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Abstract

Imaging capability has been greatly improved along with the development of remote sensing technology, the image
information extraction based on deep learning raises to a new level, and cloud computing makes it possible of processing
satellite imagery of big data. These three technologies activated the research on the expected potential commercial and
military value, many research institutions joined the strength competition, and attracted a large number of venture
capital. The potential value analysis and application based on satellite imagery of big data were summarized, and the next

possible technological breakthroughs and the future direction of development were presented.
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