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Abstract

The application of cloud computing and image processing technology has greatly changed the way of forest fire monitoring.
The forest fire monitoring system based on cloud architecture has shortcomings in real-time detection and image algorithm
configuration. In order to solve these problems, a forest fire monitoring system based on edge computing was designed. This
system adopts the edge computing method and uses edge computers or servers in forest monitoring stations to perform image
processing tasks of fire detection, which significantly improves the real-time performance of fire detection and early warning.
On the other hand, the system introduces a function module for algorithm reconfiguration, which facilitates the iteration and

update of the algorithms, reduces the cost of system redevelopment, and further improves the practicability of the system.
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