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Abstract

In view of the increasing fraud risk and long-term liabilities appearing in the field of internet finance, the healthy development
of the industry has been severely affected. The challenges facing the internet financial industry were analyzed in detail.
Based on distributed architecture design and API calling technology, a shared ecosystem between industry organizations
was designed. A social network knowledge graph for a financial scene was proposed. The anti-fraud risk control system was

designed. The industry’s anti fraud ability was promoted.
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