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Abstract

Edge intelligence (EI, which merges artificial intelligence (Al) into edge computing and deploys Al methods on edge devices)
is regarded as a very efficient measure to provide faster and better intelligent services, having been successfully applied
to various fields. However, current EI faces great difficulties. Firstly, a brief introduction to EI was given, and then, three
challenges in EI were summarized. Finally, current five research directions for solving the EI challenges were outlined. The
paper was expected to provide a better understanding for people who want to know EI, and help for researchers who study

EI to have an overall direction guideline.
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