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Abstract

In order to achieve and exam the unconstrained demand data related to each customer in real time and dynamically
from both internal and external data resources, including structured and unstructured information, a big data warehouse
framework for demand unconstraining estimation in revenue management was proposed. After that, the challenges in
unconstrained demand knowledge mining, as well as the process of development and application of business intelligence

analysis tools for demand unconstraining estimation were discussed.
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