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Abstract

Utilizing the existing data to further analyze and help leaders organize their work is a potential and challenging direction.
According to the characteristics of leader information data, the leadership team was analyzed using the person-position
relationship judgment method based on relation graph, a relation graph was built by integrating the leader resume and the
multi-source information from the database. Then the information such as nodes and relationships in the relation graph
extracted by the network representation learning method was used as features to input into the classification model. By
using the proposed model, the relationship between people and positions can be inferred. The experimental results show
that the method based on relation graph can well capture the complex relationship between people and positions, and can

accurately judge the person-position relationship.

Key words

analysis on person-position relationship, relation graph, network representation learning, big data

2020059-1



130

BIG DATA RESEARCH A#ifE

2020059-2

1 8l8

T A HEAE IR SR 5510 T
8, T ZU R IR IAF B TR, XA A HE
Fradi L, SERACEIRITRL o PIT2 A A BdAR
B, UG F I R L BT S 4
THEBER G — B RUT  An a5 Bl
BT BOT T E e 5 0T H], #BIZHE
IR S5z = AN R oy S R BvivEe 7 d ei  ~
ANEAT PR Rl KB PSR AR T
HOR B SR, W HRR G AL
PR IR A HE A, AT LA AT B P B 4
HEFEE R R IR ZE G TR A, R R
TAERIRL ALY LT 2 R 250
AT (s ) iU Tk Ay
Prab s, [ (E4s ) T s e s B E =8
P, MFRIRKFR, 878 T RO Z (AN R
KF o EEHNEE CaE R BN &S]
E55 AR T EEAEM, Wairden, 4k
BTN | B A

FETER AR ST BRI AR o, AR M R 1Y
TN R LR ], BISEa 7
R A ) WS W (EAESE
PRz, Al R A7 A B A e
ANBEI A2 H 28 & R k55 75 3K, FESIA
Jr I EE AT T3 35, HESI R 5155 R
JERhEr, BE— P HE T AL 2T AR AR
The . SV T @i, HEFE
RZ R, AN Le \ATIE IR 27, kLt
N [FZF BB T, WREE N 2855 AR ]
— P AE, W EE A A SRR AR
2255, WL A—E S P, M AT
SAEF — R AT IR 24 (BER T T A PR
(HR R ) o FESEPR TR AR,
L2 18 1 T AR PR N T A el i 21X 24
MR TARZE 1 Mo IR 2, Jee— 1
ARHFEIN 2 I A

R 7 PROAE , AR SR T W 24 R
573 T3 e B A A T R A T R A AT AT 4
W, TTHIEE N GO R EE, LA RS
BRI VERCHERF , S AP AR EL AT 2
T 8 TS R N 2% e 7R 7 3 T ¥R S B
[T AN BRI B AT, 0T 1 s s vh
AR AIFRTT, DA X 26 TAEER ] 5 45
PEF-HoAt ol A Z AN ZE SR SC & T BB [
AR, AT T AL SRR B A7 A2 AR UL B,
NIRRT YL T4 B4 B

AR T TAEASE L LA

(1) IS 5 3 5t 2 BUE s, g6 AT
B B S, EANARRN
%o HEAL, RN SRR AL Je 1 55 TF il 2 4
AR

(2) NI A LB F A W 4% 26 7R
T TN RIS 3R, $RHT R
(NG RS ) HURFIEA I 28 5548 | SR 2R
G, ARICRF 3% (heterogeneous
network ) /R ¥ FFEmetapath2vec!"
A ) 2 5 7 BTN GO 3R I 48 1R A T 4
fEFRTRo

(3) H: T4 B W 48 4 A HEAT A U
B2 2% ZR TR , {5 I XGBoost173 S5
IIHT AN RIR ZRHIVERC R

(4) ¥ (2) (3) AP BTy
e N S R L AN U N I S
M (network representation learning
for person—position relationship
identification, NRL4PPR) J7 %5, 5156 24511
FMA T NRLAPPRIT 1A 2k

(5) HTRBINRLAPPRJ7 ¥y al fif
G, S — AN KA S ot I % % 9 5 E
7 254 R 2T o S 25 SRt — 2 3R 1,
NRLAPPRIT LT LAAL B2 TR IR, 25
=SSN I AR

(6) fE bk TrEm Rl b, ZH—1
UNGSEENERTISEIER 208 S A MpSP A o ey T il
AT AR E R



APPLICATION i

131

2 HXIfE

21 ABXETHR

E PN S SEYaal L st - Seika |
LA ST, U AR AR, ik
D RN 43T T % Chien C FESEAfH
FH R AT 7 2 B A MR 545 36 A1)
KFR, AT ENAREEMEEE A ; Jantan HEEAM
FIR A AP R T T/ERI; Li LY
S N DO FAG IR 2 255 53 T B S 11
TARRIAL AT T o 31X 2877 35 BRI
K Z M FE T3 T BUS T BRI, [H R
HISFHRTZIAIFR R

ARk, BEAR T E AR R T
TIRUZ AN O F DA B P 25 R R AL, 515
TWEFEET 2T, HagI A AE
KAWFE, Liu YEAZ A ZIRZ RSS2
SIS T R 2 A M 4 B fE
L, AT A P A R s . B A5 N E
MEERTRER, IHET A TEL
S B P ERO 2k J e R U, I 4t
MTHRNE AT R A, A T A A s K.
el JHS it S A9 A R 4% PR 1, AT AL
SIAT T E N AT IR IS, FEARE AT
TR AU BT R B B IR BTSRRI T
YR 12 8 AR AE N T PR T A RN
F L RPAR B A e {5 B A C R4, K
s 2 M, (HR LR BaRE
PR B S R4 O RN KRR R
I 25 S (A il 3R R He L T [ — B
e, BLFR RSN R—IPE) , ®E
PRI 45 T R SURFAE o

2.2 MERTFES]
I 2% 25 7% 2 1 (1 B BT A2 8 X 4% v 1

R B BRAE (] 5 23 (], R AT RR AR BE
L FD G M R T RARIE SRS . IR
TN R 2 T ] e LA A S 55
RSk, WTHT RS TR 55K
THOm <

BEE G A S BORHIH B, W o & 4
HY T B TR B R R 28 1) 3 TR 25 ST
HlinDeepWalk"Flnode2vec!'5HE i £+
W 2% B FEAT BERLIEE , ARG AT R I
M4RJE, AT SE > R R E R & . LINE
a3 AR AR LB A 2B AR 4 OC 2R, DAZE ST [ %%
(A J= BB AN 4 {5 SR GONGE IS 7E k%5 I
TE G REFLIN Iy A1 SR & H A e 4
TE(E IR, 2 AR I &R IR,
[ J5R ) 2 _E 1R 26 7R 2 ) 07 WM L IX 43 AN [F]
LMHR R, TTEMRFEEIEEE,
BRI T 5 5 41 HE S 0 D 2 1 3R 7R 52 > O
o HAMREMERZE R HTTEEAE (meta—
path) ¥5SEEALIFEY, DI R HU R
W28 N AT 2 TR B A A A SUE o
Bl imetapath2vec LI T B ARG
Wik, SR B AN IR AT R AR R S 4% 1
M SRTARE AN, 97 Skip—GramfsiinT
PR T NPAL AT AT ™ A AR, A
PR FREER S NG RS2 R
TR R, 5IATCEARAAEE
A THIEA SR R WA R

3 ARXEDRHE

AT R I 24 2 7R 2 ST AR BEA T A B
K Z AT, B AR B G R AR M 4
PAR, T 0 2% R 7R 2 3] BT RORT 5% 22 46
Ak, TT3HT AR 2R

31 AEMAXRMYSE
TEMEREARGAT TZ RN REE

2020059-3



132

BIG DATA RESEARCH A#ifE

2020059-4

SE , Fe R EE A 0 B R Y. T T
NGB R RF R, W R A
HEARGIR, FPR, TIEEE. F
JE AR L AR R Nt S R R R
BEAR, TP MG S FRALE R IL A
HNAIT MK, MRS 51
W HASHENKEI,. 2 55 HS%
o

TS B AR R A TR AL
AL G, B o B 2 A EUR I i B e AT
BRI, WA A R TR
O ST 55 SRR A RIAE, AR
Bl et WH SEs BN TR, HREARE
NG HAEFEAEREAN RSB AR
s R, A RS RO ARE AR,
NGRS TIERAL, NASELEBE. AR
W H AT Z 18] KA AL 2 (]
LW FR (R o AIANB I EPERIE RS
HBhEE, BNk =M BRI R AT
REA AR (S2P7) | #FgeAEERl (2257)
SEANFEREE, AN s a8 AT Ot
R HHTRAL R TR . BJa sl — A TR
FEE, PONERHTRRISC R IBG 2T,
BRIz B — s B e 450, TR
AR R

N G5 Z8 R — T 3T R R 2L 45 4
HKEELTR, BT (L) Fil (HR) A
B, BT RAGR —ANSER, TR IR SR
HEARZ AN R, LB TR A S 14T
W, ME TS ZHIREAN R K REE
(I LI 7)) o I8N E R R ok,
S I R s AT S, A (A
TAERRALAE D) SHF T aUE M CAn i
AR SRR AR ML AT HET

3.2 ETMHERTEINARKXRIT

G RAAE TR T ¥ N L R
FET, W4t 2R £ 7 R B 2 TR

P 265 o T R B AL N AR TR B 3R 7R o AT
SCHTIE, W46 7R 27 S Tl R S0 Ar 5 R 2 1A
HIFRAN S5 A 285, BT R Al — A
FEAE [ 4 o SRR [0 B 230 T 19 RO E B
FRAIEAS S5 A AE N 45 TP B SR IR L, W]
FLEEN T 2 M55, gk i S5
TR,

REXA 5 T 25 08T, S o T 4% 2 —
P& T 2 MR B AT RO B 1 4%,
G=(V,&)K I~ Hr, vERREPAAIE
B, ECVXVIERIRITA TR P Z (A2
R, AN ZE T S RSO 2 [AI 2R R AT
ZFRAINT . AFIR A BIF TR s 2
TS, 5 |A[+|R|>2 , WFRZ
SR, TN, FRZ IR BT 2%

AR AN B OK R e O I 4 —
AT IR BN 20 7R o R Bl R T
SFhRAAT R, LT RIAICAA R R R

(B2 dik) o BT AR FR T2
T A AR AL Z AR 2R (REZRHTR) o

FE X2 JUHARUY: IR £ R R
B g T R B —FE G KRR, LN
P=V oV, >V, PRIR T HRAEALY,
By AEN—MEER R

ANTRI A TE BR AR AR A R TR UL,
PR B2 Y S5 4 2 s 1], TT PAE SC
TCHAE N A BN R RN
N AT F— Bt Teidis “Ri— AR
— A N A= RIAL” IR B A7 AR
el A —Be A A B2 (CAHEIBIT ) o

EX3 FIRMLFRRTS] (WA R
FEZEHR AN 190 S5 I 2% e R 2 S B H Y
o S SO P 2% T ) T o SO IR A 2 1 1
RN WA E—DMREMEG=(,E), 5+
JE N 45 32 78 2 ST R I 4% B A — AR
vE VS — L[ EE X € RY, HH A&
P2 e /N T 1 UL

SRR 28 TR 2 ST E AR R A ST
AL TR BB AP B M OR B o 4% HR 2 2k



APPLICATION i

133

TR K FR o SRR 45 7R 225
SRLVE AT DL H AN (] A0 A 1 A (a5
TR RS Ze W 4t) , HERT
RISV AR NEESRIYYNE S N P NG < )
DUAR G Ah BEAS Tl S UL A ] 28 1) 1) S
JRELAE , DT AR B v R iR SR
RAIER

AR AT e B AR I S R I 24 3R TR
>)J7 Emetapath2vecWHHT A KK FR 55
M, BRSPS,

(1) FRUF N AR

T 3 AL A 2B B E T PR T SR
H TR BB — A A E R
R EE BTN E, BPA—E BN
R RN AR R T RO — A R AT
BEEE, HHIOA A, FENIZ AR &5 E S il
B -5 1 A2, BB 7 AR B TE 1K
FE o AEIX— IR, N AN R
HRIETI R, AR 2 25751,

(2) TR HIIZ5

ST H) 2R T R O R A5 A S
B, DI B8 P A H A BT R I ARRAE R R
X B TR, B — T A AT
e 1 B SO (RIS 5 R R
TR ek . FF Skip—GramJ7 i,
45 T8 — A RAE RO R, R LR AR
TSR B S R TR IR R TR
[ R FEALRIIG O, R 2R R, RRAE
[ S ASWTOCAL R 38, T 2 AT 5 o A 1B 1
W _ETN SR MO, SR ) B T A 2
T SRS A5 R

(3) 5T Z

%5 R EBNIZ I R M 4 RN SRR 2
TR AL, BT 0 R AR Y St I 245717 U4
MR R3] T metapath2vec /& —ff AL
T IC AR I BEAL I B 77 4, mIE R 2k
TR PR R A BB A 25 T S S SR AT I o
Y SETCHARP =V —V, >V, |, NIHLR
V TRy R, BEPLEE, T Ha T

P

AR

AR
Bt HFK
ek
BT
TFAERBERE ~—
BRI - - -

B 2 ARKRZRZREMEHE ST

O S— O
L N
A AR
O O
i /@— Bobe —@\ o
A AB

B3 REMBREIPEXBRFETER

FISEIR Y, AR TE S S LI
FETE % _F AR S R, T R B
BRI

2020059-5



134

BIG DATA RESEARCH A#ifE

2020059-6

(4) NIRRT

A GRS A A T, R
AR A B RS AL AR AE 2R R (]
L, HRHEIT AR K RSN AR KRS
M EIRZ O T BN GO RS AT i 4
A= OR LN YNGR =R YA B
TP SRR N ) S ) £ 5% AE (DL sl YRR R A T
Ao N T R AL, AT UK L B
AT 55, i BA A K R EE, 18
A ] B A L kLI R o AR 2 A T
AT ) T 19X 4% R R G N ) A TR T TE IR
RPN B e o AXSCELEG: 2R I X GBoosts3 2R
o, BN B AL SRR AN AR AT, DAY
W B N BFINULAE 2 (A& TR
KR

4 YRSIE

A ESHR BRI, 25
HEFTSEHe, SR SR A AT 40T

4.1 iR

9T B R ST A HE A R TR 4% 1 T
FURFAE 22 7R 22 2] J7 ¥EAE N B 18 il H i A
WMk, EFAELLE I BT T, B
JE BRI AT A T, S HUCkR B E & T
SENT SRR % (China Stock Market
& Accounting Research Database,
CAMAR) i Eii A a1 SEHIRaE T— 1R
HANGRS (staff) . K470 (occupation) .
LW AFE (enterprise) . 7D

(domain) | JE_EATHLMAI (institution) FA
B BEfE U (university ) &5 17 5 A 5 57 1N
%% Z RN 4 A S X BT R Al 2 R
KEFR, MAGREAFRINEMX R, ARSA
RZARRERFR, AR as R,
NE TR SURESE . BRI,

PR AL 15 201 84EFF IR FE I IR 7T |
THARINMER#ES | WHLAN =T H
G, FELAX 28 A GO HG, SR AT 35
& A BT AR RS Rl B EE
oo IRAAREUHI6 R RL 55 ABS (A
P E) | RAZO (e | e LR
W) . B ARE (g I & @R 1T Ry
HIRAR . TR B AERAT) 7
D (ks gyl 2N | B A
EEIRAING U ENE N 23 5 U N R
TRk I & 2) sl Be iU (A B
Kog, AERiReE) , PIGRE R EiiAH]
(BRI RS emined g (A BFE_ETTARE
U)o A BRI St 50 (A BL4H
EHEEINL) | SEJRK RS s (A BRI
B—MANRZAAERERR) | AR
KRS 17 (NGB TZBERR) |
e LA AR R RSk 51 (A BTE
Ak L AT ESAVAEE) | BrEfrlle &
Setuines oy (AT AEMATE ) o 1E
BT Z R RN AR, RS
K AMNBIRGT TR, HAN, RE et ®
FET AR EZRRE, g— AR A A
S2ID, PMEX 55

4.2 HiEMEESHRE

N B 5% 28 T 52 56 >R i 3 4% T
1% (0—>S— E—>S—0, £RMA K
PR —ZK i AREBRIA 5L
0—S—0, FLIRWA K ALAFAE L F A
73 0—>S—>U—>S—0, RIRMIANRAFELEE
T RI—FER A D) 3EF TS5

N GIAILAE 5C 22 T S 56 345 FH 3 4% 7T Bk
12 (I->S— E—S—l, R MG Z B
FEAEH—R EATHEIR AR [-S—1,
LRI Z AR R A B T>S—
U—S—1, KRG Z RIAFEFERAL T A
—BEAR AL HEF TSR



APPLICATION i

135

SZIGHR A DeepWalk flimetapath2vec
PR, DeepWalk /& —Ff[m] T 244 £ 7R
F A, HAEE B TN E E, B
T Skip—GramBERAFEIIT T KR X
TFDeepWalkfimetapath2vec, JEF&ET05
AFEREAR G N100, TEEN SR R TTRRAIH
JEBEN100, FeZ AR AE SN 64

4.3 SLIREHR

4.31 ARFHLXFRTTM

R TH AR E, ZR30%K A5 A5
(R ZE T2, 6 60T B 7 s RIS I R 2
B T B B IR IERE A, fE B
TEREA R BB AL 86 BUS 25 AN A7 7R A E R £
AR, Myt g . wilan, M TESmE (A
G, KAL), ATDICRFEREMBR S (AL,
B72) VERAREZR o PFO 45 o >R FH A 32
(accuracy) FAAUCTH. % DeepWalk
AEF3FEAFTTHE (OSESO, 0SO,
OSUSO) fmetapath2veci T M4 F g
> o FEAA R ERAL S, [ HXGBoostsy
et LA _F & da S gh A TS5, KRl 2R AR 10
Ffil 4333134 B 20%  40% . 60%F180%
KN AR Z [R5 FR g THE W 7347, 52
& 2 S L2, BH# FHDeepWalk+XGBoost
TN T 2 N DWPPR

IWFE2H LA H, HIET A&
NARKAME RREE M DeepWalk,
metapath2vec A [EIZ: LR a8 L
RS Ie 25 R . X SRR TR
MBS EZNE, 58t TNRLAPPRAEA K
K F AT IR

AR, HEFEOSOTCEEA I metapath2vec
FEARHUS T HAF L5 558 (BT 1E20%
A2k L5 B EE O SE SO JT I A28 1 1 1 2%
fi£0.001, (B FR I H Il 25 Fo i 0 1
20%) , FEF & Z I BRI B 8 T

®1 NTREXANPELRL

IR /A KFRIH oA
S 22 536 S ¢—mloved_, 7 590
O 30 S 50 4 144
E 1646 S e g 882
D 73 S¢—Eue 1y 1326
I 8 427 Stk sy 55 669
U 377 OPELLLEEN 1728
K2 ARRAIXATNEIEHER
;‘E:g Ji%s DWPPR OSESO NRégng 0OSUSO
R 20% 0.841 0.869 0.868 0.868
40%  0.838 0.871 0.872 0.871
60%  0.837 0.871 0.872 0.871
80%  0.831 0.874 0.876 0.875
AUC  20%  0.793 0.847 0.849 0.844
40%  0.794 0.836 0.849 0.843
60%  0.783 0.842 0.847 0.844
80%  0.766 0.835 0.838 0.829

NG5 RO B 56 2, T HAC I T #8145
TEFH AR W 2% 55 492 25 F i FH AR K201, AN []
TCBEAZ N 7 R S G 55 IR 22 AR, T
PEAZTT LU R 28 1 S R SR A5 S, Hoak
FHICBEAZ I SR N 28 26 78 2 2] 7 ERE N
K B A AT HRAIG T AN 5 S B S ] J5
2% RIRF ) F P DeepWalk,

4.3.2 ARHIHBXETN
T E R E, ZE30% VA5 A
GO IE T, K TS B ROR AR S I 2k
8 AT A B A B MIOERERAR, B4
TR 2 [ A9 [ AL 348 S 4% AN A7 7R 1 AL
RGAREA, SR o TR FR AR B R H
HEWRRFIAUCIE , SR i DeepWalk FIEET
SEAFTTEE R (ISESI, ISI, ISUSI) 1)
metapath2vecH T4 F RS>, 25

2020059-7



136

BIG DATA RESEARCH A#ifE

[ FEfE FHXGBoost/r 2 g LA B s 4 ik
FTEEss:, [RFEAT BIPRAIZR AL I E 15 R
20% . 40% . 60%F180% ., X N GAFIHIE 2
B] (AR ZR HEA TR T 44T, SR 25 R ILR3,

MR LIEH, metapath2vecfEANH
TCEEAE LI 25 R T DeepWalk, iX 3
RN Ametapth2vecifl i JCEEFA R T
SR 2 R E 1 UE S, TiDeepWalk
I R 4% 1 S B, REN BURRATLAS AR
[P R R

AN, FTLLUE B IGEEISIVE N e B2 1Y
metapath2veciifd T i IFHYSLEe 4558,
NIZTCIEARRIF 15 R T N S 128
., T2k FISE SITC B 45 I oA BUS AL 4 1)
LG AR, XN Z A ST R
AE], MEHERA RS BT AR
FWEHL, SECTENT R R, 5%
Wi 7R ROR o [FIRE, AN RS R R 4%
OB NG, ok HISUSTHI CIE
ARG B S 56 45 R {H@ MU
K, s HTCBRAZR I S N 28 TR 7 3] 0T
HAEN WU 5 22 0BT 0 T-AN B i8S S
HDeepWalk o

4.4 ¥RILE

Y AN AR SR T i R AT (e g
A, gt — 5/ H AMiner CSPUE

&3 ATHIXATNBISIRER

T e NRL4PPR
fety VA% DWPPR ISESI 1SI ISUSI
W 20% 0.864 0.872 0.892 0.870
40% 0.869 0.876 0.900 0.871
60% 0.869 0.879 0.901 0.873
80% 0.867 0.877 0.902 0.873
AUC  20% 0.761 0.814 0.871 0.802
40% 0.777 0.830 0.884 0.809
60% 0.787 0.833 0.890 0.818
80% 0.788 0.832 0.894 0.822

2020059-8

BT ZERAR LT 693 S3IAEE
A, 3 194 405163 PHI3 883 Fha s al AT
C, UK ENTZEMR R, fIE 8 SCHER A
S WEHA T 3R (peih ,C) I8
MIER (P2 5 A ), 50 AU
it R4

KT 4C—P—Cliimetapath2vec
XfAMiner CSEHE L AT N 28 K IR 22>,
YN LRGN 5 13 43 FHZ BT S 56 15 B
I Z JEFFEE A XGBoost 2 & i 1%
R R AT L5, MG SR i 2 (Al 2%
FRHEATION, SLE 45 R K5,

MEEEHLAE H, ASCRAINRL4PPR
TR E R AR L BUS TR = mE
WHSEFNAUC, ARILT H R4 i ml o 4 14 A0
Tt o ARSCSR I 7 AT LA R AR
NRAAEE IS BT AN K< R ITED, d
CIRYIVAEE e S E &l kg NSy S Ei RS
R T RO R A T

5 AREERARSR

NI E WA R Gk 2 AE Bk TR
el b, AT T BB AR R
BT S Z ARG BRI A R R A R
AT AT AL BIHE R, SBT3 A £ 3 £
AT HTHES? o H IR E 4T 7R,
THEUEE | BEREAY T E 3N E K.

(1) # 2

WS B R G A S R S5
B2, dTEIEbE . N AR RIS
T3, 5 FANeod i ENEEA 7 i 2 I 2E o

(2) A=

T8 I W 4 2L 7R A SN R EAS R R R
R FAT AL, RN P EER
FRAERN R RAF R, W4 h &9 il R A5
B =R IR o AR ARAE A B XA R
REAHITNT, N AR AR S,



APPLICATION i

137

BT HAEAE SN THREAREHIANTE

(3) MR

B E R B A ) . A R AR R
Hlo

o FLAf A A HL SN T A SRR AAE
B, RIS 5 0 e rh o o g A s 2R T
BRI,

o NRIHEFAE ST Tl S R0z
(AR DCRC, RIAR SRR A RIS, HT
e VNSRS YN S Y & Rr - X VN
R

ARIE ] BT EsTEEMER S
FE S 70T M N B X AR B 0T &
GEHHTRE . HATZZ R HA 351409

(B RIAL 2% ) AL =BT TUA R TSl By
(Ab9) , RN 55 2294 2 Fn gl s fr AE
TN 27445 B EIR R A B R 2T
P LB T, M S R R I,
ABPHIZRGE, FEW N IR R MELTR.
T FRFEA RO G G A, 7T
Pl A BROEAE R, 285 NS BT R 5
AILASE T B R ZR TN SRk HE 17 5 S 7
USRI BUE R, M4 T A2 A 36
S, AT PAARAG 8 A A — 3 [T el [m] — B o7
TAEE . SRl FFE— e, 2 E—4
B 2 [F— A0 H S VS E A5 R,
KA VCEAR LR B s I R, B T B
BRI N o G DA AL == ORI AL 2% i 2E
Frfigeide NHERs , 85 i LA |l AL S 2%
R, AL EI3 ~ 4555 1% N, B
P T GO e N5 o DT T 45 R BT 7
fitr, ZCBUDCHE AL R, S0k A B B AT
ARG

6 &FiF

AR SR AR I 11 5% 22 1 T AN T Do 2%
TR FW NIRRT, o N AR T

R4 AMinerCS BERMEEIRS T

e oA KFRIH /A
A 1693 531 | PALLENg 3194 405
P 3194 405 Pt 5 A 9323739
C 3883
R5 BNSFWXATNEILRER
PR RR iR AUC
YL  20% 40% 60% 80% 20% 40% 60% 80%

NRL4PPR 0.853 0.855 0.855 0.854 0.800 0.801 0.802 0.803

(CPC)

4 REEEZRY

AR AL/ A, DR X 8 TR R/
MU HAt il A 2 (RS S 2 L JR T
(e It o SLBe 2R 2R W, ST AT LR
G M W A B AR, N A SRR ] A B
PEr 2O T R B

SEYi:

[1] KIPF T N, WELLING M. Semi—supervised

classification with graph convolutional

2020059-9



BIG DATA RESEARCH A#ifE

(2]

[3]

[4]

[6]

(71

2020059-10

networks[J]. arXiv preprint, 2016, arXiv:
1609.02907.

ZHANG M, CHEN Y. Link prediction based
on graph neural networks[C]// The 32nd
Conference on Neural Information Processing
Systems. [S.1.:s.n.], 2018: 5165-5175.

FAN S H, ZHU J X, HAN X T, et al.
Metapath—guided heterogeneous
graph neural network for intent
recommendation[C]// The 25th ACM
SIGKDD International Conference on
Knowledge Discovery & Data Mining.
New York: ACM Press, 2019: 2478-2486.
DONG Y X, CHAWLA N V, SWAMI A.
metapath2vec: scalable representation
learning for heterogeneous networks[C]//
The 23rd ACM SIGKDD International
Conference on Knowledge Discovery and
Data Mining. New York: ACM Press, 2017:
135-144.

CHEN T Q, GUESTRIN C. XGBoost:
a scalable tree boosting system[C]//
The 22nd ACM SIGKDD International
Conference on Knowledge Discovery and
Data Mining. New York: ACM Press, 2016:
785-794.

NG T W H, SORENSEN K L, EBY L T,
et al. Determinants of job mobility: a
theoretical integration and extension[J].
Journal of Occupational and Organizational
Psychology, 2007, 80(3): 363—386.

SCHEIN E H. Career dynamics: matching
individual and organizational needs[M].
Boston: Addison Wesley Publishing
Company, 1978.

CHIEN C F, CHEN L F. Data mining to
improve personnel selection and enhance
human capital: a case study in high—
technology industry[J]. Expert Systems
with applications, 2008, 34(1): 280-290.
JANTAN H, HAMDAN A R, OTHMAN
Z A. Knowledge discovery techniques
for talent forecasting in human resource
application[J]. World Academy of Science,
Engineering and Technology, 2009, 50:
775-783.

[10] LT L Y, JING H, TONG H H, et al. Nemo:

next career move prediction with
contextual embedding[C]// The 26th
International Conference on World Wide
Web Companion. [S.l.:s.n.], 2017: 505-513.
LIU Y, ZHANG L M, NIE L Q, et al.
Fortune teller: predicting your career
path[C]// The 30th AAAI Conference on
Artificial Intelligence. Palo Alto: AAAIL
Press, 2016: 201-207.

FeE ETEIEEEE R ST T SED).
P2z PEAL TR, 2018,

XU H. Understanding career mobility
behavior based on attributed graph
mining[D]. Xi’an: Northwestern

Polytechnical University, 2018.

(13] FEMGRE, Sl TRk, BRH AT BT 7E4

R E R AT PEBGEIZ, 2013,
1(8): 83-89.

DU P C, WU T, WANG C C. The knowledge
mapping analysis of the research areas
of human resources for science and
technology[J]. Forum on Science and
Technology in China, 2013, 1(8): 83—-89.
PEROZZI B, AL-RFOU R, SKIENA S.
DeepWalk: online learning of social
representations[C]// The 20th ACM
SIGKDD International Conference on
Knowledge Discovery and Data Mining.
New York: ACM Press, 2014: 701-710.
GROVER A, LESKOVEC J. node2vec:
scalable feature learning for networks[C]//
The 22nd ACM SIGKDD International
Conference on Knowledge Discovery and
Data Mining. New York: ACM Press, 2016:
855-864.

TANG J, QU M, WANG M, et al. LINE:
large—scale information network
embedding[C]// The 24th International
Conference on World Wide Web. [S.l.:s.n.],
2015: 1067-1077.

MIKOLOV T, SUTSKEVER I, CHEN K,
et al. Distributed representations of words
and phrases and their compositionality[C]//
The 26th Conference on Neural Information

Processing Systems. [S.l.:s.n.], 2013: 3111-3119.



APPLICATION

139

(18]

(191

SUN Y Z, YU Y T, HAN J W. Ranking—
based clustering of heterogeneous
information networks with star network
schema[C]// The 15th ACM SIGKDD
International Conference on Knowledge
Discovery and Data Mining. New York:
ACM Press, 2009: 797-806.

LU Y F, SHI C, HU L M, et al. Relation
structure—aware heterogeneous
information network embedding[C]//
The 33th AAAI Conference on Artificial
Intelligence. Palo Alto: AAAI Press, 2019:

4456-4463.

[200 SUN Y Z, HAN J W, YAN X F, et al.

[21]

PathSim: meta path—based top—k similarity
search in heterogeneous information
networks[J]. Proceedings of the VLDB
Endowment, 2011, 4(11): 992-1003.

TANG J, ZHANG J, YAO L M, et al.
ArnetMiner: extraction and mining of
academic social networks[C]// The 14th
ACM SIGKDD International Conference on

Knowledge Discovery and Data Mining.

New York: ACM Press, 2008: 990-998.

(1977- ), B TATAFEENZERASFEEP ORI TR, EERTFET AR BUFFHE.

i W28 R A 2T

I W28 R 2Tk

KRS EH: 2020-04-02
EEWE: ERAAREEESVIITH (No.1636207, No.61671157) ; EIETHAGIMERNZR AL JHHEESIH (No.2018569971904)
Foundation Items: The National Natural Science Foundation of China (No0.1636207, No.61671157), The Foundation of Shanghai
Municipal Commission of Economy and Informatization (No.201859971904)

(1994= ), S BRI SRR RORESE | L T B Rl 24 B SE g0 s oA, LR FS7 [ KL

(1997- ), B HREVF MR ARORE B . BT Bn Rl A T s se i a2k, FERTTE T A AR HL

2020059-11



	10-‰S
.pdf

