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Abstract

Airport and flight recognition are the typical remote sensing applications. For the big optical remote sensing data, deep
learning techniques for airport and flight recognition have been studied. To this end, a seconds’ response airport and
flight recognition system for optical remote sensing data was built. To obtain effective deep learning model with limited
labeled samples, transfer learning approach has been employed. Prior knowledge has also been explored for efficient
object proposal. To achieve real-time performance for such recognition with “large region and small targets”, a cascade
framework of deep networks has been proposed. The results of experiments show that, by the proposed deep learning

approaches, significant improvement on recognition accuracy could be achieved with seconds’ response.
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