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Abstract

Study on the relationship between the chronic disease and the corresponding complications has great theoretical
significance and applicable value for patients and clinical medicine. In order to utilize healthcare electronic record more
reasonably, preprocessing was needed according to prior medical knowledge for chronic disease complication. The
challenge of this work is that medical knowledge should be exploited to label the corresponding complications. To meet
these challenges and assist physicians in labeling complications of a target chronic disease, a semi-supervised chronic
disease complications clustering algorithm based on ICD-10 code for diagnoses was proposed. Experiments on a real

dataset of diabetes electronic healthcare record show that the algorithms are practical and effective.
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