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Abstract

How to efficiently store big data and support real-time big data processing and analysis has been the most critical issue in
the development of big data technologies. Recently, new storage media such as phase change memory and flash memory
provides new opportunities for developing an efficient framework for big data storage and management. Based on the
challenges of efficient storage and real-time processing in big data storage and management, storage class memories were
focused, which were represented by phase change memory, and the state of the art of new-storage-based big data storage
management was discussed. Finally, some future research directions for new-storage-based big data storage management

were proposed.
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