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Abstract

MicroBlog is a typical short text data source for event detection. Because of diversity, sparsity and debris in MicroBlog
content, using existing event detection method is ineffective, and the event spatio-temporal information is inaccurate. To
the end, a dynamic context window algorithm was proposed, improved the efficiency and precision of event detection
of foodborne diseases based on MicroBlog. Moreover, an algorithm was developed which can get spatio-temporal
information from MicroBlog more accurate. Finally, extensive experiments on event detection of foodborne diseases show

the proposed method can help to expand the data source and improve the accuracy of time and space dimension.
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end for
for j=1 to P do
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end if
end for
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A= J && B=O
if A, eC
Location = A,
end if

end if

return Location
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