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Abstract

To meet the growing data demands of Al systems, Al-Ready data has become a key focus area in current Al
development and has received high priority from governments worldwide. Among these, the U.S. National Institutes of
Health (NIH) has taken the lead in building Al-Ready scientific datasets. A systematic study of its approach can provide
valuable reference and guidance for the construction of high-quality scientific datasets in China. Employing web-based
investigation, content analysis, and case study methods, this paper systematically introduces NIH's data policies and
funding policies, the flagship datasets of the Bridge2AI (bridge to artificial intelligence) research program, and the
development of Al readiness frameworks. Furthermore, drawing on the practical realities of high-quality dataset
construction in China, it distills beneficial experiences and insights, including improving the policy system, establishing

standard systems, and building a talent support system.
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