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Abstract

The technical characteristics, tasks, and difficulties of data mining in big data era were introduced. The system
architecture of large-scale data mining was analyzed. Then, the developed FIU-Miner which is a fast, integrated,
and user-friendly system for data mining, was introduced. FIU-Miner supports user-friendly rapid data mining task
configuration, flexible cross-language program integration, and effective resource management in heterogeneous
environments. Finally three successful real-world applications of FIU-Miner: advanced manufacturing data mining,

spatial data mining, and business intelligence data mining, were presented to demonstrate its efficacy and effectiveness.
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Explore House Property - Actions

job group: property analysis job name: explore house property
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