TOPIC &€&

87

SHE AT H AR TRY
SR RERRA

BINE, =, Tgﬁ %ﬁi\,;ﬁ"jﬂ:
PRI TR LR, BEPE PE2e 710129

=

CASSBE AR SMERTENRREED T3 THREVEL, IS ARSI AFENOB ITEITAAS
FiEsARFER SR EHE 1T/ dataflowmiEiE i, 5 Spark. FlinkE4UE R mISE LA R EUE
TR 2B, TERERTE L, WARIESIPEERTEFIUNEESEHR RN SR 2R
DNREENZIL), BERFREMRBNANERFER, ﬁﬂﬁ%ﬁimzf%ﬁﬂ@%%ﬁ% MEERRIER ALY
AEWAR, WHoD. &P NWEBE. DMIAULESIEERA TRANRR, METHSEMNERRU
SIS ?9%&Z%Eiﬁﬁ%%ﬁ%?ﬂ@%ﬁi%ﬁ%@%m@EB@@ﬁﬁ@’C%ﬁﬂ?ﬁ%ﬁi\—ﬁﬂﬁé%wgéo

XiEa
?ﬁjﬁ%mﬂiﬂ, %ﬁmzﬁ BE Kﬁi%
PEDIHES: TP31 NEAPRIRES: A doi: 10.11959/j.issn.2096-0271.2020026

State-of-art research of cluster resource
management in dataflow computing model
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Abstract

The development of cluster-based high-performance computing has undergone three stages of evolution. With the
widespread use of dataflow programming models such as Spark and Flink in the field of big data computing, how to
ensure the fair share with the cluster resources by various dataflow computing applications is extremely important. It is
also a main means to reduce the cost of infrastructures. As the drawbacks of traditional cluster resource management have
becoming increasingly apparent in dataflow computing model, many alternative cluster resource management, including
HoD, centralized scheduling, two-level scheduling, distributed scheduling, and hybrid scheduling management, have been
proposed in recent years. Their respective advantages and disadvantages were introduced, and a certain reference for the
uses or researches in development of cluster resource management and scheduling in a dataflow computing environment

was provided.
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