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Abstract

With the breakthrough progress of large language models (LLMs) in natural language understanding and generation,
leveraging artificial intelligence to assist legal document drafting and judicial reasoning has emerged as a pivotal
direction in legal Al research. However, existing methods applied to courtroom simulation tasks still face critical
scientific challenges, including incomplete legal information acquisition, strong structural constraints of legal texts,
uninterpretable judicial reasoning processes, and difficulties in modeling complex multi-stage court procedures. To

address the aforementioned challenges, this paper proposes a role-driven, multi-stage court simulation framework
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(AgentCourts), which aims to effectively alleviate information gaps, improve the standardization of
document structure, enhance the interpretability of reasoning, and optimize trial process modeling.
Specifically, our method first employs a multi-turn dialogue-based information collection mechanism to
incrementally extract key case elements, formulating complaint generation as an information extraction
and integration problem; second, it adopts an adversarial legal text modeling strategy to generate
defense statements that semantically respond to the plaintiff's claims; third, it explicitly models the civil
trial workflow, including court session initiation, evidence investigation, debate, mediation, and
judgment deliberation by introducing evidence-driven reasoning mechanisms; finally, it transforms legal
document generation from "free-form generation” to "structured template filling" under template
constraints, while invoking a legal article retrieval interface to enhance the accuracy of legal applicability.
Experimental results on the CAIL 2025 Courtroom Simulation dataset demonstrate that the proposed
method consistently generates legally compliant, structurally standardized, and logically coherent
documents, achieving superior performance across three subtasks (complaint, defense statement, and
judgment generation), thereby validating the effectiveness and practicality of multi-stage modeling and

template-constrained generation in judicial scenarios.

Key words
courtroom simulation, large language models, legal document generation, multi-agent collaboration,
template-constrained generation
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PRFFERE I AN 2B S,

A 2 I AT T IR A A, B 712850 MoE
B, TR AR M E S R T OCb e
T [ A S U AT S B, FE R S o
SEAT55 T T
— R AU L AT AL, A AR A S
PHESS AT Tt

TR A I B2, Bl i R
BEZ5TLE (£2) MK, ST
“EHART B B R — RS
BREA LT (BFHERFRRIFENIA
Wis R B e E it ), JFIRIE S — W
System Prompt B4 i &304, FHEZk
AR NAR TR 2R A ERE
(MIC) . &3 & i e R A& HL (ECPM)
R A AR (TCG) M, Xk
BEERIL: ERSEmARMET, R
EE ) 45 4 P HE S B8 A /R R P A AR B

B RAE Z o m A SS HIA E o

3.4 BYIRE

(1) ARAARESHIE

Jir A B SR K AR SO T I IR
FRSEH HT APL 82 O SUbR L e
M55 BEATI A, AR B S HOHAT (AT
AW SRR 3 RARTE
Qwen3 %415 DeepSeek F A AL i fif
HAHBYH M DeepSeek BT IFHFEG
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P Kimi #8458 Moonshot Al &
VM At EEMRR LexiLaw 5 DISC-
LawLLM 4350 >R FI 2% # JIR 55 % #4058 o
T 1 SR IS E A 6] A X 2% 558 5 91 4 BiR A
PAT, DAY B A5 G 25 e Ok (I HE R
HRZE

(2) BRI —BH

ARSI X L A S, BT B2
T 45 5% F 5 — B AR AL AR R A AR o 1%
AR LB DA ER 47

® fEILE . WIFIBIAR T R
T ok AT ffa

® (LA WM E AR HR (A
“THIRIE LN R R R ER YRR ).

® MR . BIERERETY L JSON
re =t JRA T B
{"plaintiff": "...", "claims": [..]1}) o XTI
RS AR JSON k=0 AL, AR E
Ab PR B S AT, o AT O IO % T4
Fridh 0.

® VFEARIRM (Few—shot): P
HILE Prompt HHRA T 1-2 PARHERTE

AL AR B, LSS R =

(3) &mes#

T R385k ) — BN AR R 2 4L
& (Temperature) %N 0.7 D461
EESHEM, Top-p AN 0.9, mA4
BB (Max Tokens) #4096, *fF
W BR S LS, A RIS 1 s i
fEA SRR TR AN A R T (A
TRE) BUET WA AR A, ARSI ¥
U st 1) 24 7 T S AR AR 1 DA OR v
SRAMERRE

3.5 TWEHERRS

/S R oo 110 5 Y i N A /3 S < |
AgentCourts HEZLFE L ERL 5L S
ARSI AR, ALY
I FE U #7438 R A 2 A4 s A R A
TIELZEAE CAIL 2025 % 4E Rk fraf bt
& HE LAY R HE J7 BOAS B R &
P, ARSI IR RS R ] DeepSeek—
V3.2, SLIERANG 2 iR,

R2 ELHXLE(%)

YRR EREARAE L A

el CDh- Ch- DD-  DD- Cl- Cl- Cl- Cl-

DOC FOR poC FOR REA LAW JUD  PFS

gqwen3—max 44.35 72.85 3398 3598 20.68 14.03 27.09 43.25
qwen3—235b 43.19 69.03 32156 35.05 1529 1236 24.62 39.25
gqwen3—next—80b 41.08 64.12 29.09 34.28 1237 878 2348 34.80
qwen3-30b 40.34 60.65 28.63 32.15 10.68  6.49 2069 32.29
DeepSeek-V3.2 47.03 78.66 36.55 3879 3212 2372 3211 44.14
deepseek—v3.2—exp 45.36 76.44 35,67 3855 26.35 16.79 2861 43.09
kimi-k2.5 42.42 67.26 3045 3346 1946 13.06 25.33 41.32
LexiLaw 12.42 2211 15632 16.42 3.34 1.38  14.32 14.18
DISC-LawLLM 15.76 30.08 1739 18.03 598 469 16.07 16.51

AgentCourts 81.25

100.0

61.02 67.08 8287 7997 76.77 98.75
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M 2 LA g B DL,
AR HIHY AgentCourts T3 ¥EFE A PR
fEbr L3 R FT A M ETRATEF B,
R 51E H R PO REE R, RS
W B ARE PRk — PR T U7 B A S
o B, NTRAAME BRI, R’
YRR 5 & B 005 S 15 4 (CD-
DOC 5 DD-DOC) 43 #lik#| 81.25% 5
61.02%, WWEm TREHEE, RPZRGE
SORENLHIA S Ab & 7 R B2, Hak,
EFRE SCAR S5 A R 2 H R R, RAGE A B8
7843 (CD-FOR 5 DD-FOR) 4351k F
100% 5 67.08%, FBAARAR 2 5 4= i o i
RETEAS R RSO B RS HTE; Bk, KT ]
L RN AT R (R, B AR R
(CI-REA) 5 ¥ & 51 M #E# t (CI-
LAW) 7332+ % 82.87% 5 79.97%,
PRI T IE 4 BX 2 4 AL G AR 5 02 AR T
BT EMIER s &a, AN TEZREST
i X DA g A () 8, R G A5 4 (CL-
PFS) #ik 98.75%, im#leeminy, 16iF
T 2 AR AN ] AR LY I P AR
RE1 . LSRR, ASCTTE BRE R
SERTHERAT A BRI, (AFE_ LR PY SRR
SEHL T 3 I R S S (A 2% i

A 40 IR A A B g R RT LA
LexiLaw 5 DISC-LawLLM fF & {5 ¥ _F
BERENRTEHOESEE, #—540
MrREL, XEEHI 2T HIET Ak
REAAE, M2l THEAESRMESTIE
SRR S M MR e E ., A
RIS, EAESS Y, PRI R A 5 Y
FERG A% IR A AR S gs R, —
B AR SR UER (40 JSON 4544 £
RECFBEES ), TR P TG R AT 1% 2
8, IOt NG . X —HLHI 2L
TESRAT RO E ML RE LT, B (R
BB B FERAL, ZIREN, B

B BRI B BEa—E %, HE
EiRZnmBUES T, HIEF 25
SEFAL A R T R PR

N T =P R HE SR A AL O A 1
AR, AL TSR, mET
DL DY 0 B A AR M A0 B B k1T T
(1) Full Model: SE#HEZE; (2) Base
Line (-All): % & v A % & #& e (MIC,
TCG, ECPM, EDR), {UfRBKEKIEF
BERH) H B AR RE T . L B T IR HE
ZEa R AR R EIRIEF s (3) Info-
Struct Combo (-MIC & —-TCG): fE#F
R/ EFERAEM I B, N IRGEERES
BRI, A T5uE “sh &4 5

B 5 “EBASEHAER” PrE TER S
M 3  (4) Reasoning-Flow Combo

(~ECPM & —EDR): fEHFA LM B, [
I B 3 A . A A SR S A B B . i
HEMRTRIE “BFENL (W) 7 X
“SLURIE S (HEEL) 7 RIS . THRRSC
s ]k 3 s

& 3 MYV Rh S 5 RE W R R T &
LG AR R A DTBR . R VRIR AR AT 55
RS B MIC 5% CD-DOC T4 25%
(81.25% —> 56.32%), MM TCG &
#F CD-FOR T & % 20% (100% ->
79.68%) . AT, % [F W MIC
TCG (-MIC & —=TCG) H, CD-DOC f
CD-FOR 435l % ¥ % 48.15% F1 42.30%.
EERTEENZ, A6 ERENEEHRL
(FH*FF Full Model) 378 ¢ F B A A e 37
R MM RS m, fa, EkE
PE b, LS, MM TREYN 20%
+14%=34%, {HSLFRTFERER 60%, X3
Y, A5 R BRI T 42 A T HE A 1
CRELLE”, TR Z) R R RATE TE R
FAEME B, WER R T B8 0 R
o BRAME—IRTT, B — IR RUR A
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R HRISEHENEE(%)

FEYRIR A BRERAER R
SEEGTLE Ch- CD- DD- DD- Cl-

boC FOR bOC FOR CI-REA L CI-JUD CI-PFS
AgentCourts(Full) 81.25  100.0 61.02  67.08 8287 7997 7677  98.75
- MIC 56.32 86.17 4688 5172 7668 7236 6425 4693
- TCG 76.26 7968 5506 4328  81.06 7891 7506  50.19
- MIC & - TCG 48.15 4230 3921 3514 - - - -
~ ECPM - - - - 7836 7508 7147 9218
- EDR - - - - 42.82 2563 4066  97.92
- ECPM & - EDR - - - - 3514 1825 3241 8356
— All (Base Only) 42.10 3855 3398 3598 2068  14.03  27.09 4325

SF Gz BT S R R A Ik
AR S5, BROMURE B IE % 3K B
(-EDR) SEi# iie (CI-REA) KIE
TH (82.87% —> 42.82%) , it WHIF 5 2
HEBL RO o SRTAT, 25 [ IR B vt R A A
(-ECPM & -EDR) K, CI-REA #t—#
ez 35.14%, HymfBiEE & (CI-PFS)
e 88.56%, X —&E RN, FIE i
AR AFAE , TS A0 B T 405 i 1 JE By
BE (g i A B BER UGIE SR, BEEF B
JRAE) o WA ECPM #24L 1 i Btk B
TIChRIC, EDR A DL & A0S 1R
JE D S I AL B AR S, §5
PR FL . XFh TR MR RS SR
AT S T A JE Y R N T R T T
BEER PN E . XTE “Base Only” (B[
SEeRBRITARE, FFTEH AR E
HAR) 5 “Full Model”, AILAEF|4T7
AL PERE R . FRAEAE CI-LAW (3545
51/H) f1 CI-PFS (Jif#fg) b, 28
Mo 60 AN H 4 . XOUE LT
AgentCourts JEAETa A B e ER , 1042
T A 0 9K By FRIR 2 A% 3 DA £ SR R
BRI (38 B B e AL o Bk A
WL . SR E “EREME—EH
MVE— IR R IR ] — B R 85 4% FERIR

M, HEA T — A & AR AR
A5,

wIE, AT RIEARITERNZ AR
e, ARLief AgentCourts HEZRAE
R F A A e P T AN [] 18 266 e R 7 A
BB, WHR R EAS CREAHT iR
TR . LEEE T Qwen3 R4 Kimi
G2 MIRR R Ry B, R H R AKE
RHTE MR 7, A st e 45 S an
£ 4 iR,

x4 W E LR SR LN,
AgentCourts HEZREA R I i #51 T6 K
5 rERE. oI EAETRE SRR R
M awen3-235b it /& # & 4L [ qwen3-
30b, ¥ A AgentCourts HEZ )5, HE%K
WA LSRR RIS T RE HiEED
HeTF. B, 78 qwen3-max HJE F, HE
A YA M (CI-JUD) M 27.09 42
FFZE 73.19; ££ kimi-k2.5 FE E, HmA
A% B (CI-PFS) M 41.32 #£ 7+ %=
93.28, X—&5 JIEI T A SCI Y 2 B
J AL 5 AR 24 TSR W T AR AR T A T A Y
N SEL, TRy —FuE 7728,
RE A5 A 250 BE A [F] 2R A 1 KB A, fef
L e i N R S AL TE S B g
BOR, BAT ZREANE S 5.
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T4 ZACXLESERI(%)

YRR EREIRAE L TR

T
CD-DOC CD-FOR DD-DOC DD-FOR CI-REA CI-LAW CI-JUD CI-PFS

gwen3—max 44.35 72.85 33.98 35.98 20.68 14.03 27.09 43.25
AgentCourts 79.82 93.46 59.03 66.01 78.45 76.22 73.19 96.14
qwen3-235b 43.19 69.03 32.15 35.05 15.29 12.36 24.62 39.25
AgentCourts 78.68 91.39 57.63 64.38 73.90 74.63 70.41 94.32
qwen3-next—80b 41.08 64.12 29.09 34.28 12.37 8.78 23.48 34.80
AgentCourts 76.48 88.67 55.37 62.39 68.38 73.12 68.36 93.49
qwen3-30b 40.34 60.65 28.63 32.15 10.68 6.49 20.69 32.29
AgentCourts 75.36 86.55 54.39 61.02 61.19 70.18 62.18 91.28
kimi-k2.5 42.42 67.26 30.45 33.46 19.46 13.06 25.33 41.32
AgentCourts 76.92 90.48 56.37 63.41 73.55 75.69 69.11 93.28

ik — A B IE E B A 25 AT SR
ARSCANFEIF R T AN TG S8 . BRT R,
BAT LT PYAS 2 B 3 A e S B 722
woros (1) FH L — B M (Fact
Consistency) : Al 42 BN 252 15 5 &A1
LU AR5 (2) B E
HHE (Legal Reasoning) : P Af A HE
P PR S FE AR B R T A S
(3) 3L 45 # 8 1 (Structural
Compliance) : Al £ gl SC B 2 5 & bn
WEEASCERRER, (4) IEFRE A&
(Language Quality) : FEA SR IR 5
PR PEMES LM, R AR OTE,
RIHIE T 34 B AL I 5 i Al
HEL 54, HP a2 2k m L e
£ (BERBRACEEFEER) R14EA
EIRFRSS 22 At PR 9 N NS O T SR e i
HEWES I mE ST, X EEHLA
BRI A B AT B 4T 4 (PR Y5 h
1-1041), RAERBCFHME LT
e, N LIRSS RaE 3 iR

NEEIRFEHRE , ARILTTHEAENY 4
R RERTREER, BRNS, 7
AT AT b, RSO U A
T, X A AR TR £ R AR R B

HISIN, (EAG AR B PN AR 24 2 T A
BRECHHNE; AR R AT,
ASCTT I FRER B I R ATE, B2 B
B s A5 55 3L 47 B 2y $fE B AL RE A5 G AR T
B R E TS A EREL—E
PEAERE I, BB Z AR RESRE
SERALE, RO T RS s S v 2R
U RS FRA T, BRI
CR&—@EmRETT, (AR AL
P DT A RRERTT . EAER
M, NTIHE SRS BEhirbfais (I
DOC. REA %) fEHRES AR —2L,
XU T 4L T BT ORI L H 3
BT IEAE AL 55 R St S R

4 &g

IRSCER R L ET A A LA RE 7R ¥ E AR
PME 55 H T e A5 SRR e 8 | S0 45
ML AR AR | AR N AT R I E o I AR
EMEER A, BT —MET 2R
BB AR M B 5 A AU 5 B A D45 AR T ¥
(AgentCourts) . %7y ¥ f K S Ay
Z B, LT MMEERE. FH
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Human Evaluation Radar Chart
Legal Reasoning

Language

—— AgentCourts
—— Baseline

3t Gonsistency

3 ATWHLER

S ) A e Pty s AL R, R
TRERBESEMAMIEIE, BEUGE
THEE A AR S R AR L LR
T, BRATE T 2806205 B Rl BUL
DABRIR SR B R e 8, R AR 20 o 26 %
R R P SO AR ZUYE, IREI RS IK BN
i HL 5 K A 2R 0 A 3 1 AT R
SRl . #F CAIL 2025 ##a4E F Ay s
GERFH], ZITBEAERYTIR . B APIR A
AR EAFES E B ERT R AOE
FREELZ, R T £ W B S AR
TR WS TE TR S R A S S S
N AR R TR IR B R
RO AR SC T3 VAR 5 AU 55 TR B
TRFRRE, AL L) RS Sk
23], AR LA EELEFELLT LA TT
W EOL, AN MR EERAETRE
—HRRE R, T RIEERY R E
H,THEEZRAMERG R, WdE
SRR PRI A, B — B IR TR
Z AR HR, B RAiE

EAERLALA], 5T FIR S5 S5 BRI 5 AR
TN 2 IR AR B 0GR I LR S AL B RE
BEAk, ERRR ALY AL, B Fean
R AR 7 8 To b S n B DA Rk B TR R
, WR A TR RER Bl R et 16
BAEME R T EBE . k& AR EAE—
ANTEANEGE . A E B A N A Gk
ARG, ARREHE B,

BEH

(VR /N AP 5/ S R JUR/ER SR [ N B RN
MR ILINT. AR #BER,2022-12-10(004).
Opinions of the Supreme People's Court
on Regulating and Strengthening the
Judicial Application of Artificial Intelli -
gence [N]. People's Court Daily, 2022-
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(20 B 2 B2 Bk W AT WA B A
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Social Sciences. Rule of Law Blue Book



16

BIG DATA RESEARCH K

(3]

[71

(3]

191

(2024) [R]. Beijing: Social Sciences Aca -
demic Press, 2024.

et AN RBUR . LA T RBAE 3E 7] 32 d7 ) 30
RAk[21.2025.

Beijing Municipal People's Government.
Promoting the Modernization of Judicial
Adjudication with Artificial Intelligence
[Z]. 2025.

PR, AR, s A BT 2 AR R
B A SCAR B A T (0] )P RS S AR (H
SRBHENR),2025,50(06):1304-1319.

Yao Linbo, Zhou Yulin, Huang Ruizhang,
Method judicial

et al. of generating

document reasoning based on multi—

source data fusion [J]. Journal of

Guangxi University (Natural Science
Edition), 2025, 50(06):1304-1319.

AR SCAS, NG 5l A R BB AR | i A A
FY R 15 R (0] LA S N T4 E,2025,(01):
269-274.

Shao Wenjie, Sun Zhipeng, Zhang Chong.
Application and Reflection of Artificial
Intelligence in Judicial Trials [J]. Law
and Artificial 2025, (01):
269-274.

Chen G, Fan L, Gong Z, et al. Agent-

Intelligence,

court: Simulating court with adversarial
evolvable lawyer agents[C]//Findings of
the Association for Computational Lin -
guistics: ACL 2025. 2025: 5850-5865.

He C, Hu H, Li Y, et al. A survey of

large language models for legal tasks:

Progress, prospects and challenges[J].
Computer Science Review, 2026, 60:
100906.

Deng C, Mao K, Zhang Y, et al. Enabling
discriminative reasoning in llms for legal
judgment prediction[C]//Findings of the
Association for Computational Linguis -
tics: EMNLP 2024. 2024: 784-796.

Zhang L, Ashley K D. Mitigating ma -
nipulation and enhancing persuasion: A

reflective multi—agent approach for le -

[10]

[11

[12]

[13]

[14

[15]

[16]

[17]

gal argument generation[J]. arXiv pre -
print arXiv:2506.02992, 2025.

Nigam S K, Patnaik B D, Thomas A V, et
al. Structured legal document genera -
tion in india: A model—-agnostic wrapper
approach with vidhikdastaavej[J]. arXiv
preprint arXiv:2504.03486, 2025.

Kondo R, Matsuoka R, Yoshida T, et al.
Capturing Legal Reasoning Paths from
Facts to Law in Court Judgments using
Knowledge Graphs[C]//Proceedings of
the 13th Knowledge Capture Conference
2025. 2025: 103-110.

Chalkidis I, Androutsopoulos I, Aletras
N. Neural legal judgment prediction in
English[C]//Proceedings of the 57th an -
nual meeting of the association for com -
putational linguistics. 2019: 4317-4323.
Aletras N, Tsarapatsanis D, Preotiuc—
Pietro D, et al. Predicting judicial deci -
sions of the European Court of Human
Rights: A natural language processing
perspective[J]. Peer] computer science,
2016, 2: e93.

Zhong H, Guo Z, Tu C, et al. Legal judg -
ment prediction via topological learning
[C]//Proceedings of the 2018 conference
on empirical methods in natural lan -
guage processing. 2018: 3540-3549.

Dina N Z, Ravana S D, Idris N. Multi—
Label Classification on Legal Judgment
Prediction Using Legal Bert—Label Pow -
erset[C]//2024 16th International Con -
ference on Knowledge and System Engi -
neering (KSE). IEEE, 2024: 213-218.

Xu N, Wang P, Chen L, et al. Distinguish
confusing law articles for legal judg-
ment prediction[C]//Proceedings of the
58th annual meeting of the association
for computational linguistics. 2020:
3086-3095.

Yang J, Ma W, Zhang M, et al. Legal -

GNN: Legal information enhanced graph



XXXX XXXX

17

[18

[19]

[20

[21]

(23]

[24]

neural network for recommendation[J].
ACM Transactions on Information Sys -
tems (TOIS), 2021, 40(2): 1-29.

Sukanya G, Priyadarshini J. Modified
Hierarchical-Attention Network model
for legal judgment predictions[J]. Data &
knowledge engineering, 2023, 147:
102203.

Zhang Y, Wei X, Yu H. HD-LJP: A hier -
archical Dependency—-based legal judg -
ment prediction framework for Multi—
task learning[J]. Knowledge—Based Sys -
tems, 2024, 299: 112033.

Feng Y, Li C, Ng V. Legal Judgment
Prediction: A Survey of the State of the
Art[C]//1JCAL 2022: 5461-5469.

Fei Z, Shen X, Zhu D, et al. Lawbench:
Benchmarking legal knowledge of large
language models[C]//Proceedings of the
2024 conference on empirical methods in
natural language processing. 2024: 7933—
7962.

Zhou Z, Shi J X, Song P X, et al. Lawgpt:
A  chinese legal knowledge—enhanced
large language model[J]. arXiv preprint
arXiv:2406.04614, 2024.

He 7, Cao P, Wang C, et al. Agentscourt:
Building judicial decision—making agents
with court debate simulation and legal
knowledge augmentation[C]//Findings of
the Association for Computational Lin -
guistics: EMNLP 2024. 2024: 9399-9416.
Liao H J. Design and Evaluation of a
Courtroom Examination Al Simulation
System with Behavioral Fidelity[C]//
Proceedings of the 37th Conference on
Computational Linguistics and Speech

Processing (ROCLING  2025). 2025:

{EE BT

[25]

[26]

[27]

[28]

[29]

[30]

[31]

[32]

20-28.

Chun J, Elkins K, Lee Y S. AgenticSim -
Law: A Juvenile Courtroom Multi—Agent
Debate Simulation for Explainable High—
Stakes  Tabular Decision Makingl[J].
arXiv preprint arXiv:2601.21936, 2026.
Wang X, Wei J, Schuurmans D, et al.
Self—-consistency improves chain of
thought reasoning in language models[J].
arXiv preprint arXiv:2203.11171, 2022.
Du Y, Li S, Torralba A, et al. Improving
factuality and reasoning in language
models through multiagent debate[C]//
Proceedings of the 41st International
Conference on Machine Learning. 2024:
11733-11763.

Yang A, Li A, Yang B, et al. Qwen3
technical report[J]. arXiv preprint arXiv:
2505.09388, 2025.

Liu A, Mei A, Lin B, et al. Deepseek—-v3.
2: Pushing the frontier of open large
language models[J]. arXiv preprint arXiv:
2512.02556, 2025.

Team K, Bai T, Bai Y, et al. Kimi K2. 5:
Visual Agentic Intelligence[J]. arXiv
preprint arXiv:2602.02276, 2026.

Li H, Ai Q, Dong Q, et al. Lexilaw: A
scalable legal language model for com -
prehensive legal understanding[EB/OL]J.
(2024).  https://github. com/CSHaitao/
LexilLaw.

Yue S, Chen W, Wang S, et al. Disc—
lawllm: Fine—tuning large language
models for intelligent legal services|[J].
arXiv preprint arXiv:2309.11325, 2023.
JARBR(1997-) , 55, W 7R3, TR FE 7 17
N AR AT 5



18 BIG DATA RESEARCH K

Rkt (1980-), 5, #d%, FEWATFOERE . KEES%.

- -
v, v

Wi B HA: XXXX-XX-XX

e BIE1EE: £k, ybain@.gzu.edu.cn
, . EEWE: FEFEAT LRI HQ023YFC3304500); N4 RIF#H AR ST ORI H

BRHEE R IIE(2024]003)
Foundation Items: The National Key R&D Program of China(No. 2023YFC3304500), The key Technology R&D
Program of Guizhou Province (No. [2024]003)



