TOPIC @&

FAXRSERATRRER
JiEPRINA

| 1. PEBMEET R ARG, b 100190; 2. FEFRl Ak A, st 100190

{E

X

TP315 A doi: 10.11959/j.issn.2096-0271.2019037

Applications of academic big data in the process
of science and technology management

LIANG Ying', ZHANG Wei'?, YU Zhidong'?, SHI Hongzhou'
1. Institute of Computing Technology, Chinese Academy of Sciences, Beijing 100190, China
2. University of Chinese Academy of Sciences, Beijing 100190, China

Abstract

Academic big data is gradually recognized as an important data foundation for improving the level of science and
technology management. Status quo and characteristics of science and technology management informationization were
investigated at home and abroad, the development and applications of academic big data were summarized, and the
problems were analyzed in applications of academic big data in the process of science and technology management.
The needs of science and technology management application were combined, a technology management application
framework based on academic big data was designed, scholarly image construction based on knowledge graph and similar
author recommendation technology based on network representation learning were applied to assist in improving the
overall layout of scientific research and resources utilizing multi-heterogeneous academic big data collection. Effective

technical support for improving the efficiency of science and technology management was provided.
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