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Prediction method in distribution transformer
heavy and overload supply areas with
relevance analyze and machine learning
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Abstract

Aiming at the heavy and over load issue in operation of distribution network, a heavy overload forecasting model to achieve
short-term forecast of heavy and overload events was established. Using the actual data of the business system, the proposed
method was validated. The results show that the proposed method can describe the heavy and overload events more
systematically and comprehensively, and the heavy overload forecasting model based on association rules performs well in
the hit rate and accuracy rate. This method provides a new technical means that has certain practical value to enhance the

distribution network management which could be seen as important experience of attempts in grid big data as well.
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Application of FinTech in internet
financial industry risk prevention

HU Pengfei
Zhicheng Credit Service Co., Ltd., Beijing 100022, China

Abstract

In view of the increasing fraud risk and long-term liabilities appearing in the field of internet finance, the healthy development
of the industry has been severely affected. The challenges facing the internet financial industry were analyzed in detail.
Based on distributed architecture design and API calling technology, a shared ecosystem between industry organizations
was designed. A social network knowledge graph for a financial scene was proposed. The anti-fraud risk control system was

designed. The industry’s anti fraud ability was promoted.
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