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Abstract

Water environment numerical models are effective tools for the simulation, analysis and prediction of the processes of pollutant
transport and transformation in water. The development of high-performance batch computation of water environment models
has long been a hot topic. The distributed cluster computing mode based on big data technology is a promising approach for
massive data management and batch computation, which provides a viable solution to large-scale water environment
simulations. The adaptability of water environmental models under the framework of big data technology was explored,
and a distributed cluster computing mode for water environment simulations was proposed. Moreover, the feasibility of

adapting Delft3D model for cluster computing under Hadoop MapReduce environment was verified with real examples.
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