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Abstract

With the continuous expansion of log data in various industrial fields, the pressure of storing these data has become
increasingly significant. The latest log-specific compression method utilizes log templates to parse logs into fine-grained
storage units and applies heavyweight compression algorithms directly to the data, thereby reducing the storage cost of
logs. However, this compression process introduces higher compression latency. Through observation and experimental
analysis of the data in the fine-grained storage units, some typical characteristics, such as local increment and local
repetition, are discovered. Based on these features, a feature-interval-aware encoding method is proposed. This method
applies lightweight encoding that aligns with the data features to process the data in the fine-grained storage units,
followed by compression using heavyweight algorithms. The experimental results show that, for Entry-type data, the
compression ratio of the local feature-aware encoding is close to that of global RLE and slightly lower than that of global
Delta, while achieving a 38% improvement in average compression speed. The advantage of this method lies in its

effective utilization of data features, reducing redundant data through lightweight encoding, and lowering overall
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compression latency.
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