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Abstract

For the air quality monitoring station, it can only be deployed in a few locations and cannot obtain the air quality information
of each location in the city. An air quality estimation algorithm based on active learning and Kriging interpolation was
proposed. Firstly, Kriging interpolation was used as the basic air quality estimation algorithm. Secondly, combined with the
idea of active learning, the position-first sampling with the highest confidence of the model was searched. Finally, an interpolation
model based on active learning was established to select the least position-to-air quality. Sampling was performed to maximize the
accuracy of air quality at other locations. The results show that the proposed algorithm can effectively improve the accuracy of air
quality estimation, reduce the number of sampling stations and reduce the deployment cost.
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