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Abstract

Program trading behavior in A-share market has been systematically analyzed based on the Shanghai Stock Exchange’s latest
trading data and a feature indictor system has thus been built up for characterizing and classifying the program trading in
the market. Furthermore, based on the deep learning technology, the A-share program trading intelligentized recognition and
classification method, DeepEye, has been proposed, which enables program trading behavior in the market to be recognized
and classified. The accuracy of the pilot implementation got about 70% which verified the feasibility and effectiveness of the
new method. The proposed method can serve as an auxiliary measure to existing investor portraits and behavior supervision

analysis for market regulation and can be a reference for improving the existing program trading regulatory rules.
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