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Abstract

The effective processing and deep mining analysis of data can provide manufacturers with more effective production
scheduling, equipment management and other strategies to affect production yield and efficiency. The processing methods
and technologies of multi-source heterogeneous data in the manufacturing process were systematically reviewed. Firstly,
the multi-source heterogeneous data content and classification in the manufacturing process was clarified. Secondly, the
data processing methods and techniques applied in various stages of data collection, data integration and data analysis
in the multi-source heterogeneous data processing were described. And the advantages and disadvantages of various
techniques and their applications were analyzed. Finally, the multi-source heterogeneous data processing methods and

techniques in the manufacturing process were summarized. And the challenges and development trends were pointed out.
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TEFEAERE I AN 4 2R M RE 7 T P S T R4
SRR N
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T A 43 43 M 1 T G O U AR B P
FRAAE Bk R R A HE S, K AT RBAH 1
T U KL A B B 5 ol M AN R 5% T R AL
G, SRR IR AR 1 4
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FRRUN S AR R R, PR EE T E L
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A1 Y53 2 8 100 v 40 40, X PR A T
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RRGEIBAT AR LA _ L3RS TR Ur 12
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UG R A B A B En i B R I 4516

M7 A3 AT R I G O 7 o
TSz E A S, HiES T
a3 AT B o A S A0SR Y 57
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=2 VR BRI 7 0 T
43 3 BT R e M R 4T, T
IETEAT R 0 B HA R 2 P LRI A2 i R
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BT R 8% G M RFAE SR BT VA A T
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H AT RBE T (ARSI,
FHATUIE S B 4 AT P 5 R A A R R et s ol A=
PSR R AL BT T LR A
F T, 8 704 2R B 5 B 5 AR AL 478 SC I
IIHT I3 ATRNZ R I TS

3.31 XEBHH

R IR ATt 2 R IR T A R TCH
PR Z AR A B e, AT R R 2 [H]
RPN A e 55 55 o i T ) SR B AL U]
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TEANE IR, SR JE AR S e B (B A &
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UG I RF A D SN A = CA TN
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R B 35 S A 1) TR I — ), R L
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FIAR R /INFI S AR, F—List43 41 55 g f
frife, $EH T—FT R T Spark (4T
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o T ) 3 ol 2R 7= o R Y EUHE AT ok
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SPRINT, kSR FvEAE AR 7= 1 R e HE 77
T A 7 8 52 R o 1S B B T P e
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TR AT BRSO B SR 1 7 v, W AR
FET5 R AT T A o BT B, 2 A 1 3 Ml
AR TSI BRI T R ] — AL 2R AN [
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T FR AT AR S B AR N TR HE A S
BLES e SR AR TR, 38 3 7 1) 2 (R AR
AR TR ST BB . B AN, TE
7 i SR A I 5 43 A T T, R SR SR
FARE T IZ N o E1 0 3 ES FLIR e =
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BVRI A PAL A, e U B VI I R4 FL R v
A B (5 0 e SR & T HL AT AT
P T S WA LR Y 7 it 3 T R S5 A 1

PR 28 DR b, o £ I B A% B v 8
R RO 7 et R B RS TR o ARSI TR 1521
HE T — LT C4. 5P SR B 1y A2 7 i A
Jo R S AT A e e e H (R O R
SRR Z R 7 i R B R T B T
FHS Wi, BT R B X R 4 it R 1 v 7
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FET RN 53282 R P A
eIk P e SIWIIR S el v
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A LB BRI e R AR R 2R 1 4328 Ty
W, WK AT BT AR A A A
S T Ak BEEE A AN AR SR FE
REFEA AT R GEHR, 1F IR 21 HL U 11
T B i i S 43 SR SR I . B AT T4
M, BTN EEREAFEHC S
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B,

NITHERME (artificial neural
network, ANN) BAHTF>] | A4S
4R A, T8 AL BRASORT | A2 A, L
FRET I U S N 2 B T SR R
Hrp, A&+ (back propagation, BP)
e 225 9N 24 G0 T2 BT P 2 T 47 SR K
25 N BUECFA s 22 R4 T RS2 B 25, (5 iy
HY R pa) s R RE R A A B [y it (EL Pl I
WAL AR H ) 265 20 d A R [ (B A 4RF A5, BP
P22 W 28 ELAT IS (RIS L S B N\ R & i
DUk A FIRERIEY | SRANELEFAIS | %
FRFEENEO B RUR A BT IR B
BP I 45 #E 4T 7O, IITTSEEL T R
R A | R st FR U DU R ) HL A
SFHRETRL . 22 RHSSISR A1 S0(A k% —
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LN BP R W 45 AT B0, N R S 28
TR 57 7% d dEA T RSB TI0N] . BHseygtee!
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55 22 R IR TR B R 4 a5 A L 22 > ik
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G0 TR ORGP T TR A R i
A PGEAO921 5L 5 R R A ] 218 2R A i
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A2 5 H A B ARG &, WIRE S HER



STUDY R

69

M R 25 S5 M BELT O, T3
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AR R R AR, (B RGOSR Y T —
A5 FH Bl R GR0 0 IO 1) S R Tl L, 6 fh
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Aspect sentiment analysis based on
a hierarchical attention network
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Abstract

Aspect sentiment analysis based on deep learning is one of the hot spots in natural language processing. Aiming at aspect
sentiment, a deep hierarchical attention network model based on aspect sentiment analysis was proposed. The local
features of the text and the temporal relationship of different sentences were retained in model through the convolutional
neural network, and the emotional features within and between sentences were obtained by using the layered long short-
term memory network (LSTM). Among them, specific aspects of information were added to LSTM and a dynamic control
chain was designed to improve the traditional LSTM. A comparative experiment is conducted on the two data sets in
SemEval 2014 and the Twitter data set. Compared with the traditional model, the accuracy of sentiment classification of the

proposed model increases by about 3%.

Key words

deep learning, aspect sentiment, regional convolutional neural network, layered long short-term memory, attention
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