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Abstract

Industrial big data has become an important strategic resource for the transformation and upgrading of China’s
manufacturing industry, and industrial big data analysis is attracting more and more attention. As an important data
form of industrial big data, time series have a lot of quality problems, which is necessary to be detected and handled
effectively by designing data cleaning methods. The characteristics of industrial time series big data and the difficulties
of industrial data quality management were introduced. Then, the recent developments in the area of that was analyzed

and summarized. At last, the quality management method of temporal big data and the improvement direction of system

performance were put forward.
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