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Abstract

With the wide application of bar code, two-dimensional code, RFID, industrial sensor, automatic control system, industrial
Internet, ERP and CAD/CAM/CAE techniques in industry, a large number of data related to industrial production are
collected and stored in information system in real time. Analyzing those data can help to improve the production techniques,
optimize the production process, reduce the production costs, laying the foundation for intelligent manufacturing. Therefore,
the industrial big data analysis has drawn much attention of both industry and academia in recent years. Models and
algorithms are two core issues of big data analysis theory and techniques. The concept of industrial big data analysis was
introduced, and the applications of several popular models and the research results of the corresponding algorithms were

reviewed, and future research directions in this area were explored.
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