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Abstract

With the coming of the era of artificial intelligence, the value contained in big data has been deeply mined. But at the same
time, the privacy and data monopoly issues of users’ sensitive data, and fairness in algorithmic decisions have become
increasingly serious. In order to explore such problems, firstly, the development of data was researched, which reflects the
unique producing environment of data ethics in the era of artificial intelligence, and the unique properties of these ethical
issues were discussed. Then, the data monopoly, privacy disclosure and unfair decision-making were discussed one by
one, whose development status and challenges were analyzed. It is concluded that the essence of current ethical issues
is the non-transparency of data collection, data usage and algorithm decision, so that establishing the data transparency

mechanism should be an important measure to solve these problems.
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