
Methods in Natural Language Processing.
[S.1]: Association for Computational
Linguistics, 2017: 2727-2736.

JIANG X, YE H, LUO Z C, et al.
Interpretable rationale augmented charge
prediction system[C]// Proceedings
of the 27th International Conference
on Computational Linguistics: System

Demonstrations. [S.l1]: Association for

2021055-10



174

BIG DATA RESEARCH K&

[10]

[11]

[12]

[13]

Computational Linguistics, 2018: 146-151.
CHEN H J, CAI D, DAL W, et al. Charge—
based prison term prediction with deep
gating network[C]// Proceedings of the
2019 Conference on Empirical Methods in
Natural Language Processing and the 9th
International Joint Conference on Natural
Language Processing. [S.1]: Association
for Computational Linguistics, 2019:
6362-6367.

HU Z K, LI X, TU C C, et al. Few—shot
charge prediction with discriminative legal
attributes[C]// Proceedings of the 27th
International Conference on Computational
Linguistics. [S.l.:s.n.], 2018: 487-498.
ZHANG H, WANG X, TAN H VY, et al.
Applying data discretization to DPCNN
for law article prediction[C]// Proceedings
of the 8th CCF International Conference
on Natural Language Processing and
Chinese Computing. Heidelberg: Springer,
2019: 459-470.

LONG S B, TU C C, LIU Z Y, et al.
Automatic judgment prediction via legal
reading comprehension[J]. arXiv preprint,
2018, arXiv:1809.06537.

YANG W M, JIA W J, ZHOU X J, et al.
Legal judgment prediction via multi—
perspective bi—feedback network[C]//
Proceedings of the 28th International
Joint Conference on Artificial Intelligence.
[S.l:s.n, 2019: 4085-4091.

YANG Z, WANG P F, ZHANG L, et al. A
recurrent attention network for judgment

prediction[C]// Proceedings of the 2019

[14]

[15]

[16]

[17]

(18]

International Conference on Artificial
Neural Network. Heidelberg: Springer,
2019: 253-266.

ZHONG H X, WANG Y Z, TU C C, et al.
Iteratively questioning and answering
for interpretable legal judgment
prediction[C]// Proceedings of the
2020 AAAI Conference on Artificial
Intelligence. Palo Alto: AAAI Press, 2020:
1250-1257.

ZHONG H X, GUO Z P, TU C C, et al.
Legal judgment prediction via topological
learning[C]// Proceedings of the 2018
Conference on Empirical Methods in
Natural Language Processing. [S.1.]:
Association for Computational Linguistics,
2018: 3540-3549.

LI JJ, ZHANG G Y, YAN H F, et al. A
Markov logic networks based method
to predict judicial decisions of divorce
cases[C]// Proceedings of 2018 IEEE
International Conference on Smart Cloud.
Piscataway: IEEE Press, 2018: 129-132.
LIU Y H, CHEN Y L, HO W L. Predicting
associated statutes for legal problemsl[J].
Information Processing & Management,
2015, 51(1): 194-211.

ZHONG H X, XIAO C J, TU C C,
et al. How does NLP benefit legal
system: a summary of legal artificial
intelligence[C]// Proceedings of the
58th Annual Meeting of the Association
for Computational Linguistics. [S.1.]:
Association for Computational Linguistics,
2020: 5218-5230.

(1979- ), 3, T, (PR BN S E S HOREBRIZ0R, ERH507 A ERTE AL,

2021055-11



STUDY R

175

(1996- ), 53, INPE KAV STHLSF B AR LA, FRRTFETT RN AT F AL

(A971=), 2, WL, NPT L S5 SR A RIS, ZZET 5 TT A A AR F AL,

(1963- ), &, WL, NPT R TN SEEBORERHE, BEATFTT AN ARG F L.

WHBEHEA: 2020-12-23

EIS1EE: K58, zhanghu@sxu.edu.cn

EEWH: ERARAZERESTFITHE (No.61936012) ; FR ARG THIH (No. 18BYY074) 5 IFEH HARI 23S H )
TiH (No.201901D111028)

Foundation Items: The National Natural Science Foundation of China(No0.61936012), The National Social Science Foundation of
China(No.18BYY074), The Natural Science Foundation of Shanxi Province(No.201901D111028)

2021055-12



	11- N.pdf

